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Preface

In the last decade, China has rapidly ascended to a position as a worldwide leader in terms
of R&D funding, scientific publications, and patents. In particular, the Chinese government
has given high priority to the research of new medicines, reflected by the launch of the
project ‘‘Key Drug Innovation’’ in 20071, 2. On the contrary, China’s pharmaceutical industry
is well known for its mass production of low-level generic drugs. Recent evidence demonstrates the weak position of China in the global drug innovation network, as measured by
globally recognized, innovative drugs3, 4.
In this context, the huge gap between weak innovative medical products and strong R&D
input and “paper output” (i.e. publications and patents) is quite perplexing to China’s pharmaceutical industry and, thus, becomes a crucial question for the scientific community.
It is necessary to re-examine pharmaceutical innovation in China more comprehensively
because this paradox seems to be not only a purely technological problem, but also a complex issue involving economics, management, and law. First, we must redefine “innovation”
from an economic perspective.
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As the “father” of innovation economics, Joseph Schumpeter refers to “innovation” as
“doing things differently in the realm of economic life5.” Modern Schumpeterian scholars
further define “innovation” as the application of new ideas to the products, processes, or
other aspects of the activities of a firm that lead to increased “value.” Moreover, the term
“innovation value chain (IVC)” was developed to refer to an integrated flow that involves
idea generation, conversion, and diffusion6.
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1. Business

However, only a few studies have shifted attention to address this paradox of Chinese
pharmaceutical innovation from the perspective of IVC. Pharmaceutical innovation, referred to in this book as the whole process of bringing a new drug to market, involves a
series of research stages and regulatory approvals which usually take about 10-15 years
for a new drug. Hence, this book re-examines pharmaceutical innovation in China from
the viewpoint of the innovation value chain by sequentially scanning different sections
in the whole process of drug innovation including idea generation indicated by academic

2. Technology
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articles, basic research, and applied development measured by ongoing projects, technology flow captured by patent citations, technology valuation and transfer, product registration, and the launch of new drugs. Each chapter is an independent research work which
may either involve a specific therapeutic area or generally focus on a stage, but they can
structurally be linked within the whole chain. Most of them are empirical studies based on
substantial data and qualitative analysis. The table below sketches the outline of this book
by specifying therapeutic coverage, measurement indicators, and positions in IVC of each
chapter. An integrated understanding of all chapters in this book may provide an overview
of Chinese drug innovation as an end-to-end process, which is helpful for the policymakers, investors, and researchers involved in drug innovation to spot both the weakest and
the strongest links and, further, to find solutions to this paradox.

A table of the sketch of chapter structure

In this book, Chapters 3, 5, 6, 7, 9, 11, 12, and 13 are published originally. Chapters 1, 2, 4,
8, and 10 have been published in international prestigious journals, while their republications as chapters in this book have been permitted by original journals, respectively.
Finally, we sincerely acknowledge many of our colleagues and students who contributed
to this book, Ms. Julie Lai for her substantive editing and proofreading work, and International Society for Chinese Medicine, the Science and Technology Development Fund of
Macao SAR, and the University of Macau for financial support by projects, 013-2015-A1,
MYRG2015-00145-ICMS-QRCM, MYRG2015-00172-ICMS-QRCM, and MYRG2016-00144ICMS-QRCM for this book.
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Chapter 1
OBSTACLES AND OPPORTUNITIES IN
CHINESE PHARMACEUTICAL INNOVATION
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Abstract

1. Background

Background: Global healthcare innovation networks nowadays have expanded beyond
developed countries, with many developing countries joining the force and becoming
important players. China, in particular, has seen a significant increase in the number of
innovative firms and research organizations stepping up to the global network in recent
years. Nevertheless, the intense R&D input has not brought about the expected output.
While China is ascending at a great speed to a leading position worldwide in terms of R&D
investment, scientific publications and patents, the innovation capabilities in the pharmaceutical sector remain weak.

Pharmaceuticals are playing an extremely important role in global health system by diagnosing, curing, treating, and preventing diseases. In terms of dramatically increasing
R&D (Research and Development) expenditures and relatively decreasing approvals of
new drugs during recent past, the decline in R&D efficiency has been the central issue in
discussing global pharmaceutical innovation1, 2. Meanwhile, recent literature clearly points
out that emerging countries, e.g., China, are playing important roles in global pharmaceutical R&D activities. For instance, they keep investing a great amount of capitals and
resources into drug innovation3, 4. In this context, it is of great significance to understand
pharmaceutical innovation in China from the global perspective.

Discussion: This study discusses the challenges and opportunities for pharmaceutical innovation in China. On one hand, academic, industrial, institutional and financial constraints
were found to be the major and inevitable barriers hindering the development of drug
innovation. On the other hand, unique advantages had been observed which included a
growing pharmaceutical market, R&D funding, distinctive R&D source, and international
cooperation.
Summary: The most important thing for China’s pharmaceutical sector to leap forward is
to break though innovation barriers and integrate own advantages into global value-chain
of healthcare product development.

Keywords
China, Pharmaceutical industry, Obstacles, Opportunities, Global network, Innovation

As one of the fastest growing markets among the emerging countries, China has received
increasing attention from around the world. Due to supporting national polices, economic
growth, aging population and global trends, China’s share of pharmaceutical industry output increased nearly seven-fold, from 2.5% in 1995 to 18.3% in 2010, and was expected to
become the second-largest pharmaceutical market in the world by 20155, 6. This trend may
also apply to the global healthcare innovation networks, as increased sales performance
can better support R&D.
It is obvious that China has ascended to a worldwide leading position at an accelerated
pace in terms of R&D funding, scientific publications, and patents in recent years4. With the
perspective of switching from imitation to innovation, R&D expenditure in China’s pharmaceutical industry increased from $162.6 million USD (USA dollar) in 2000 to $3,249.2
million USD in 20117. The favorable condition created by such tremendous investments
made by the Chinese pharmaceutical sector in R&D has resulted in significant output of
scientific publications and patents in recent years. The number of articles published by Chinese scholars in peer review journals related to pharmaceuticals has leapt to the second
position in the world8.
However, China is still weak in developing real innovative medicines. Considerable pharmaceutical R&D input, scientific publications and patents in China have not yet translated
into the ultimate desired outcome of innovative pharmaceutical products that are recognized globally. For a long time, the pharmaceutical industry in China has been known for
its mass-production of low-level generic drugs and as a ‘world factory’ of active pharmaceutical ingredients (APIs) with little mentioning of real innovative medicines9. Studies
have shown that China remains at a weak position in the global drug innovation network
based on analysis of worldwide recognized innovative drugs10-12.
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It is no doubt that the pharmaceutical innovation system in China is filled with obstacles
which prevent China’s R&D capabilities from transforming into innovation competencies and eventually pharmaceutical products to generate market values13. With concerns
about the huge gap between strong R&D input/“paper output” as well as weak innovative
medical products, this study aims to provoke a more systematic analysis of obstacles and
opportunities in Chinese pharmaceutical innovation system. More understanding of the
pharmaceutical innovation system in China will be helpful to provide more opportunities
of discovering new medicines effectively in the world.

2. Obstacles to Pharmaceutical Innovation in China

2.1 Academic Organizations
It has been suggested that close partnerships among universities, institutions and companies are integral for the new business model of pharmaceutical R&D in China17. However, to
maintain an effective collaboration between the science and the pharmaceutical industry
has always been challenging. Pharmaceutical researchers in universities and research institutes in China devote immensely to the research projects only and do not usually take
into consideration of the overall development of the pharmaceutical industry. As a result,
the research work may not fully address and respond to the challenges and changing demands of the industry18.

Innovation is a system phenomenon, with multiple types of individual and collective
agents, including firms, entrepreneurs, institutes for education and research, policymakers, regulatory agencies, and many types of services and intermediaries, interacting in a
variety of ways14. Based on prior literature15, 16, Figure 1 demonstrates the pharmaceutical
innovation system, which is comprised of R&D organizations, governments, pharmaceutical companies, and finance and service institutions, responsible for knowledge innovation,
policy innovation, production innovation, and service innovation, respectively. These innovations link together and generate new medicine discovery under a favorable regulation,
market, finance, and technology transfer environments. Obstacles to pharmaceutical innovation in China have been observed at each of the above-mentioned counterparts which
will be discussed further in the following.

Figure 2. Granted patents and licensing percentage of Chinese universities
Note: Data source: China Universities Statistics Yearbook

Figure 1. Pharmaceutical innovation system
12

Moreover, “paper output”, i.e. scientific publications and patents, generated in this environment has been seriously criticized by the international society 19-21. The Science Citation Index (SCI) -based promotion scheme provides scholars with great incentives in terms
of personal honors and has successfully encouraged them to produce a large quantity of
publications and file many applications for patents. However, the citation rate of academic
papers remains low and the patent lives short. As is depicted in Figure 2, the proportion of
licensed patents gradually declined, despite the rapid increase of granted patents during
the past decade. The difficulty of licensing out patents produced by universities may imply
13

a considerable gap between academic research and innovations of pharmaceutical
products. Critics have started to review the benefits and possible downside of the
SCI-oriented research assessment criteria. It has been suggested that, under the
scheme, scholars have become more oriented to personal achievements than the
core value of research work, which has lowered the innovative quality and slowed
down the overall pharmaceutical innovation development in China19, 20. Commercialization of R&D output to real innovative drugs well thus falls behind.
2.2 Pharmaceutical Industry
In the context of industry, high fragmentation of the industrial structure, weak R&D
intensity and serious product homogeneity are the major barriers to new drug discoveries in China. As of 2012, there were around 4500 domestic pharmaceutical
manufacturers and 14,000 domestic pharmaceutical distributors in China, which
are attributed in three subsectors involving chemical drug (50%), Traditional Chinese Medicine (32%) and biotechnology production (18%)22.

As shown in Figure 3, more than 70% of pharmaceutical manufacturers were small-scale
enterprises with employees less than 300 and operating revenue less than $3 million USD
in China (according to China’s Regulations on Small and Medium- sized Enterprises (SMEs)
Categorizing Criteria’ last accessed in 2011)23. It was difficult for them to sufficiently support R&D with all necessary financial resources to pursue new drug discovery.
Meanwhile, the current ratio of R&D investment to sales is about 2.7% in most of the Chinese pharmaceutical companies, which is significantly lower than that of US counterparts
which range 15–20%9, 24. Due to a lack of R&D resources for new drug discovery and development, most of the small-scale firms are engaged mainly in low-value-added activities
such as manufacturing, formulating, packaging and distributing generic products, rather
than innovative activities. At most, these pharmaceutical firms usually opted for developing generic drugs in order to obtain short-term revenue without going through the
burden of high technical innovation. According to the ‘China Drug Review Annual Report’
released by the China Food and Drug Administration (CFDA) in 2012, the number of category 1.1 new drug applications (which reflect the status of innovative drug development
solely in domestic Chinese pharmaceutical companies) remained around 70 per year over
the past few years. On the contrary, applications of changing dosage form and new generic
drugs accounted for more than 50% of chemical drug applications in China (see Figure 4).

Figure 3. The number of pharmaceutical manufacture enterprises and
percentage of large-medium enterprises in China

Figure 4. Number of chemical drug applications accepted
by the CFDA from 2009 to 2012

Note: Data source: China High-tech Industry Statistics Yearbook
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Note:

1. Data source: 2013 China Drug Review Annual Report
2. Category 1.1 refers to new chemical drug which has never been previously approved for
marketing as a drug anywhere else in the world. Category 3 of Chemical Drugs refers to a
new drug which has only been marketed outside of China. Category 4 refers to Drug substance and its preparation with changed acid or alkaline radicals (or metallic elements),
but without any pharmacological change, and the original drug entity already approved
in China. Category 5 is defined as Drug preparation with changed dose form, but no
change of administration route and the original preparation already approved in China.
Category 6 refers to Drug substance or preparation following national standard.

In addition, repetitive applications of generic drugs without high technical innovation became a prominent issue in the current pharmaceutical industry in China. Figure 5 indicates
the distribution of the Abbreviated New Drug Application (ANDA) applications with existing approval numbers submitted in 2012. The vertical axis represents the number of ANDA
applications, while the horizontal axis shows the intensity of repetitive applications. There
were 1272 applications of generic drugs, each of which was repetitively submitted by different sponsors more than 20 times, accounting for 60.7% of the total in 2012.

The excessive development of homogeneous generic drugs resulted in over-capacity of
the same products, which catalyzed the emergence of an unordered market competition.
While many manufacturers produced the same type of generic drugs, each manufacturer
incurred only single-digit profit margin or may have even experienced financial loss25.
2.3 Regulation and Administration
The regulatory system of pharmaceutical products in China has also contributed to the
sub-development of drug innovation in China. Firstly, due to insufficient manpower of the
Center for Drug Evaluation (CDE) and excessive applications of generic drug products, the
drug approval time in China was often prolonged, which greatly discouraged pharmaceutical R&D. The average waiting time for standard reviews was 12.3 months (see Figure 6)
which could be prolonged much further to a point of having an uncertain time for obtaining final approval26. In contrast, for the Food and Drug Administration (FDA) in the U.S., the
New Drug Application (NDA) usually took 12.9 months after standard reviews to receive
an approval27.

Figure 6. Average waiting time for technical review of chemical drugs
Figure 5. The distribution of ANDA applications
Note: Data source: 2013 China Drug Review Annual Report
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Note:

1 Data source: 2013 China Drug Review Annual Report

2.4 Finance and Service Institutions

2 Figure 6 describes the average waiting time for technical review of chemical drugs in four
channels, including Investigational New Drug (IND), New Drug Application (NDA), bridging clinical trial (abbreviated as BCT in Figure 1) and Abbreviated New Drug Application
(ANDA). Waiting time is measured in month and calculated as the difference between CDE’s
reception date (the day CDE receives drug evaluation request of certain applications from
CFDA) and technical review starting time. The January 2012, December 2012 and December 2013 are three time points that CDE commences technical review of certain applications.

On the other hand, regulatory standards in China were not consistent with international
practices. As China did not join the International Conference on Harmonization of Technical
Requirements for Registration of Pharmaceuticals for Human Use (ICH), innovative drugs
which were already marketed in other countries had to undergo the new drug registration
pursuant to China’s Drug Registration Regulation. Consequently, the entry of import drugs
to the local market could be delayed as many as 7 years on average compared with the
date the drug are first marketed in other countries28. Furthermore, for registration purposes, it was necessary to repeat the clinical trials of import drugs in China as the China’s Good
Clinical Practice (GCP) was different from the GCP according to ICH. In addition, pre-approval by the CFDA was needed before clinical trials could be conducted, which meant additional months or more of waiting time. The international clinical trial multi-center might
offer some advantages as a quick channel for import drugs, but this only applied to drugs
that were already marketed or at least entered phase II clinical trial in other countries29. As
a result, simultaneous global development of drugs faces great challenges in China.
Finally, unlike the practice of marketing authorization holder (MAH) widely adopted in
many developed countries, drug marketing authorization in China was only granted to
pharmaceutical manufacturers with production authorization. This created significant
threat to the initiative of technology transfer between R&D players and pharmaceutical
firms. On one hand, R&D institutions might lack the manufacturing facilities and thus were
not eligible for applying marketing approval of the drug developed in-house. On the other
hand, drug manufacturers needed to shoulder the pressure of massive financial investment for every new production line when developing a new product. The potential risk
caused by overcapacity would further constrain the future development of enterprises or
even the entire pharmaceutical sector.
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As a major component of the innovation system, the financing system firstly poses significant challenges to drug innovation in China. Improper funds arrangement was common
and usually resulted in inefficiency of new drug R&D. Public investment was the key funding source for R&D institutes in the pharmaceutical sector, of which more than 81% R&D
expenditure was accounted for with government funding while private investment only
accounted for 5.41% in 201230. Although the central government had allocated increasing
resources into R&D institutions in recent years, investment for basic research was insufficient. In China, only 4.7% of R&D investment was used to improve basic research which was
little compared with the figure in some developed counties (see Table 1). This was especially problematic for the pharmaceutical industry as preliminary research was the source of
new ideas, important for fueling subsequent innovation and had significant impact on the
performance of new drug discovery31.

Table 1. International comparison of R&D expenditure

Note: Data source: China Statistical Yearbook on Science and Technology.
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For new drug developers, contributions of venture capital (VC) were limited. In particular,
the small and medium enterprises relied considerably on government investment to support their innovation projects18. Since the VC market only started 30 years ago, VC activity
and investment level in the pharmaceutical sector was substantially lower in China than
in other developed counties. According to S&P Capital IQ estimates, 711 VC and private
equity (PE) funds had life sciences investments in the U.S., whereas only 89 similar funds
in China. Moreover, out of the 89 funds, only 19 made more than one investment32. There
were also other issues about financing for drug innovation. For instance, lack of an efficient
investment exit channel made it difficult for investors to withdraw capital gains. As a result,
many VCs were concerned only about short-term and less innovative projects7. Volatility
of stock markets, highly exaggerated price to earnings ratios, and lack of sophisticated
secondary markets were also detrimental to the financing for high-risk new drug R&D projects18, 33.

3.1 Growing Pharmaceutical Market
The pharmaceutical market in China will continue to grow for multiple reasons. The trend
of ‘globalization’ in healthcare industry accompanied by an increased need for better medications in developing countries are clear39. Also, the pharmaceutical market in China is
expected to see robust growth (see Figure 7).

Last but not least, barriers often cited in the literature were also found to be the key factors influencing drug innovation in China which included lack of practical and effective
IP (intellectual property) protection and enforcement strategies34, growing of counterfeit
and substandard medicines, and undeveloped technology transaction platform and intermediary agencies.

3. Opportunities for China’s Pharmaceutical Innovation
As two sides of the same coin, China’s pharmaceutical innovation still has various unique
opportunities, despite many obstacles mentioned above. For instance, during the stage of
the “Key Drug Innovation Project” from 2009 to 2011, 62 NDAs originated from this project
were approved by the CFDA and about 400 categories entered the clinical research stage35,
36
. Moreover, some positive efforts have been made in recent years. For example, with the
recruitment of Chinese scientists back from abroad, China is embracing ‘Thousand Talents
plan’ 37. The latest news reported that The Chinese Academy of Sciences (CAS), the heart
of China’s scientific development, is making unprecedented structural reforms to foster
collaboration and to turbocharge research38. The CFDA issued a draft amendment to the
Drug Registration Regulation and is planning to revise Drug Administration Law of China
comprehensively. The article further analyzes comparative advantages of China’s drug innovation system in the global context, elaborated one-by-one as below.

20

Figure 7. Pharmaceutical Sales in China from 2007- 2013
Note: 1 Data source: 2014 China Pharmaceutical Market Development Bluebook

		

(Southern Medicine Economic Institute).
2 Exchange rate: USD/RMB=1/6.2291.

Nationally, as home to nearly 20% of the world’s population, the senior population (over
65 years) in China will be expected to be 9.7 percent in 201640. Together with the economic
growth and more healthcare awareness, higher demand for health care services including
pharmaceutical products can be expected. Moreover, the Chinese government is prepared
to put in $136 billion USD to develop the national healthcare system and to enhance the
Basic Medical Insurance (BMI) coverage from approximately 65 percent of the population
to 90 percent. China’s healthcare expenditure will have been rising more rapidly40.
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The dramatic growth of healthcare demand and expenditure in China implies tremendous
market opportunities in near future. Consequently, all these trends are favorable to significantly drive the development of innovation.

3.2 Increasing R&D Funding
The R&D investment is considered as crucial fuel to catalyze innovation. Consequently, the
dramatic growth of R&D investment in China generates enormous momentum to novel
drug R&D activity. On the economic recession background, many developed countries
have reduced the budget on drug R&D. The U.S. cut down R&D expenditures from 38% of
the global total in 1999 to 31% in 20096. In contrast, China showed the largest percentage
increase of R&D investment in the world (see Figure 8).

In the pharmaceutical sector, in order to create an innovation-oriented environment, the
China government will increase the drug innovation funding by launching appropriate
projects. For instance, the ‘Key Drug Innovation project’ launched in 2007 was a notable
example. During the entire 12th Five- Year Plan, the project ‘Key Drug Innovation’ will be
supported with the equivalent of about $16 billion USD from the central government and
more than $49 million USD from local governments7. As the second largest R&D performer,
comparison of the global compound annual growth rate of biomedical R&D expenditures
by country, China showed the most rapid rise, from approximately $2.0 billion in 2007 to
over $8.4 billion in 2012 with a compound annual growth rate of 32.8%41.

3.3 Distinctive R&D Source
China’s major advantage in life science is the distinctive R&D source in terms of large patient samples, wide disease spectrum, great biodiversity, and strong basis of Traditional
Chinese Medicine (TCM). In 2012, there were 1,431 hospitals in China, of which 420 had
GCP certifications and a rich source of patient enough for multiple clinical R&D studies42.
More importantly, distinct multiple patient populations and wide disease spectrum in China are beneficial to broaden the scope of new research activities in the healthcare system.
For example, some specific diseases such as diabetes, liver cancer, stomach cancer, and
neck cancer have a relatively high prevalence in Asian countries compared to the U.S. and
European countries. The patient pool in China allows the development of specific knowledge such as biomarkers, genetics and therapies43.
Meanwhile, China is one of the countries with the richest biological resources and diversities, with approximately 10% of the world’s biological resources44. Additionally, with further research of active components and pharmacological mechanisms, TCM will broaden
the pipeline of natural medicine discovery and development, increasing the importance
of Chinese herbal medicines in therapeutic systems especially for cancer, HIV, diabetes and
cardiovascular disease therapies.

Figure 8. Intramural Expenditure on R&D in Chinese Pharmaceutical Industry

Note:

1 Data Source: China Statistical Yearbook on High Technology Industry.
2 Exchange rate: USD/RMB=1/6.2291.
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3.4 Increasing International Involvements
The favorable conditions mentioned above have attracted more and more multinational
pharmaceutical companies to China. Cost advantage related to developing health product in China has been attributed to the low-costs in scientific talent, clinical trials and raw
materials available in the country, with the lowest figure estimated to be 10% of similar
costs in the U.S.5 As a result, with exception of pharmaceutical R&D outsourcing moving to
China, the linkage between domestic R&D organizations and multinational corporations

23

has been increasingly prominent in R&D activity. Meanwhile, the strategies of large-cap
pharmaceutical companies are steering to emphasize more on the discovery and development of medicines for China-specific and lifestyle-associated diseases. China has become
one of the top markets pursued by global pharmaceutical companies to conduct R&D activities3. Increasing numbers of multinational pharmaceutical companies has established
their R&D headquarters in China. For instance, AstraZeneca China has its headquarters in
Shanghai, with 23 branch offices in major cities across China. Pfizer’s China Research and
Development Centre were established in 2005 to support global R&D by partnering with
clinical research organizations, biotechnology companies and academic researchers. It
is beneficial for China’s pharmaceutical innovation that these high-quality multinational
pharmaceutical companies moving to China will play innovatively with local institutions
and further generate spillover effects on the healthcare system3, 45.

List of Abbreviations

4. Conclusions

Jingyun Ni conducted data collection, performed data analysis and drafted the manuscript.
Yuanjia Hu conceived and designed this study, analyzed data and revised the manuscript.
Junrui Zhao participated in data collection, analysis and drafted the manuscript, Carolina
Oi Lam Ung and Hao Hu participated in manuscript revision, Yitao Wang participated in
research design, and reviewed the whole manuscript. All the authors read and approved
the final manuscript.

In summary, this study addressed the barriers and opportunities for pharmaceutical innovation in China. On one hand, China’s pharmaceutical sector is confronted with inevitable
barriers hindering the pace of drug innovation, including academic, industrial, institutional
and financial constraints. To reshape China and change the reputation of made-in-China
to discovered-in-China is highly challenging. On the other hand, China exhibits unique
advantages in the development of healthcare industry as shown by the dramatic growth
in terms of R&D investment, healthcare expenditure and international cooperation. The
increasingly intertwined relationship of both competition and cooperation in the global
healthcare industry is of great significance to remove obstacles and create more opportunities for China’s pharmaceutical sector. All of these will greatly facilitate the development
of pharmaceutical innovation in China. In a word, the most important thing is to break
through innovation barriers and take advantage of the opportunities that are currently
available for improving drug innovation in China, and integrate self-advantages into global value-chain of healthcare product development.
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R&D: Research and Development; APIs: active pharmaceutical ingredients; SCI: Science Citation Index; CFDA: China Food and Drug Administration; ANDA: Abbreviated New Drug
Application; CDE: Center for Drug Evaluation; FDA: Food and Drug Administration in the
U.S; NDA: the New Drug Application; BCT: Bridging clinical trial; ICH: Harmonization of
Technical Requirements for Registration of Pharmaceuticals for Human Use; GCP: Good
Clinical Practice; MAH: marketing authorization holder; VC: venture capital; PE: private
equity; CAS: Chinese Academy of Sciences; BMI: Basic Medical Insurance; TCM: Traditional
Chinese medicine
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Abstract

1. Background

Background: The discovery of anti-diabetic drugs is an active area in Chinese Medicine
researches. This study aims to map out anti-diabetic drug research in China using a network-based systemic approach based on co-authorship of academic publications. We focused on identifying leading knowledge production institutions, analyzing interactions
among them, detecting communities with high internal associations, and exploring future
research directions.

Diabetes mellitus (DM) is a chronic disease that is defined as a long period of having a
high blood glucose level1, which results in excessive thirst, frequent urination, and hunger. DM complications include ketoacidosis and non-ketotic hyperosmolar syndrome2, 3.
Ketoacidosis and non-ketotic hyperosmolar syndrome refer to the dysfunctional condition
of over-acidic blood and high level of blood sugar in vivo, respectively, both of which are
associated with the lack of insulin. According to the latest statistics of the International
Diabetes Federation, the global prevalence of diabetes among adults aged between 20
and 79 years reached 8.3% in 20134. A total of 382 million people worldwide are affected
by the disease; of these, 80% live in either mid- or low-income countries4. The number of
people living with the disease worldwide is predicted to rise to 592 million by 20354. The
prevalence of DM in China escalated from 0.9% in 1980 to 11.6% in 20105, 6. In 2013, diabetes caused 5.1 million deaths, accounting for 8.39% of global mortality4. The financial cost
of diabetes in the U.S. exceeded $548 billion in 2013, accounting for 11% of global expenditure on health care4. The rapidly growing prevalence of diabetes has placed an enormous
burden on both social and economic development4.

Methods: Target articles published in 2009–2013 under the topic “diabetes” and subject
category “pharmacology & pharmacy,” with “China,” “Taiwan,” “Hong Kong,” or “Macao” (or
“Macau”) in the authors’ address field were retrieved from the Science Citation Index Expanded database and their bibliographic information (e.g., article title, authors, keywords,
and authors’ affiliation addresses) analyzed. The social network approach was used to construct an institutional collaboration network based on co-publications. Gephi was used to
visualize the network and relationships among institutes were analyzed using centrality
measurements. Thematic analysis based on article keywords and ratio value were applied
to reveal the research hotspots and directions of network communities.
Results: The top 50 institutions including Shanghai Jiao Tong University, National Taiwan
University, Peking University, and China Pharmaceutical University were identified. Institutes from Taiwan tended to cooperate with institutes outside Taiwan, but those from
mainland China showed low interest in external collaboration. Fourteen thematic communities were detected with the Louvain algorithm and further labeled by their high-frequency and characteristic keywords, such as Chinese medicines, diabetic complications,
oxidative stress, pharmacokinetics, and insulin resistance. The keyword Chinese medicines
comprised a range of Chinese medicine-related topics, including berberine, flavonoids,
Astragalus polysaccharide, emodin, and ginsenoside. These keywords suggest potential
fields for further anti-diabetic drug research. The correlation of −0.641 (P = 0.013) between
degree centrality and the Rsc value of non-core keywords indicates that communities concentrating on rare research fields are usually isolated by others and have a lower chance
of collaboration.
Conclusion: With the better understanding of the Chinese landscape in anti-diabetic drug
research, researchers and scholars looking for experts and institutions in a specific research
area can rapidly spot their target community, then select the most appropriate potential
collaborator and suggest preferential research directions for future studies.
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The discovery of anti-diabetic drugs has become an active research area in Chinese medicine7. Many institutes located in different regions of Greater China are currently engaged
in the research and development (R&D) of anti-diabetic drugs. They cooperate on diabetes
research projects and work concurrently on self-developed products. Some of these products, such as Xiaoke wan (消渴丸), Yuquan pill (玉泉片), and Ginseng–milkvetch declining
sugar granule (參芪降糖顆粒) are among the most popular and well-known anti-diabetic
drugs in China. Several studies have investigated the R&D of anti-diabetic drugs in China
using bibliometrics to examine the distribution of publication years and journals, document types, keywords, citation counts, and journal impact factors8, 9. However, the network-based systematic method has not been applied to evaluate China’s pharmaceutical
research in relation to diabetes, creating a gap in the understanding of the R&D landscape.
This study aims to map the R&D landscape of anti-diabetic drugs in Greater China (which
includes mainland China, Taiwan, Hong Kong, and Macao) using a network-based systematic review. By analyzing co-authorship in the diabetic literature to include Chinese
researchers published in international journals during the period 2009–2013, the active institutes in this field were identified, the relationship between research units was explored,
communities with high internal associations were detected, and the interests of a research
community were characterized.
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2. Methods

2.2 Network Visualization and Analysis

2.1 Data

The network was visualized using the Gephi (Version 0.8.2; The Gephi Consortium, Paris,
France) and the relationships were analyzed to extract the associations between organizations. Each node in the network represents a research unit, and an edge between two
nodes indicates the strength of co-authoring between these two units. Nodes were positioned using the Gephi’s Fruchterman–Reingold algorithm11. The algorithm belongs to a
class of algorithms known as force-directed algorithms; these are used to calculate layouts
of simple undirected graphs. This method uses a physical analogy to determine the placement of network nodes by minimizing the energy of the system. Nodes behave like atomic
particles; they exert repulsive and attractive forces on one another. Repulsive forces exist
between all pairs of nodes (like charged particles repelling each other); edges between
adjacent nodes cause attraction (like spring force). The position of all nodes continues to
adjust until the system reaches its equilibrium state. Thus, organizations with more connections have higher attractive forces and are positioned at the center; in contrast, weaker
nodes with less or no connections to others are found on the periphery of the map.

This systematic review was based on the Web of Science’s Science Citation Index Expanded
(SCIE) database, a multidisciplinary index of more than 8,500 peer-reviewed international
journals10. Retrieved articles were those published during the period 2009–2013 under the
topic “diabetes” and subject category “pharmacology & pharmacy,” with “China,” “Taiwan,”
“Hong Kong,” or “Macao” (or “Macau”) in the authors’ address field.
Bibliographic information such as article title, authors, keywords, and authors’ affiliation
addresses was extracted for analysis. Records of authors affiliated with non-Chinese institutes were eliminated. We standardized and combined authors and their affiliated organizations. The data retrieval process is illustrated in Figure 1.

Based on graph theory and network sciences, we applied four centrality metrics to identify
the key institutes in this work, i.e., the degree centrality, weighted degree centrality, betweenness centrality, and closeness centrality.
Degree centrality measures centrality. This shows the number of ties associated with a
node in an undirected graph and is reflected in node size. In our research, the degree centrality of an institute represents its number of collaborating organizations. Nodes with a
high degree of centrality are usually found in the dense area of the network because they
are working with many different research units.

Figure 1. Flowchart of the inclusion and exclusion criteria
Note:
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Combined search strategy: “AD=(China or Taiwan or Hong Kong or Macau or Macao or
Hongkong) and WC=(Pharmacology & Pharmacy) and TS=(Diabetes) and Indexes=SCIE
and Timespan=2009-2013”. AD stands for address, TS is topic, HK is Hong Kong, and WC
is Web of Science Category which aims to narrow search result to some specific fields of
study. Institutional information was obtained from the addresses provided by authors in
the target articles, and was later standardized. Records of authors belonging to a non-Chinese institute were removed.

Each node’s weighted degree was used to measure an institution’s actual performance in
productivity and how active the organization was in the system. Weighted degree centrality corresponds to the sum of weighted edges connected to a vertex. In the present study,
it signified an organization’s total number of co-publications.
Betweenness and closeness centrality describe the importance and role of a node in the
system. Betweenness centrality measures how often a node appears on the shortest path
between two nodes. In a collaboration network, some nodes do not interact directly; instead, they depend on an intermediary for communication. An intermediary with high betweenness functions as a “gatekeeper” to control the flow of interactions in the network.
However, a high-betweenness node need not necessarily be one with a high degree cen-
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trality12. The closeness centrality of a vertex is the total geodesic distance between a vertex
and all other vertices; it can be defined as how close an organization is to all others. A lower
closeness value indicates that it is a more central node; that is, a node that can access or
disseminate new information quicker than others13, 14.
The above analysis focused mainly on absolute strength between nodes, but the relative
strength between them was also considered. The Jaccard index is a statistic that shows
how similar two sample sets are by calculating the ratio of intersection of the sets by the
union of the sample sets15. Jaccard index values range from 0 to 1; a value closer to 1 indicates a higher mutual dependence between the two units. This value is defined as

Moreover, for each community, we categorized all non-core keywords as “Others” and calculated its Rsc value. The term “non-core keywords” describes keywords that appeared in
the article set less than five times in total. Considering the linear and normally distributed
characteristics of the data at the interval or ratio level, we then performed a Pearson’s correlation test (SPSS Statistics software, Version 20; IBM Corp., Armonk, NY, USA) between
the Rsc value of “Others” and the degree centrality of that community to identify the relationship between research topics and collaboration opportunities of communities in the
network.

3. Results
3.1 General Description of Data Sample

where Nij and Jij stand for number of co-publications and relative strength of co-publication between institutions i and j, respectively. Referring to Scherngell and Hu’s use of
this index16, we used it to measure each institution’s level of mutual dependence on its
collaborating pair for co-publication. We separately collected the top 50 institutional pairs
measured by absolute (edge weight) and relative (Jaccard index) values. We selected the
overlapping pairs between two rankings to determine the top institutional pairs in the
Chinese anti-diabetic drug research network; this indicated those strongly connected institutional pairs that rely heavily on each other for publication.
2.3 Community Detection and Thematic Analysis
In the undirected network, some tightly interconnected nodes formed relatively stable
community subnetworks. To quantify the notion of community, we used modularity, a
measure that assigns a numeric value assessing how well a partition of the network nodes
matches the informal notion of community. We used the Louvain algorithm, an efficient
and widely used Gephi method to detect high-modularity communities, to determine the
relevant communities in the network17.
To characterize the themes of each identified community, the occurrence of each article
keyword in the community was calculated and its relevance to that particular community
was measured by a ratio value, which is defined as Rsc = fsc / fs18. Rsc value is the ratio of fsc
(occurrence of keyword S in community C’s articles) to fs (its occurrence in the article set as
a whole). A high Rsc value indicates that a keyword’s occurrence in a specific community
is relatively higher than in the whole system and is more significant to that community.
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Using the retrieval criteria mentioned in the Methods section, a total of 882 articles were
retrieved. Excluding one correction article, we obtained 881 articles after the exclusion process. A majority of the sampled items were research articles (86.85%); the rest comprised
review articles (9.75%), meeting abstracts (3.29%), and proceedings papers (1.02%). Most
of these publications were funded by government or non-profit organizations. The top
three funding sources were the National Natural Science Foundation of China (25.26%),
the National Basic Research Program (also called “973 Program”) (2.15%), and the Fundamental Research Funds for the Central Universities (1.81%). In this article set, the number
of publications rose from 128 to 241 over the 5-year period of 2009–2013, representing a
growth rate of 88.28% or an annual rate of increase of 17.14%. Increasing attention has
been paid to anti-diabetic drug research in China and the discovery of new therapeutics
for the disease has become increasingly important and urgent.
After standardizing and combining authors and their affiliated organizations, 430 research
units were identified. Universities and their affiliated hospitals accounted for the largest
proportion (48.84%), followed by hospitals and clinics (24.88%). There were fewer research
centers and enterprises, accounting for only 16.98% and 9.30%, respectively. Of all research units, 79.53% were located in mainland China while 17.44% were from Taiwan; the
rest were from Hong Kong (2.56%) and Macao (0.47%).
3.2 Institutional Collaboration Network
Figure 2 illustrates the current collaborative relationship between Chinese institutes involved in the anti-diabetic drug research. There are 430 nodes on the map and 7,673 undirected weighted edges, indicating that these 430 institutes have cooperated 7,673 times.
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Node size depends on degree centrality and edge thickness between two nodes is determined by the number of co-publications between them19; more frequently collaborating
institutional pairs are connected by a thicker edge.

In this figure, research units from mainland China and Taiwan are represented in cyan and
yellow, respectively, and magenta represents those from both Hong Kong and Macao. Only
the names of the more active nodes are shown here.
The structure of this network can be broadly divided into two parts. The left part is dominated by institutions from mainland China and those from Hong Kong and Macao, and the
right part comprises mainly Taiwanese organizations. Although there were few connections between these two parts, each part contained abundant internal connections. The
research units in Taiwan tended to collaborate with organizations from the same region,
but less with those from mainland China, Hong Kong, or Macao.
3.3 Leading Knowledge Producers
Table 1 shows the top 50 institutes in weighted degree, indicating the total number of an
institute’s co-publications. In addition, the influence of a particular institute on others’ collaborative behavior was explored using betweenness and closeness centrality.
The majority of mainland Chinese organizations on the list are outstanding academic institutes; these include the universities of Project 985 and Project 211 and some of the country’s best-known hospitals and research centers. Most of these are located in Shanghai
(18.42%) and Beijing (15.79%).

Figure 2. Institutional collaboration network of anti-diabetic drug research in China.
Note:

This network is visualized and analyzed by using the software Gephi, it comprises 430
nodes and 7673 undirected weighted edges. A node represents a research institution
and node size depends on degree centrality while edge thickness between two nodes is
determined by the number of co-publications between them. Research institutions from
mainland China and Taiwan are represented in cyan and yellow respectively, and magenta
represents those from both Hong Kong and Macao. Only the names of the more active
nodes are shown here.

38

The weighted degree comprises two parts: internal and external degrees. The internal
degree represents the number of articles authored by scholars within the same research
unit. The external degree reflects the number of co-publications by authors from different
institutes. As characterized by their high weighted degrees, Shanghai Jiao Tong University, National Yang Ming University, China Pharmaceutical University, Chang Gung Medical
Foundation, Taipei Veterans General Hospital, and Peking Union Medical College are the
key institutes in Greater China’s anti-diabetic drug research. Organizations that tend to collaborate externally rather than internally had a higher level of external collaboration (LEC).
The average LEC value of Taiwanese institutes listed here was 66.99%, indicating that they
tended to cooperate more externally than internally. Conversely, mainland China’s LEC was
much lower than that of Taiwan, at only 32.98%, indicating a rather closed collaboration
network. As an example, Shanghai Jiao Tong University ranked first in weighted degree
but its LEC was only 17%. In contrast, Peking University had the highest betweenness centrality in the whole system, acting as a gatekeeper of knowledge flow. Other organizations
that showed strong betweenness performance include Fudan University, National Taiwan
University, Shandong University, Sun Yat-Sen University, and the University of Hong Kong;
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Table 1. Top 50 institutions ranked by weighted degree

all of these acted as information intermediaries located in different regions across Greater
China.
Many high-betweenness organizations were also the ones with low closeness centrality,
emphasizing their important position as knowledge brokers who could access and share
new information more quickly than others (Table 1). Some organizations occupied the
highest positions for co-publication numbers, betweenness, and closeness, demonstrating their extraordinary contributions to knowledge creation and dissemination. These
institutions were Shanghai Jiao Tong University, China Pharmaceutical University, Peking
Union Medical College Hospital, Fudan University, Peking University, National Taiwan University, University of Hong Kong, and Sun Yat-Sen University.

Note:

1 WD: Weighted Degree; LEC: Level of External Collaborations; BC: BetweennessCentrality;
CC: Closeness Centrality.
2 Institutions based in Hong Kong and Taiwan are labelled HK and TW respectively, while
others are from the mainland of China.
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3.4 Top Institutional Pairs
Institutional pairs that concurrently ranked in the top 50 in terms of edge weight and Jaccard index were chosen to identify the most frequently collaborating pairs with highest
mutual dependence. Table 2 shows the 12 pairs meeting these criteria. Closed collaborators that depend heavily on each other included National Yang Ming University and Taipei
Veterans General Hospital in Taiwan, and Peking Union Medicine College and the Institute
of Materia Medica of the Chinese Academy of Medical Science in Beijing. The data suggested that some pairs showing strong, solid collaborations (83.33%) were geographically
adjacent.
Table 2. Top institutional pairs in Chinese diabetes drug research network

Note: Institution’s regional location is the provincial-level administrative divisions of China.

Figure 3. Thematic community network of diabetes drug research in greater China.
3.5 Thematic Communities
The basic elements of an institutional collaboration network are the nodes and subgroups
of the network, with various subgroups combining to form a complex institution network.
As shown in Figure 3, closely collaborating organizations were clustered into various community subnetworks. The 14 major subnetworks in this system were labeled in descending
order of number of institutes. For example, Community 1 was the largest community, with
71 organizations, whereas Community 14 was the smallest, with only three organizations.
Community size increases with number of articles, and edge thickness between any two
nodes corresponds to the frequency of co-publications involving authors from those two
communities. Table 3 contains additional information about the 14 communities.
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Note:

Note:

communities. These subnetworks are labelled in descending order of number of institutes.

nodes corresponds to the frequency of co-publications involving authors from those two

Community size increases with number of articles, and edge thickness between any two

munity than to the others and those letters in bold are more related to Chinese medicines.

frequency keywords in which italic words are research topics more relevant to a given com-

This figure consists of 14 communities which are shown as nodes and labelled by their high

Table 4. Frequent keywords relevant to Chinese medicines

the frequency of co-publications involving authors from those two communities.

scending order of number of institutes. The edge thickness between any two nodes reflects

Community size increases with number of articles, and the subnetworks are labelled in de-

Table 3. Detailed information of 14 communities

The internal structure mining of communities revealed geographic features. For Community 2, only one out of the 64 institutes were outside Taiwan, indicating that this community
was dominated by Taiwanese organizations that seldom communicate with mainland China, Hong Kong, or Macao. Community 3 was composed mainly of outstanding institutes
from Shanghai, such as Shanghai Jiao Tong University, Fudan University, Shanghai Institute of Materia Medical of Chinese Academy of Sciences, and The Second Military Medical
University. In contrast, all six research units in Community 11 were found in Northwest
China, including five from Shaanxi Province and one from the Xinjiang Uygur Autonomous
Region.
The research interests of communities were identified by calculating the Rsc value of article keywords. For each community, keywords were arranged in descending order of frequency; those accounting for the top 50% of cumulative frequency were shown and those
in bold and in italic were the ones with top 10 Rsc values and more related to Chinese
medicines respectively. As an example, Community 2 focuses not only on Chinese medicines, diabetic complications, and hyperglycemia, but also on cohort study and structural
biology.
All keywords appearing in the system were standardized for statistical analysis. Those occurring more than five times were classified as core keywords and the rest were classified
as non-core keywords. The top core keywords were Chinese medicines, diabetic complications, oxidative stress, hyperglycemia, insulin resistance, mice model, inflammatory, pharmacokinetics, and GLP-1. The most frequent Chinese medicines keywords included berberine, flavonoids, Astragalus polysaccharide, emodin, ginsenoside, quercetin, curcumin,
Ganoderma lucidum, and resveratrol. Table 4 shows the most frequently used keywords
in Chinese medicine anti-diabetes research; these are categorized into “Herbs” and “Compounds.” More than three research articles focused on “Herbs” and more than five articles
focused on “Compounds.
The Pearson’s test of correlations between degree centrality and the Rsc value of non-core
keywords across communities produced a negative correlation coefficient of −0.641 (P =
0.013), indicating that when a community focuses on a research topic that is of common
interest to all communities, it can easily build up its collaboration network. However, communities that concentrate on rare research fields are usually isolated by others and have a
lower chance of collaboration.
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4. Discussion
In the present study, the sample data included 881 scientific articles published by 430 Chinese institutes over the 5-year period of 2009–2013. This study identified the most productive institutes and leading academic communities in anti-diabetic drug development.
The average LEC of mainland China’s organizations was only half that of Taiwan, indicating
that institutes in China were less dependent on external collaboration. This might be explained by a number of factors: (1) the organization had sufficient resources to meet the
needs of research projects; (2) there might be no adequate communication platform for
knowledge sharing; and (3) geographic distance resulted in a negative impact on information flow between institutes. In contrast, although Taiwan exhibited a high LEC, it was
rather disconnected from organizations in mainland China, Hong Kong, and Macao.
The network visualized data in this article may help researchers and scholars to navigate
in this active research area and to find potential collaborators specializing in a particular research area. For instance, a researcher affiliated with Jilin University (a member of
Community 8) who specializes in the research of ginsenoside, is planning to explore the
therapeutic effect of a combination of ginsenoside and medicinal mushrooms on diabetic
complications. In Figure 3, Community 2 was the only group to focus on medicinal mushrooms research; therefore, the researcher could probably identify potential collaborators
from this community. Knowledge of the list of institutes that belong to Community 2, and
with the help of the co-authorship network, the researcher could select the most appropriate expert for research collaboration based on centrality measurements. In this case, the
researcher might approach China Medical University in Taiwan, as it ranked at the top in
the three aspects of centrality measurements among institutes studying medicinal mushrooms. This kind of research collaboration does not simply represent the building of a new
partnership between two researchers or institutions, but also fosters knowledge exchange
across various diabetes research communities in China and further stimulates innovation
and productivity.
In addition, each community studied here is labeled with a list of keywords, covering a
diverse range of topics that included herbology, chemical component, molecular biology,
clinical medicine, pharmacokinetics, therapeutic drugs, and animal experimental models.
Chinese medicines, diabetic complications, oxidative stress, hyperglycemia, and insulin
resistance were common topics that could be found on the keyword list across different
communities, indicating their significance in the field. Only minimal adverse effects were
reported for Chinese medicines used in treating type 2 DM, indicating certain advantages
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in the prevention of diabetes and delay of its complications7. Studying the role of oxidative
stress in the pathogenesis of diabetes provides a theoretical basis for the prevention and
treatment of the disease20, as oxidative stress could be a major cause of the development
of type 2 DM21. Furthermore, Chinese medicines in combination with insulin exhibited better clinical effect in the treatment of gestational diabetes22. Similarly, berberine exhibited beneficial anti-inflammation effects, indicating that it could be a potential therapeutic
drug in type 1 DM treatment23.
Each of the 14 communities in the studied system has its own area of expertise, which is
usually a non-mainstream topic. Community 2, a subnetwork primarily composed of Taiwanese organizations, focuses on cohort study and structural biology while Community 3
is a Shanghai-based group that specializes in ficolin-3 and islet cell culture. Community 5
focuses on wound healing, radix Rehmanniae, sweet tea, and synergistic effect; most of its
constituent organizations are from Guangdong Province, Hong Kong, and Macao. Finally,
the Beijing-dominated Community 6 concentrates on analytical chemistry, excretion, and
mass spectrometry.

Infrastructure (CNKI) and other Chinese databases. In using co-authorship academic publication data, this study mainly focuses on basic research and is limited to academic collaborations. A similar exercise for applied and competitive research would be an important
addition to the current study and could, for instance, focus on collaboration in patenting
and R&D projects. In addition, the arbitrary selection of keywords and the lack of keywords
in a small proportion of sample articles may have caused potential bias in the thematic
analysis. Future studies could construct a more complex and more influential collaboration
network by expanding sample size or time span, or by widening the scope from domestic
to international organizations. A dynamic network analysis could also be introduced to
investigate how the network evolves over time.

5. Conclusions
By characterizing communities and noting their research themes, the results of this study
could provide guidance to researchers seeking potential collaborators and could suggest
a precise research direction for future studies.

The collaboration opportunities available to a community are strongly affected by the level of interest in its research topics. Communities dedicated to less-studied research areas
usually have more difficulty in identifying suitable collaborators. This community thematic
analysis provides a reference for researchers and institutes looking for potential collaborators based on research direction.
Researchers would find it easier to create research partnerships if the key researchers’ information was also directly available. However, this study explored the research landscape
of Chinese anti-diabetic drugs only at the institutional level. It would be more difficult to
investigate the researches at a personal level because of data sensitivity and privacy protection, though personal publication data are indeed available for identifying the most
prolific or influential authors in specific research areas, units, or communities in the system. Readers interested in author-related information can contact us. For instance, upon
request, we would provide additional file containing the “Article No.” that associates with
the keywords interested. As each article carries a unique article number, this code can directly identify the article title, authors of the paper, authors’ affiliations and geographic
region, and the thematic community to which the article belongs.
Because of the need for a homogeneous sample composed of cutting-edge research articles and regional biases, we chose to use just the Science Citation Index Expanded (SCIE)
data source and to not include Chinese literature indexed in Chinese National Knowledge
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Abstract

1. Background

Background: The discovery of new neurological therapeutic agents is one of the most
active areas of research and development (R&D) in China. This paper intends to find out
the leading Chinese institutes in neurological drug research based on co-authorship and
to reveal the research directions of identified communities.

Neurology is an important branch of medical science that deals with the nervous system
and disorders affecting it. According to the World Health Organization (WHO), neurological
and neuropsychiatric disorders represent one of the most challenging global public health
problems of the 21st century. They affect people in all countries, regardless of age, sex,
education or income. They not only affect the physical and mental health of patients, but
also have impact on their families and the health care system. These disorders are the leading noncommunicable diseases causing disability worldwide, accounting for around one
third of Years Lost due to Disability (YLD) among adults aged 15 years and over in 20041,
2
. It has been estimated that more than 1.5 billion people globally are affected by neurological disorders and their sequelae, and would continue to exert an increasing burden
for all nations3. Despite the high prevalence of neurological disorders, there is still a huge
and growing unmet medical need for effective treatments. This emphasizes the urgency and importance of developing novel therapeutics with better efficacy and improving
treatments for these disorders.

Methods: 629 papers published during 2008-2013 under the subject categories “Pharmacology & Pharmacy” or “Integrative & Complementary Medicine” combining with “Clinical
Neurology”, containing a Chinese institute in the author’s address were retrieved from the
Science Citation Index Expanded (SCIE) Database. We used research collaboration associations to define an institutional network and network communities to identify the research
topics of each community.
Results: Key participants in the network are mainly located in Shanghai and Taiwan, while
the ones from Hong Kong are acting as a bridge for knowledge exchange between mainland China and Taiwan. These sample articles cover a wide range of topics, in which depression, schizophrenia, serotonin and genetic polymorphism are the most extensively studied
issues.
Conclusions: Collaborations across regions and between academia, clinics, and industry
need to be further enhanced. Meanwhile, this study may provide guidance for researchers, clinicians, and investors to cooperate and in turn improve efficiency in drug discovery
process.

Keywords
Neurological drugs; Publications; Research collaboration networks; Thematic analysis;
Greater China
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As an emerging economy, science and technology in China is developing at an accelerated
pace, especially in terms of R&D funding and scientific publications. It is predicted that
China will outpace the United States and become world’s largest R&D spender by 20204.
China also stands second only to the US in terms of world’s share of scientific publications
since 20065, 6. The increasing contribution from China in modern biomedical research has
been reported in the study7. Among various scientific research fields in China, research
in neuroscience progressed steadily, especially since the establishment of the Institute of
Neuroscience of the Chinese Academy of Sciences in 19998. From the statistics from Web of
Science, China has even the world’s fastest-growing scientific output on the pharmaceutical research of clinical neurology with a 5.5-fold increase in the share of global publications
in this field over the past decade.
In terms of the dramatic development of neuroscience research in China, bibliometric
analyses on publications of neuroscience basic research from China have been carried
out from time to time in the past decade. Research conducted by Xu et al. and Bala et
al. investigated the performance and growth of China in neurosciences in national and
global context during 1984-2001 and 1999-2008 respectively9, 10, while studies from other
research groups analyzed neuroscience literature published on Chinese journals sometime
between 1998 and 201011-13. The research foci of these literatures were largely given to the
number and quality of publications, impact of journals, citation counts, sources of funding,
as well as rankings and characteristics of the most productive institutions. However, none
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of the previous studies have identified leading institutions in the active research area from
a network-based systemic perspective and further investigated their thematic behavior.
In this context, this article makes use of co-authorship to generate a network of collaboration at institutional level on the pharmaceutical research of clinical neurology in greater
China during 2008 to 2013 based on published literature in leading international journals,
intending to find out which institutions triggered off the active research field and what
research themes institutional communities have focused on. This work on monitoring research players and thematic behavior in a specific technology area is of great significance
for global relevant researchers, clinicians and investors to navigate in the emerging knowledge domain.

2. Methods

a total of 256 institutes were included in this study, which comprised universities and colleges (44.92%), hospitals and clinics (42.97%), scientific research institutes (8.59%), pharmaceutical and biotechnology companies (3.52%). Among these research units, 60.16%
are located in mainland China, 33.98% are from Taiwan while the remaining 5.86% are from
Hong Kong.
2.2 Collaboration Network Analysis
The institutional collaboration network based on co-authorship relationship is constructed
via a network analysis tool Gephi. Each node in the network represents a research unit.
An edge exists between two nodes if researchers from these two units collaborate on a
research publication. The network layout is determined by the Fruchterman-Reingold
Algorithm, which is a force-directed approach considering the attraction and repulsion
between two nodes and further makes strongly interconnected nodes positioned each
other14.

2.1 Data Collection
This paper utilizes source from the SCIE database of the Web of Science which covers more
than 8,500 world’s leading journals in natural and medical sciences. Scientific articles published during 2008 to 2013 under the subject categories “Pharmacology & Pharmacy” or
“Integrative & Complementary Medicine” combining with “Clinical Neurology”, containing
either “China”, “Taiwan”, “Hong Kong” or “Macao (or Macau)” in the author’s address field,
were retrieved from the database.
A search with the above criteria yielded a total of 629 articles. 65.82% of research in this
sample are supported by government grants, the top funding sources are the National
Natural Science Foundation of China (14.58%), National Science Council of Taiwan (8.56%)
and Natural Basic Research Program of China (also known as the “973 Program”) (3.17%).
Other sources of funding consist of grants from pharmaceutical companies, hospitals,
non-profit organizations, universities and research institutes. More than 92% of sample
articles are published on journals with high ranking in their subject categories.
We extracted bibliographic information including article titles, authors, keywords and authors’ affiliation addresses for analysis. Since our research focuses on the collaborative linkages between Chinese institutes, records of authors belonging to a non-Chinese institute
were removed. Before using these data, we standardized the names of authors and their
affiliated institutes. After standardization and combination of data, duplicate records of
author with identical affiliation addresses within one article were eliminated. Eventually,
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Centrality measurement collected from Gephi, including degree, weighted degree and
betweenness, are utilized to identify the key participants and innovators in the system.
Degree centrality is the number of links connected to a node, it is revealed in the graph by
node size. In this paper, degree tells the number of collaborative partners an organization
has, yet it does not give any information about its strength. To investigate the strength of
an institute, we measure its weighted degree which is the sum of weighted edges connected to it, weighted degree corresponds to the total number of co-publications. Betweenness centrality is a function of the number of shortest paths which pass through a node. It
shows the control of a node over communication flow. Institutes with high betweenness
centrality are regarded as the brokers or gatekeepers of knowledge diffusion. In addition,
thickness of an edge corresponds to the number of collaborations, therefore a thick edge
demonstrates an intense and frequent collaboration between the two units15.
Based on the above statistics obtained from Gephi, we calculated the Jaccard index Jij in
order to describe the relative degree of interdependence between institutes16. It is defined
as:
		
where Yij represents the absolute frequency of co-publication between organizations i and
j. Jaccard index value ranges from 0 to 1, collaborative pair with a high Jaccard index value
indicates that this particular partnership is of great importance to both of them, and they
rely on each other heavily for co-publication.
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2.3 Thematic Community Analysis
It is believed that organizations sharing common interest in a certain area cooperate more
frequently than with others, therefore the ones which are more densely connected are
grouped into communities (or subnetworks) by applying the Louvain community detection algorithm17. Article keywords were studied and the research topics of each community were uncovered using thematic community analysis. We employed a ratio value, RSC, to
illustrate the relevance of a specific keyword S to a community C, it is defined as RSC = fSC /
fS18. This value compares the ratio of occurrence of keyword S in articles from community C
to that from the article set as a whole. The more significant a keyword is to a specific community, a larger RSC value will be obtained.

3. Results
3.1 Leading Institutions in Neurological Drugs Research
Collaborative research network of neurological drugs in greater China is visualized and
depicted in Figure 1. Institutes from mainland China, Taiwan and Hong Kong are colored in
pink, green and yellow respectively. Only the names of the actively participating organizations are shown here. As can be seen clearly, the network is divided into upper and lower
parts by the institutions from mainland China and Taiwan, while the ones from Hong Kong
are integrated into the whole network with connections to the organizations from these
two regions. The unweighted degree centrality of each institute is reflected in its node size,
Peking University ranks first, followed by Shanghai Jiao Tong University, Chinese University
of Hong Kong (CUHK), Chang Gung Foundation and National Taiwan University.

Figure 1. Institutional collaboration network of neurological drug
research in greater China

Note:

This network consists of 256 nodes; each represents a research unit in greater China.
An edge exists between two nodes if researchers from these two units collaborate on a
research publication. Node size reflects the number of collaborators an institute has while
edge thickness corresponds to the frequency of co-publication between two nodes. Organizations from mainland China, Taiwan and Hong Kong are represented in pink, green
and yellow respectively. The blue circle highlights the center of knowledge creation in the
system.
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1. Institutions located in Hong Kong and Taiwan are labelled HK and TW respectively, while
others are from mainland China.
2. WD: weighted degree; LEC: level of external collaboration; BC: betweenness centrality.
Note:

Among the 256 research institutes included in this study, 46 have a weighted degree above
100 and are listed in descending order in Table 1. As mentioned just now, research units
in Shanghai has created a knowledge sharing center and are major contributors to the
neurological research in the country, so it is not surprising to see them rank high in terms
of number of co-publications. From the table, we find the top five organizations based on
betweenness centrality are Peking University, Chang Gung Foundation, CUHK, Taipei City
Hospital and Shanghai Jiao Tong University. They are considered as the brokers of information and resources dissemination that reach different regions in greater China, with large
influence on others’ communications. Level of external collaboration (LEC) describes how
dependent an organization is on collaborative partnerships. 83.79% of all organizations in
the system have a LEC larger than 50%, implying that they focus more on inter-institutional
cooperation rather than intra-institutional ones.

Table 1. Top institutions ranked by weighted degree

From the figure we notice strong linkages between Shanghai institutions (encircled in
blue), they have created a center of knowledge sharing. Shanghai Jiao Tong University,
Fudan University, along with the Shanghai Institute for Biological Sciences (SIBS), are all
leading research institutes in China, constituted with foremost research centers and laboratories specialized in neurological sciences. They cooperate with Shanghai Mental
Health Center, the largest mental health organization nationwide, and other hospitals so
as to build up a close connection between basic science and clinical demand. In addition,
among all organizations from mainland China and Hong Kong, CUHK is the most connected one to the institutes in Taiwan.
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3.2 Collaborative Partners

Table 2. Top institutional partners

Table 2 shows the top ten institutional pairs with tight connection in terms of edge weight
and Jaccard index value. They were sorted out by choosing the ten highest mutually dependent pairs among the fifty most frequently collaborating ones. Apparently, intense
collaborative partners are mainly located in Shanghai and Taiwan, such as, “Shanghai Jiao
Tong Univ-Shanghai Inst Biol Sci”, “Shanghai Jiao Tong Univ-Fudan Univ”, “Taipei Vet Gen
Hosp-Natl Yang Ming Univ”, and “Natl Cheng Kung Univ-Tri Serv Gen Hosp”.
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3.3 Network Communities
Organizations which are more densely connected than to the rest of the network are clustered into community subnetworks. As shown in Figure 2, research units in this system can
be broadly categorized into 6 major communities and are labelled in descending order by
the number of constituent institutes. Node size is proportional to the number of publications involved in a community and thickness of an edge reveals the frequency of co-publication between authors in two communities. Node colors correspond to the community
membership of each node. Institutes from Taiwan and Shanghai are represented in green
and blue respectively, whereas pink symbolizes a combination of all other regions in China
except these two.

Communities 1 and 5 are dominated by institutes from Taiwan while Community 4 is led
by organizations in Shanghai, particularly the ones belonging to the knowledge center.
Communities 2, 3, and 6 comprise research units from various regions in mainland China. The ones from Hong Kong are mainly distributed into Communities 2 and 3, working
closely with Chinese organizations within a community, and at the same time linking the
Taiwan communities to Chinese ones. Since Community 2 includes institutes with highest
betweenness centrality, namely Peking University and CUHK, it emerges as the most connected node in the network.
3.4 Research Foci of Communities
Article keywords in this system cover a wide range of topics in neuroscience, for instance,
genetics, molecules, behavior, brain imaging techniques, neuropharmacology and neuropathology. In order to identify the common research interest of organizations in each subnetwork, we conducted thematic analysis by studying the occurrence of keywords in communities. For each community, keywords are arranged in descending order of frequency;
the ones that account for the top 50% of cumulative frequency are presented here. Words
in bold are keywords with top 10 RSC values, which means they are more relevant to that
particular community than to the others. Communities in this system share common interest in areas like depression, schizophrenia, serotonin and genetic polymorphism. On
the other hand, it is clearly visible that research directions vary between communities and
each of them has its own area of expertise.

4. Discussion

Figure 2. Research foci of thematic communities

Note:

Research units are grouped into communities by applying the Louvain community de-

This paper is a first attempt to describe the landscape of Chinese institutes in neurological drugs research from a network-based perspective and to explore the research foci of
thematic communities. Based on our findings, except the Peking University, the majority
of the leading institutes in this system are located in Shanghai or Taiwan, such as Shanghai
Jiao Tong University and Chang Gung Foundation. On the other hand, institutes from Hong
Kong, particularly CUHK, play an important intermediary role in facilitating academic exchanges between mainland China and Taiwan.

tection algorithm; we then investigate their research directions by community thematic
analysis based on article keywords. Words highlighted in bold are research topics more
relevant to a given community than to the others. Node colors correspond to the community membership of each node, green for Taiwan and blue for Shanghai, whereas pink
symbolizes all other regions in China except these two.
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From the closely collaborating partners, we notice a large proportion of the linkages is
between a university and a hospital or research institute, this can be explained by the fact
that R&D in drugs requires the cooperation between university, research institute and industry. Universities and scientific research institutes are generally regarded as important
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knowledge creators in basic science, while pharmaceutical companies translate the fruits
in academic research into clinical application. However, a translational gap is often found
between academic innovative research and the needs of the pharmaceutical industry19.
Therefore, the Chinese government has been encouraging more collaboration between
the three parties, intending to bridge the gap between the academia, clinics, and industry.
Yet from the results in Table 2, we believe that it will still take some time for the three-party
partnership to be well-established in the neurological drugs R&D in China.

higher production in scientific knowledge. As a consequence, we expect that pharmaceutical R&D can benefit from the expansion of knowledge base in this field.
In future studies, in order to construct a more comprehensive research network, we can
expand our scope of study from domestic to international co-authorships, and explore
how the institutional network and hot research topics evolve over time.

Organizations sharing common research interests tend to cooperate more actively and
form a community subnetwork. By means of thematic analysis, we know that Community 1 focuses on methadone, insomnia, change-in-libido, Treatment Emergent Symptoms
Scale (TESS) and imipramine, while Community 2 gives more concern on neurological soft
sign, reelin and NRXN3. In contrast, Community 3 specializes in coherence-based regional
homogeneity; Community 4 concentrates on case-control study, whereas Community 5 is
proficient at attention, neuropsychological function, interaction and ADH1B. Last but not
the least, Community 6 conducts in-depth research on cytotoxicity test, monoamine test,
AC-5216 and allopregnanolone. Although these communities specialize in diverse research
fields, there are some hotspots which attract the attention of every research group; they
include depression, schizophrenia, serotonin and genetic polymorphism. According to the
WHO, depression and schizophrenia are the leading causes for both males and females for
the disabling burden of neuropsychiatric conditions worldwide1. More importantly, major
depression is the second leading cause of disability in China in 201020. For serotonin and
genetic polymorphism, to the best of our knowledge, there are several neurological drugs
that target the serotonin system and a number of studies have been made on the effect
and association of polymorphism of certain genes on neurological disorders.
Since the development of drugs is becoming an increasingly time-consuming and expensive process, efficient R&D is considered necessary to speed up drug discovery process
and improve the chances of achieving clinical and commercial success. As the Chinese
government is implementing new policies together with growing investment and funding in innovative drug R&D, it is believed that research ability of Chinese institutes will be
more competitive in the near future. With a better understanding of China’s landscape in
the neurological drugs research at the early stage of development, scholars and investors
across the globe can take advantage of the opportunities to select their best candidate
for future cooperation on a particular research subject and to build up their own R&D network in the country. The establishment of new partnership does not merely increase the
co-publication frequency of organizations involved, but also allows the blending of new
perspectives and enriches interaction for information and resource sharing, meaning a
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5. Conclusions

References

In conclusion, prominent and productive organizations in this system are mainly universities, hospitals, or research centers concentrated in a few territories. In order to promote
progress in neurological drugs R&D, knowledge brokers should help in strengthening cooperation across the country, and also between the academia, clinics, and industry. The
results of this analysis provide reference for researchers, clinicians, and investors sharing
common interest to cooperate and in turn enhance efficiency in the drug discovery process.
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Abstract
The microRNA (miRNA) is a kind of short non-coding RNA that binds to genes and
down-regulate gene expression. miRNAs have been proven to function in multiple biological processes and play critical roles in pathogenic mechanisms, especially in cancer
development. As one of the hottest research fields in biomedicine, miRNA has also been
thoroughly studied in China.
This chapter aims to construct institutional collaboration network of cancer-related miRNA
research in China. The network is based on co-publication frequency in the Web of Science,
and analysis of China’s research landscape, which further provides information for investors and researchers in building research partnership.
This chapter, acting as the navigation map of cancer-related miRNAs research in China,
helps to figure out the leading and core research institutes, understand behavior of members and their associations, and even position every member in the system. Moreover, this
work offers insight to policy-making for promotion of the biotechnological research and
development in China.

1. Introduction
With the further development of post-human genome project, scientists are paying more
and more attentions to the non-coding sequences accounting for 98% of the human
genome. In the project, the most notable and exciting discovery was the miRNAs1. The
miRNAs are short and highly conserved non-coding RNAs. As this research work is being
carried out, the release of miRBase contains 28,645 entries representing hairpin precursor
miRNAs, which associate with 35,828 mature miRNA products in 223 species2. miRNAs play
a critical role in regulating posttranscriptional mRNA expression, and have been proven to
be involved in diverse biological processes including cell proliferation, proliferation, apoptosis, death, energy metabolism, immunoregulation and etc3.
Emerging evidences also indicate that dysfunction of miRNAs is associated with various
human diseases, especially cancers4. A number of studies have shown that the location
of miRNAs in tumor is also the hotspot of genetic variations such as human chromosome
deletion, amplification and translocation. They have been mostly discovered through
miRNAs differential expression profiling in various tumor tissue samples. The following
function verification studies demonstrate that miRNAs contribute to tumor formation, de-
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velopment and progression. In recent years, the miRNAs have gained substantial weight
in the worldwide biomedical research community and become a popular sub-field in oncological research.
Studies show that the scientific collaboration in biomedical research contributes to the
expansion of this research field through sharing of scientific resources, reducing risks and
achieving fruitful research outcomes with great impact5. As an important mode in biotechnological innovation and production, the scientific collaboration becomes increasingly
popular6, and co-publication is an important indicator to measure research collaboration
behaviors. What is more, the quantity of co-written papers and the collaboration situation
in certain period can indicate the development speed and quality of scientific exchanges
and cooperation7.
In the past decade, researchers in China have been actively researching miRNAs and have
obtained great achievements. In the database of Web of Science, a scientific research information platform, there are about 14,000 papers on miRNA in recent ten years, among
which 5,000 papers are co-written by authors from China (including Mainland China, Hong
Kong, Macau and Taiwan). These publications totally account for up to 36% of all, which
reflects the vital contributions to the global miRNA research community from researchers
in China and the internationally recognized academic status of China. In this context, this
chapter will unveil the research collaboration modes, and the performance and the regional characteristics of biological knowledge creation in China by virtue of miRNA research
in cancer studies. The direct collaboration relationships between institutions in China will
be exhibited through the collaboration network. This chapter also propose suggestions to
researchers and investors on finding partners for R&D (research and development) based
on results obtained.

2. Data and Methods
This chapter, taking related articles indexed by SCI (Scientific Citation Indexing) as data
samples, uses the social network analysis to visualize and analyze the structure of the collaboration network of related research institutes. Based on network parameters and collaboration analysis, the network’s structural features and institutes’ collaboration behaviors are further explored.
For this research, the advanced search function provided by Web of Science has been used
to retrieve miRNA research publications related to cancer studies in the recent five years,
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i.e., from year 2010 to 2014, with restriction of the scholars from institutes in China (including Mainland China, Hong Kong, Macau and Taiwan). As a result, 1,200 articles have been
retrieved.

Yang-Ming University, and Academia Sinica - Genomics Research Center, Taipei Medicine
University, Chang Gung Medical Foundation and Taipei Veterans General Hospital rank on
the top.

Moreover, further bibliographic data were collected, such as article title, author name,
affiliation, and institution address. To strengthen this work, the raw and messy institution data were normalized following a series of rules for integration. After the normalization, the sample pool of institution includes 479 Chinese research institutions, and
the relationship of co-publications amongst them was analyzed, both of which are the
components of interest to construct the collaboration network.

As shown in Figure 1, institutes from Mainland China occupy relatively central positions
in the network, while those from Taiwan are centralized at the right of the network. And
those from Hong Kong are scattered in the center of the network through frequent interaction between institutes from the Mainland and Taiwan. Institutes from the Mainland and
Taiwan occupy both sides of the network respectively and are relatively independent mutually. As indicated in the network, institutes from Taiwan mainly collaborate with Peking
University and China Medicine University but with weak frequencies and intensities. Thus,
institutes from Mainland China and Taiwan are separated from each other in the network,
showing that less interaction or collaboration exist between the Mainland and Taiwan in
terms of miRNA researches related to oncology. Compared to the situation above, the collaboration between Hong Kong and the Mainland is stronger, and the main and active
collaborative partners in Hong Kong side are The Chinese University of Hong Kong and The
University of Hong Kong. The details about cross-regional collaboration will be discussed
in the later part of this study.

3. Results
3.1 Network Mapping
Based on those 1,200 articles indexed by SCI, the collaboration relationships among Chinese institutes can be visualized and a network of collaborations in recent five years is
mapped, in which, 479 nodes (i.e. 479 institutes) and 1,642 weighted edges are included;
see Figure 1 for relevant results. From the statistical analysis, it can be concluded that 479
institutes from China participated in the collaboration of miRNA researches related to oncology. Of all these institutes, more than 400 are from Mainland China.
Each node represents an independent institute and the edges between nodes represent
the frequency of co-publishing papers for these institutes. Node degree is an effective
conceptual tool to analyze the social network. The size of node represents the weighted
degree. The thickness of edges represents their weight, i.e. the frequency of co-publishing
papers for these institutes. Blue, yellow and red nodes respectively represent institutes
from Mainland China, Taiwan, and Hong Kong. Some nodes occupying obviously important places in terms of high weighted degree are noted with the name of the institute each
node represents (in abbreviation).
In this research, Fruchterman-Reingold algorithm is used to optimize and visualize the
structural layout of the network. According to this principle, i.e. the node with higher
centrality is in the center of the network, the institute represents widely collaborates with
different external institutes frequently. As shown in Figure 1, Nanjing Medical University,
Shanghai Jiao Tong University, Sun Yat Sen University, Fudan University and Tianjin Medical University are in the center of the network. Among institutes from Taiwan, National
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3.2 Centrality Analysis
To observe institutes’ behaviors further, centrality measures are considered as basic tools
to analyze. In this research, the weighted degree, external dependency, and betweenness
centrality are taken as the indexes to be researched.

Table 1. Top institutions ranked by weighted degree

Figure 1. Institutional collaboration network of miRNA research in
cancer in China

Note:

1 WD: Weighted Degree; LEC: Level of External Collaborations; 				

		 BC: Betweenness Centrality.
2 Institutions based in Hong Kong and Taiwan are labelled HK and TW respectively, 		
		 while others are from the mainland of China.
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As shown above, these 50 frequently collaborating institutes cover those from Mainland
China, Taiwan, and Hong Kong. These institutions are universities, hospitals or research institutes. Universities or colleges from Mainland are mostly the top-tier universities or medical universities. Most of their names can be found in the member list of Project 211 that,
an enormous and ambitious project launched by ministry of education in order to develop
the world-class universities. As a result, these universities have superior advantages over
others in terms of elite faculties, talent pools, labor forces and resources. The weighted degree refers to the sum of frequency of edges between each node and its neighbor nodes,
i.e. the sum of edge weight. As defined, the weighted degree is the total number of R&D
collaborations an institute has, i.e. the total sum of the frequency of internally and externally co-publishing papers for the institute. The top five institutes are: Sun Yat Sen University, Nanjing Medical University, Tianjin Medical University, Shanghai Jiao Tong University
and Fudan University. This indicates that these universities occupy central positions in oncological miRNA research and play significant roles in the collaboration network. Top five
institutes in Taiwan are: National Yang-Ming University, Taipei Veterans General Hospital,
Chang Gung Medical Foundation, and Academia Sinica - Genomics Research Center and
National Taipei University. Only two universities from Hong Kong are in the list of the top
50: The Chinese University of Hong Kong and The University of Hong Kong.
Besides, to reflect another concept of centrality, we introduce the betweenness centrality
measures how often a node appears on shortest paths between nodes in the network, i.e.
a node’s betweenness in the network. Intuitively, if a node appears on the shortest path between other nodes, it acts as a “go-between” to control the information exchange between
the nodes. Therefore, the betweenness centrality is an important measure for an institute
to control information flow between other institutes. The Peking University has the highest
betweenness centrality within the whole network, which means it is the go-between of
the network and controls the information flow among most institutes. Following Peking
University in terms of the betweenness centrality, Nanjing Medical University, Shanghai
Jiao Tong University, Fudan University and Sun Yat Sen University also have the advantages
of go-between and they are located in different parts of China: North China, East China,
South China, Hong Kong and Taiwan, fully playing the role of go-between for information
flow in respective areas. They have more positive influence on knowledge dissemination
and play key roles in increasing the research effectiveness of the whole network.
Hong Kong’s government agencies, research institutes or investors may also give more
attention to these institutes with high betweenness centrality. This helps to find other
partners and obtain more abundant information resources through them, and encourages
these institutes to disseminate knowledge to other institutes; Hong Kong could be the hub
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to facilitate sino-foreign collaborations for the purpose of resources sharing and resources allocation optimization. Increasing the investment to institutes with high betweenness
centrality will greatly stimulate the research collaboration and facilitate the resources sharing and knowledge dissemination.
3.3 Analysis on Collaborative Pairs
Besides the analysis on social network centrality, this research also simply analyzes the collaboration tendency of institutions and uses the co-publication frequency, level of external
collaborations (LEC) and Jaccard index and further analyzes the data on R&D collaboration
between institutions by reference of Table 1 and 2.
The internal co-publication frequency refers to the total frequency of co-publishing papers
of researchers in an institute; the inter-institute co-publication frequency refers to the total
frequency of collaboration between an institution and another institution, i.e. the co-publication frequency minus the internal co-publication frequency. On this basis, the ratio of
the inter-institute co-publication frequency and the co-publication frequency can be considered as the external dependency of an institute, reflecting the degree of an institute’s
dependency on external collaboration.
As shown in Table 1, the external dependency and weighted degree (i.e. the co-publication
frequency) are uncorrelated. At the same time, it can also be concluded that although Sun
Yat Sen University, Nanjing Medical University, Tianjin Medical University, Shanghai Jiao
Tong University and Fudan University have the highest weighted degrees, their external
dependencies are very low, because their high co-publication frequency mainly depends
on the co-publication by internal researchers. Overall, the external dependency of institutions from Mainland China, Taiwan and Hong Kong is 0.77, 0.89 and 0.88 respectively.
The results of T-testing indicates that institutes from the Mainland are quite different from
those in Taiwan and Hong Kong, since the latter has high external dependency while the
former has relatively low external dependency. That is to say, more institutions from Taiwan co-publish papers with external institutes while institutions from the Mainland are
more inclined to independently publish papers. One of the reasons for this may be the
relatively conservative academic culture in the Mainland, while Taiwan has a more open
academic atmosphere, and institutions there pay more attention to co-publishing papers
with external partners. Institutions from Hong Kong have more collaboration with international institutions.
The Jaccard index, different from three indicators aforementioned, measures the degree

81

82

Note: 1 Institution’s regional location is the provincial-level administrative divisions of 		
		China.
2 The value of geographic adjacency is yes when the institutional partners are l		
		 ocated within the same region; on the contrary, the value is no.

Table 2. Top institutional pairs in miRNA research in cancer in the network

of mutual collaboration and dependency between two institutions. This index reflects importance of the collaboration relationship in all collaboration between both institutions.
A higher dependency indicates the collaboration relationship is more important for both
institutions, i.e. they are more dependent on the relationship. The pairs of institutions having stable collaboration are listed. As shown in the list of indexes, 75% of all pairs are geographically adjacent, i.e. located in same region or province. One of the factors restricting
the R&D collaboration between Mainland China and other countries or regions may be
the geographic distance. A study on collaboration in scientific research projects in China’s
medical field from Scherngell and Hu concluded that the geographical factor is a major
one affecting the collaboration8. Additionally, the pairs keeping stable partnership mostly
are institutions possessing equivalent R&D capacity to each other, such as the Southern
Medical University and Sun Yat Sen University, National Yang-Ming University and Taipei
Veterans General Hospital, National Taiwan University and its affiliated hospitals. But usually, in more cases, three factors above coexist and “adjacency, equivalence and interest”
become the key influencing factors in building close collaboration relationships. Besides,
the local governance and specific organizational features of institutions in China may also
be an influencing factor causing regional barriers in the network.
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3.4 Cross-regional Collaboration
In this part, the collaborative relations across regions are extracted to profile the regional academic communication in the aspect of oncological miRNA studies. As previously
described, the inter-institutional relationships tend to be generated among the same
region, especially within the Mainland China and Taiwan. However, the aggregation of
Taiwan is drawn into the principle part by the sporadic researches accomplished together with the institutions from the Mainland. Participants from Hong Kong, in contrast, are surrounding some partners from the Mainland, displaying a more intense collaborative relationship with the Mainland China than Taiwan. This obvious distinction
could also be told from the different proportions of regional cooperation, denoting the
rate of collaborative relations across different regions to all the partnerships the specific
region involved, with 82% of Hong Kong, while 3% for Taiwan.

some kind of concentration for Hong Kong’s institutions but appear much more dispersive for their partners from the Mainland (3 institutions are from Hong Kong whereas 26
are from the Mainland). Taiwan, maintaining substantial institutional co-publications,
exhibits not only a non-negligible research strength but also an open collaboration profile in the oncological miRNA studies. However, this partnering custom has been merely
limited within the island, just with little connections with the Mainland and none with
Hong Kong.

Moreover, the details of cross-regional collaboration, referring to the relevant institutional pairs, have been provided in the Table 3. There are 33 pairs scattering in 432 of the
co-publication frequency between the Mainland and Hong Kong, and top 10 relations
with closest collaboration are exhibited in the table. Clearly, the institutions from Hong
Kong are inclined to collaborate with its neighbor province Guangdong considering the
geographic advantage and also with cities of the highest research capacities, i.e., Beijing
and Shanghai. These tendencies contribute a considerable amount of the cross-regional co-publications for both Hong Kong and the Mainland. Southern Medical University
and Sun Yat Sen University from Guangdong province, Peking University from Beijing
as well as East China Normal University from Shanghai play an outstanding role for the
specific academic communications with Hong Kong, and vice versa for Chinese University Hong Kong and University Hong Kong. The relative low Jaccard index indicates the
humbly mutual collaborative dependency between institutions, especially for institutions in the Mainland due to their large amounts of co-publications.
In the case of Taiwan, it tells a different story. A total of 13 institutional pairs covering
80 of the co-publication frequency between Taiwan and the Mainland, and the top 6
relations with more tense collaboration-comparing among all cross-regional relations
involving Taiwan’s institutions-are exhibited in the table. Taiwan’s partners are concentrated in three institutions distributed in Beijing and Liaoning province, i.e., China Medical University and Hospital, China Medical University, and Peking University. More than
the relatively intensive partners within the Mainland, the cross-regional relations within
Taiwan have scattered in 10 distinct participants, also bearing weak mutual dependency. This situation is in contrast with Hong Kong’s cross-regional relations, which show

84

85

Table 3. Institutional pairs across different regions in miRNA research in cancer

4. Implications for Oncological miRNA Researches in China
This work acts as an essential navigation map for oncological miRNA studies, positioning
each institution, the leading institutions and collaborative clusters in the collaboration
system and unveiling their structures and behaviors. Government agencies, research institutions and investors can pay further attention to the leading institutions identified and
consider giving more investment to them. Meanwhile, foreign institutions interested in
transferring research projects to China can regard them as the potential partners.
Increased investment on biomedical researches facilitated the research capability of China, especially within the Mainland China. It also indirectly strengthened the institutional
partnerships and cross-regional collaboration which would leverage the relevant scientific
performance. However, although researchers from Mainland China are actively conducting oncological miRNA research in larger scale, in order to transfer novel knowledge into
clinical and therapeutic application, further efforts should be made to adopt advances
from its cross regional partners. For example, building the powerful intellectual property
protection system, constructing excellent infrastructure, enhancing reliable quality control
system and stringent system of laws and regulations. In this context, the knowledge and
investment in science and technology need to flow smoothly across institutions and regions to accelerate the improvement of scientific and practical innovation.
Researchers, governmental agencies and investors can, according to the scientific and
industrial demands, initiate diversified collaborations in modern scientific innovation activities to accelerate cross-border and cross-regional flow, integrate knowledge with reasonable breadth, depth and strength, keep up with the trends of open innovation and
enhance win-win collaboration in science and technology. This has become the basic
requirement for modern scientific innovation and an important way for today’s research
institutions to improve the capability of innovation.

Note:

The second column lists the institutions-located in Hong Kong, Taiwan, and Macau respectively)-involved in cross-regional collaboration with Mainland China. For Hong Kong and
Taiwan, not all relations with the Mainland are exhibited but some the most intense ones,
while all the collaboration involving institution from Macau is offered.
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Abstract
Given the rapid and widespread emergence of bacterial resistance and the less satisfying antibiotic R&D (research and development) progress made, there is an urgent need to
accelerate antibiotic R&D. In light of the growing complexity and risks of the drug discovery process, R&D of new drugs tends to follow an “open innovation” model. To maintain
efficiency in such a model, it is helpful for antibiotic researchers to receive an overview
of efforts regarding R&D collaboration. This chapter attempts to profile the collaboration
patterns of antibiotic R&D by analyzing collaborative relationships using constructed collaboration networks from both institutional and national levels.
1. Background
Antibiotics are a type of antimicrobial agent used specifically to treat bacterial infections.
A revolutionary form of medicine developed in the 20th century, antibiotics inhibit the
growth of bacteria and reduce infections’ complications and mortality rates1. Resistance to
antibiotics is now a serious threat to global public health. As reported by the Infectious Diseases Society of America (IDSA), nearly 2 million Americans developed hospital-acquired
infections annually as a result of antibacterial-resistant pathogens, resulting in 99,000
deaths2. The spread of resistant and multi-resistant bacterial strains places a significant
burden on healthcare systems and society3.
Despite the need for new antibacterial agents to compensate for the decreasing efficacy
of existing antibiotics, the development pipeline of such products is constrained. Pharmaceutical and biotechnology firms are reluctant to invest in developing new antibiotics as
the market is financially unattractive to them. First, bacterial resistance to new antibiotics
impedes their long-term efficacy, and thus their market life. Compared to drugs used to
treat chronic diseases, antibiotics provide low amounts of profit over short treatment periods4, 5. Second, the growing resistance to antibiotics makes the regulations for market
approval and use of new antibiotics more stringent, which creates additional development
risks6, 7. Third, there are considerable scientific hurdles to be overcome in creating new antibiotics, especially identifying new lead compounds8.
We are facing with a paradoxical situation, wherein increasing resistance to antibiotics is
leading to a waning trend in new antibiotic development. As the challenges inherent in
drug development have increased, no single organization has been able to internally master and control all the various factors required to develop new, effective medicine. Collaboration, especially inter-institution and cross-country collaboration, would be important
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to help reinvigorate antibiotic development. Collaboration would give companies easier
access to new antibiotics and also follow an “open innovation” model9. This chapter analyzes the current landscape of collaborative antibiotic R&D by investigating partnerships
in pipeline projects with the intent of providing insight into the facilitation of antibiotic
discovery.

2. Methodology
2.1 Data Collection
R&D projects were targeted to measure collaboration in antibiotic research in an effort to
reflect levels of R&D collaboration directly. Since the field of antibiotics has been developing for decades, it is necessary to reliably collect and analyze a wide variety of relevant
pipeline projects. For this study, we retrieved the R&D projects related to antibiotic resistance from the IMS R&D Focus database, which was a powerful tool for evaluating the
progress of R&D pipelines as it covers more than 23,300 drugs in R&D in different development phases10. The database provides comprehensive, well-structured, and project-based
records of trials with up-to-date intelligences, with all data judged and sorted by experts
in the relevant fields. Within this database, all the antibiotic R&D projects were identified
by the action “antibiotic or antibacterial.” A total of 1,761 relevant items were obtained, and
related clinical and collaborative information was also identified.
2.2 Collaboration Networks
Collaborative R&D projects were defined as projects that involved more than two institutions as disclosed in the IMS R&D Focus database, where “institutions” referred to all kinds
of involved entities, including private firms, non-profit organizations, and public establishments. The dataset was comprised of 423 projects that involved collaboration with partners. The collaborative relationships between entities were divided into two types, developing and licensing, which were disclosed by the database.
Social network analysis (SNA), an efficient tool for mapping and studying the linkage (edges or ties) among connected actors (nodes or vertices), was employed to exhibit the overall
collaboration profile of antibiotic R&D. The institutional network was constructed based
on the partnerships within institutions involved in the collaborative R&D projects. In this
network, nodes represent institutions and edges represent the interconnections among
these institutions. In instances where more than one collaborative relationship exists be93

tween two institutions, the related edge would gain a value that referred to the number
of partnerships. A loop, starting from and ending at the same node, denotes an instance
of self-cooperation.
To create a profile of international collaboration in antibiotic R&D, the participation of different countries (or regions) can be assumed based on the geographic location of collaborating institutions. The country-based collaboration network was thus generated by condensing the institutional collaboration network, with nodes representing countries and
edges showing international partnerships.
2.3 Network Analysis
A topological analysis of networks helps to identify their structural characteristics. The centrality definition of a node is related to its importance; it has developed various measures
to find central nodes from different topological perspectives11. This study focuses on four
types of centrality measures: degree, weighted degree, betweenness, and closeness. The
degree of a node is defined as the number of edges linked to it, in this case, the number of
partners of an institution (or country). Weighted degree measures the actual performance
of a node by considering the frequency of its relationships. The betweenness centrality
of a node is equal to the number of shortest paths that pass through it; an institution (or
country) with high betweenness centrality serves as a bridge between other institutions
(or countries) in the network as a whole. The closeness centrality of nodes denotes the
direct and indirect links connected to them; it is the average shortest path from a node to
all other nodes. In this study, the network visualization and analysis were accomplished by
an open-source software, Gephi12.

Figure 1. The phase distribution of antibiotic R&D projects

3. Results
3.1 Overview of Antibiotic R&D Projects
1,761 projects related to antibacterial trails were identified in the aforementioned search
strategy, ranging in phase from preclinical to marketed. The projects’ phase distribution
is shown in Figure 1. Nearly half of all the studied projects were preclinical, and the next
highest number was the discontinued trails. Only a small number of agents (12%) were
in clinical development, involving clinical phases I, II, and III. Phase III, the closest to the
market, had the lowest number of projects in development. Considering the rapid increase
in antibacterial resistance, there appears to be a conspicuous gap between the need for
antibiotic R&D to combat bacterial resistance and the low output of the clinical pipeline.
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In order to identify the trends of recent antibiotic R&D, the start year of each project was
also catalogued. This study contains projects with starting dates spanning from 1961 to
the end of 2014. The early records might be incomplete. Only five sporadic cases appeared
in the database between 1961 and 1976, including: priority patent applications on minocycline, filed in 1961; gentamicin, filed in 1962; midecamycin, first launched in 1968;
flumequine, filed in 1971; and idarubicin, filed in 1974, all of which had been marketed
for decades. It is challenging to compile records of R&D on antibiotics decades ago as the
unmet recording system. Although this situation seems inconsistent given the prosperity
of antibiotics in the 1950s and 1960s, we can still construct an R&D profile on antibiotics in
over the past 30 years.

comparatively small number of antibacterial projects in the 1980s. In the 1990s, the increasing prevalence of resistant bacteria, which had gradually come to the attention of
pharmaceutical developers, created a new market for drugs to overcome these resistant
strains. This new market opportunity resulted in the increase in research and development
activities in the mid-1990s. Many of the projects launched in this period failed despite the
commercialization of several new antibiotics, most of which were additions to existing
classes of drug. The highest proportion of projects launched after the year 2000 were still
in the preclinical phase, facing challenges stemming from low projected profits. Due to
short treatment periods, prudent use and regulatory restriction, and scientific hurdles, the
downward trend in antibiotic development has continued since the mid-2000s15. As seen
in Figure 2, only few antibacterial R&D projects launched in this period were pushed to
market. If this trend continues, it would become a serious crisis of public health in light of
increasing incidence of antibiotic resistance and the shortfall of R&D pipelines.

Figure 2. The phase distribution in project starting year

In Figure 2, the time of projects refers to the starting years of the projects which were
obtained in the database. The corresponding phase distribution provides the latest development state of the projects which started in the given year. The data sample focused on
the period of 1977-2014, and the marketed projects were concentrated in the late 1970s
and early 1980s. After extensive antibiotic production emerged globally in the 1970s, there
were so many antibiotics on the market that the profits from the development of new
antibacterial drugs were seriously reduced in the 1980s13, 14. As a result, pharmaceutical
companies reduced funding for their antibiotic research programs, which may explain the
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Figure 3. Phase distribution of collaborative and non-collaborative R&D projects
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3.2 Collaborative vs. Non-collaborative Antibiotic R&D
Among the antibiotic R&D projects in this study, only 24% (423 out of 1,761 projects) have
collaborative partners to conduct the tails. Developers or licensors collaborate under various agreements to co-develop or out-license the programs. The percentages of collaborative and non-collaborative R&D projects across all the developmental stages (including
discontinued and withdrawn programs) are exhibited in Figure 3. Over 86% of the non-collaborative R&D projects were either preclinical or discontinued (50% preclinical, 36% discontinued). This shows that the majority of the projects were still available for collaboration in the preclinical development phase, a phase which entails considerable uncertainty
and risk, or were discontinued before getting partners to aid in their development. Only
a few projects managed to move into the clinical stages. Similar percentage distributions
over the preclinical, clinical, and discontinued phases can be observed in the collaborative
projects. However, a substantial percentage (27%) of the collaborative R&D projects have
been marketed. Comparing this amount to the small percentage of marketed, non-collaborative projects (3%), highlights the influence of collaboration on antibiotic R&D: the vast
majority of projects that made it to the later clinical phases and to market are the result
of collaborative effort. It is reasonable to assume that this is due in part to the fact that
the late development phases tend to require more resources to push the project forward,
especially as the cost of R&D increases, a problem which can be surmounted through partnerships.
There are 480 total institutions from 40 countries involved in the 423 collaborative projects
in this study, whereas only 417 institutions from 31 countries participated in the development of the 1,338 non-collaborative projects (Figure 4). Furthermore, only 156 out of
417 institutions utilized partnerships in addition to building up their pipelines individually,
while 261 developers never had opportunities to collaborate with others to develop their
agents as most of them discontinued their programs or never left the preclinical phase.
More than 300 institutions, mostly small and medium enterprises (SMEs), participated in
antibiotic R&D by collaborating with others. At the same time, more developing countries
(Chile, Brazil, Argentina, Egypt, Indonesia, Pakistan, etc.) have become involved in the antibiotic development process through international agreements among institutions. Small
companies tend to lack financial stability, as well as ability to market and distribute a new
medicine, making collaboration with larger corporations or institutions an important part
of antibiotic innovation as it allows ongoing projects to be pushed forward through the
sharing of resources. Collaboration can help bring new medicines to markets worldwide,
improving the public health and allowing for access to antibiotics in developing countries.
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Figure 4. The difference in involved participants between collaborative and
non-collaborative R&D projects
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3.3 Institutional Collaboration Network in Antibiotic R&D

The overall institutional collaboration network, generated by partnerships in antibiotic
R&D collaborative projects, is visualized in Figure 5. The network contains 480 nodes and

Since dwindling R&D activities result in inactive clinical pipelines, more effective antibiotic
R&D methods need to be implemented to prevent serious health crises caused by antibacterial resistance. Collaborative R&D is an essential strategy to improve antibiotic drug
discovery and development16, 17.

606 weighted edges. The average weighted degree (the average number of relationships
of each node involved) of the network is 3.02. The top 20 actors, those with the highest
weighted degree, are labeled in the network for their close and extensive partnerships
with other institutions; most are large international pharmaceutical corporations (e.g., Pfizer, Sanofi, AstraZeneca, GlaxoSmithKline, Johnson & Johnson, and Bristol-Myers Squibb).
As seen in Table 1, Pfizer has the most partners (40) from around the world, followed by
Astellas (33) and Sanofi (30). Several corporations, Pfizer (USA), Astellas (Japan), Sanofi
(France), AzstraZeneca (UK), GlaxoSmithKline (UK), and Dainippon Sumitomo (Japan) occupying the notable positions in the network from all four centrality measures. That is,
these corporations not only have the most extensive and intensive collaborative relationships (highest degree and weighted degree), but also position as gatekeepers in the network (highest betweenness centrality) and are widely connected with other central nodes
(highest closeness centrality).

Figure 5. Institutional collaboration network on antibiotic R&D.
Note:

The nodes represent the institutions involved in collaborative projects. Edges represent
collaborative relations, and are weighted by the frequency of co-projects. A node is surrounded by a loop if self-cooperation exists. Node size is relative to the weighted degree
centrality of an institution. The nodes with top weighted degrees are colored and labeled.
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Table 1. Top 20 institutions based on various centrality measures in the
institutional collaboration network

The closest partnership (thick edges in the network) exists between NAEJA (Canada) and
Otsuka (Japan), which should be attributed to their active collaboration though the subsidiary pharmaceutical company, Taiho, in the 1990s. The next closest partnership is that
between Novartis (Switzerland) and Pfizer (USA).
We extracted the collaborative projects which were launched after 2000 to determine the
characteristics of recent collaborative R&D. There are 206 collaborative R&D projects started since 2000, nearly half of which were undertaken with partners. The relevant collabo-

The network consists of one large interconnected component and dozens of small components. 69% of the nodes are located in the large component, which implies these nodes
can reach any other nodes in the component through direct routes. It should be noted
that the leading positions of the central nodes in the collaboration network are held by
conglomerates made through mergers and acquisitions. Conglomeration consolidates the
influence of large corporations in the network, such as Fujisawa merging with Yamanouchi
to form Astellas in 2005, Pfizer acquiring Wyeth in 2009, AstraZeneca acquiring Med Immune in 2007 and Novexel in 2010, and so on.
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Figure 6. The institutional collaboration network based on co-projects
launched after the year 2000
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ration network shown in Figure 6 was generated following the same practices discussed
in the methodology section, and the comparison between the total collaboration network
and network after the year 2000 was performed using various network features (Table 2).

Table 2. Comparison between the total collaboration network and
network after the year of 2000

Note: 1 WD = weighted degree.

The shrunken network only includes 276 out of the study’s 480 collaborative institutions;
204 institutions have not participated in collaborative antibiotic R&D in recent years and
have been excluded from the network. With the removal of these inactive institutions, the
number of partner relationships in the collaboration network diminished by nearly two
thirds. The network, accordingly, looks much sparser and has a decreased average weighted degree. Additionally, the largest component of the network also shrank in proportion
to the total collaboration network. These changes reveal a relatively inactive collaboration
profile on antibiotic R&D. Interestingly, most of the collaborative relationships dedicated to
development, rather than licensing activities, were built up in the last 15 years. 38.8% of all
the R&D project partnerships were formed after 2000. While Pfizer and Astellas remained
in the core of the network, they relinquished their positions as the largest nodes to Cubist
and AstraZeneca. Also, the closest partnerships in the new network were formed by collaborations between AstraZeneca and Forest and Cubist and Cempra. In summation, the
collaborative antibiotic R&D projects launched in recent years suggests a serious decline
and a concomitant low-connectivity network.
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Figure 7. Country-based collaboration network of antibiotic R&D.

Note:

The network was generated and transformed by the location identification of institutions involved in collaborative R&D. The nodes represent
the countries involved in collaborative projects.
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3.4 Country-based Collaboration Network in Antibiotic R&D
The country-based collaboration network (Figure 7), transformed by the location identification of participants involved in collaborative R&D, represents the global landscape of
partnerships in antibiotic development between countries. There are 40 countries with
117 weighted ties between them, combined together to form a connective network (only
one component in the network).
As shown in Figure 7, the USA and Japan occupy the central position and have the tightest internal collaboration and the most extensive international partnerships, measured in
global co-projects. Compared to the USA, Japan takes part in a higher number of international collaborative projects, primarily through partnership with the USA. Some European
countries (Germany, Switzerland, UK, Italy, France, and Spain), Canada, and South Korea
form the core group of the collaboration network through their connections with the USA
and Japan, as well as amongst themselves. The partnerships involving these countries (including the USA and Japan) make up more than 90% of the connections in the entire collaboration network. Developing countries are established in the outer layer of the network
and generally participate in international collaboration with members of the core group;
few connections exist among the developing countries themselves. This may be attributed
to their inadequate capacity for antibiotic development, a factor which also accounts for
their tendency to focus on marketing, distribution, and in-licensing activities when cooperating with others.
Similar to the institutional network, a shrunken country-based collaboration network was
generated to observe the partnerships between nations after the year 2000 (Figure 8). The
network contains 29 out of the 40 countries: 11 countries have not been involved in global
collaboration in antibiotic R&D since 2000. Almost all of those 11 countries are developing nations. The collaborative R&D did not insist in the dwindling antibiotic R&D activities
even in the wave of globalization in the 21st century. After 2000, the USA took on an even
more central role as Japan lost its critical position. Meanwhile, the rest of the core group
collapsed. The USA was involved in more than 70% of the post-2000 collaborative relationships. As such, the joint resources of antibiotic R&D were too concentrated in the USA,
causing other countries to suffer from a scarcity of connections.
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Figure 8. The country-based collaboration network according to co-projects
launched after the year 2000
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4. Discussion
The recent shortfall of antibiotic R&D stems from economic, regulatory, and scientific obstacles, a problem which has been exacerbated by growing bacterial resistance18-20. One of
the possible solutions to combat bacterial resistance is the renewal of the depleted pipeline of fresh antibacterial agents with new chemical classes or antibacterial mechanisms.
An overview of collaboration on antibacterial R&D is valuable for making informed decisions and strategies to improve antibiotic R&D. In this study, the collaborative landscape of
antibiotic research was measured by co-projects and collaboration networks in antibiotic
R&D. This not only illustrates the comprehensive situation regarding modern collaboration, but also reveals the relationships of involved actors in antibiotic development.
There was still a greater number of non-collaborative projects in antibiotic R&D than collaborative ones; most of partnerships that were established dealt with licensing activities
instead of early co-developing activities. Many institutions from developing countries
were called upon to facilitate the global marketing and distribution of drugs, which also
explained the inactive interaction after 2000, when only a few new drugs were marketed
or in late-stage development. This kind of cooperation is of little help to the decreasing
effect of existing antibiotics as little effort is being put into early innovation and new drug
development. Since academic research has traditionally been the home of research innovation and its purveyors are the powerhouses of innovative, target-based drug discovery
and fundamental knowledge, public-private partnerships have a significant role to play
in addressing specific issues in access to drugs21. However, the infrastructure of antibiotic
discovery in both academia and industry has fallen to a dangerously low level18. Translation
of new ideas from academia into a marketable antibiotic is difficult, time-consuming, and
expensive. This gap can be filled by encouraging entrepreneurs or collaborators to facilitate development. One of the industry incentives being considered is encouraging open
source approaches and rewarding collaborative agreements with a public or quasi-public
organization. All the stakeholders, including the industry, government, and research institutions, need to consider effective strategies for sustaining the new antibiotic development capabilities brought forward by academia.
While biotechnology companies and SMEs have long been involved in partnerships in the
general drug development field, they also offer new ideas for antibiotic discovery. Translation of ideas into preclinical development is something that such enterprises often do
well, and some can take the ideas forward into early stage clinical trials, as indicated by the
large percentage of preclinical projects available for partnering in our dataset. To encourage this, a new grant-giving branch should be proposed and the creation of a new system
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of loans for SMEs in antibiotic development is also necessary18. The organization supporting this sort of collaboration should be built up at a national or international level to bring
together companies that are actually dedicated to antibiotic R&D.
Large corporations took important positions not only in the collaboration network of antibiotic R&D, but also in non-collaborative projects which relied on in-house efforts, collaborations with academia, buying or investing in SMEs, or mergers with other large pharmaceutical companies. Worth noting is the influence of frequent mergers and acquisitions
(M&A) on antibiotic R&D. From a business perspective, M&A are often considered to be
attractive as they remove duplication, reduce costs, and produce synergy22. However, it
has been suggested that major mergers not only make cuts to R&D, but eliminate entire research sites23. After a major merger, the rate of progress of compounds in the development
pipeline is dampened as the acquirers discuss which R&D programs should be integrated
or discontinued. The initial focus is on the phase III trials, followed by mid-stage agents,
with the early-stage programs handled last. Thus, early-stage R&D is slowed. Furthermore,
the acquired resources would likely be re-purposed to fit the development strategies of
the new corporation. Large companies also tend to reduce their investment in other pharmaceutical companies.
Developing countries, or low-and-middle-income countries, face a grim situation regarding antibiotic resistance due to their frail healthcare systems, poor awareness and surveillance, low levels of involvement in antibiotic research, and high susceptibility to bacterial
infectious diseases24, 25. Our results show that developing countries are located in out-layer
positions in the global collaboration network on antibiotic R&D, a situation which has only
gotten worse in light of the recent decline in R&D activities and the tendency to exclude
developing countries from global collaborative R&D. The European and Developing Countries Clinical Trials Partnership (EDCTP), formed in 2003 (and the later EDCTP-2 in 2014),
is an important program that responds to antibiotic resistance by fostering collaboration
and drugs’ clinical development via partnerships between European and African countries.
Multinational projects and collaboration among relevant shareholders, including industry, research organizations, product development partners, and funders, were showcased
to raise awareness. These networking activities could be improved through funding from
multinational projects and strengthened scientific capacity in endemic countries.
The World Health Organization’s (WHO) Global Action Plan on Antimicrobial Resistance was
endorsed in 2015. This plan called for global-scale participation in combating the spread of
antimicrobial resistance, as, “without harmonized and immediate action on a global scale,
the world is heading towards a post-antibiotic era in which common infections could once
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again kill.” One of its strategic objectives is to develop an economic case for sustainable
investment, which aims to support effective and sustainable antibiotic development. Under this plan, member states are encouraged to participate in international collaboration
and to promote partnerships between research institutions in developed and developing
countries, strengthening existing and creating new public-private partnerships, investigating natural sources of biodiversity and biorepositories for developing new antibiotics,
and piloting innovative ideas for financing R&D in order to encourage investment and ensure access to new products. In this framework, developing countries need to implement
national action plans on antimicrobial resistance in collaboration with others to enhance
their R&D capabilities, helping them learn to face challenges both global and endemic.
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Abstract
The HIV (human immunodeficiency virus) entry process, the first step of the HIV replication
cycle, plays a significant role in the subsequent viral infections and human immune system
collapse. Virus binding and entrance into the host cell involves multiple steps, including
viral attachment, co-receptor interactions, and membrane fusion. This sequence of events
offers several potential targets for therapeutic interference. Some antiretroviral drugs that
interact with different targets involved in the entry process have been tested in various
phases, but only two of them were approved for clinical application. This study attempts
to provide an overall research and development (R&D) landscape of HIV entry inhibitors by
reviewing relevant projects (78 projects were collected for this study). The entry inhibitors
have been divided into three classes based on their functional targets: attachment inhibitors, co-receptor inhibitors, and fusion inhibitors. The development profiles are integrated
to provide a clinical overview of entry inhibitors. Furthermore, the performance of each
class of inhibitor in clinical trials is summarized to demonstrate their specific roles in anti-HIV therapy.

1. Background
Human Immunodeficiency Virus (HIV), especially type I, is the main cause of acquired immunodeficiency syndrome (AIDS), which has become a serious medical and public health
problem throughout the world. Since 1981, approximately 78 million people have been
infected with HIV and an estimated 39 million people died due to HIV infection or AIDS. Although various precautionary measures and active antiretroviral treatments have reduced
the number of new infections and deaths every year, the number of people infected with
HIV increased from 32 million to about 37 million in 2014. Currently, nearly 30 drugs with
various action mechanisms have been approved for treating HIV infection or AIDS. These
have helped to improve the quality of life and extend the lifespan of HIV-positive patients
while simultaneously lowering the rates of virus transmission. However, without a normal
immune function and system, patients still suffer from comorbidities including cardiovascular disease, bone disorders, and cognitive impairment1. If the virus is not eliminated
completely, viral replication and progression often causes AIDS to re-emerge as antiretroviral therapies are interrupted2. R&D activities are being undertaken to create new and
more effective anti-HIV drugs with fewer side effects, more convenient administrations,
and stronger ability to overcome resistant viral strains.

life cycle of HIV replication can be divided into several steps, including viral binding and
entry, un-coating, reverse transcription, integration of newly transcribed viral DNA into the
host DNA, transcription of viral proteins, assembly, and budding. The first step of the replication cycle is the entry of HIV to the host cell, which starts with the adhesion of the virus
and ends with the fusion of the membranes of the host cell and virus, implanting the viral
core into the cytoplasm and triggering the subsequent replication events. Drugs targeting
virus entry, known as entry inhibitors, can act independently from the intracellular access,
which makes entry an attractive intervention point in preventing HIV.
The virus binding to the target cell is mediated either by viral envelope (Env) proteins,
comprised of gp120 and gp41 subunits, or host cell membrane proteins. The complicated
series of protein-protein interaction in the entry process is comprised of several phases3.
Firstly, the Env glycoprotein gp120 attaches to its primary receptor on the host cell, CD4.
This binding leads to conformational changes of variable loops of gp120 and the formation of a bridging sheet, allowing for the engagement of a co-receptor. Secondly, the co-receptor, CCR5 or CXCR4, binds, a process which induces the exposure and insertion of gp41
fusion peptide into the host cell membrane. Thirdly, viral and host membranes tether together, mediated by Env, via the formation of a six-helix bundle of gp41, which brings the
opposing membranes into close apposition and opens the membrane fusion pore. Then,
the membrane fusion complete, the viral contents can enter into the host cell cytoplasm.
These three phases are all potential targets for HIV entry inhibitors. Entry inhibitors can be
divided into three classes based on which phase they target: 1) gp120-CD4 binding inhibitors, or attachment inhibitors, 2) co-receptor inhibitors, and 3) fusion inhibitors. Enfuvirtide
and maraviroc, targeting the HIV entry process, have already been approved by the Food
and Drug Administration (FDA) in 2003 and 2007 for the treatment of experienced patients. With the emergence of virus strains that are resistant to existing protease inhibitors
and reverse transcriptase, entry inhibitors have arisen at an opportune time.
A growing number of entry inhibitors are currently under clinical development. Recently,
there have been several studies discussing the advances of entry inhibitors, which provide
a general understanding of some potential agents in R&D4, 5. However, the overall R&D
landscape of entry inhibitors is still unclear. This study systematically reviews the available
HIV entry inhibitors from the perspectives of different R&D projects in an attempt to provide an overall understanding of the development of entry inhibitors.

HIV is a virus capable of infecting non-dividing cells with a certain incubation period. The
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2. Data Retrieval
The R&D projects regarding HIV entry inhibitors were collected from the IMS R&D Focus
database, which offers fine-grained scientific and commercial information with a weekly
update on the international pharmaceutical research and development industry. The database collects information from governmental agencies, industry conferences, analyses
of issued patents and scientific publications, and by maintaining contact with scientists
and managers in focal firms. It is a powerful tool to evaluate the progress of R&D pipelines,
from drug discovery to marketing. The data of this study was retrieved by searching the
database with “J5C4 (HIV entry inhibitor)” in the class code field; it returned 78 projects
in different clinical phases targeting the HIV entry process. Information related to these
projects was also obtained and organized, including product name, company information,
phases of development, action of mechanisms, and R&D progress. The observation of the
outcomes of these projects ended in December 2015.
Based on the actions of their agents, the R&D projects were divided into four categories:
attachment inhibitors, co-receptor inhibitors, fusion inhibitors, and others. The specific
target of each drug was also identified, and as an important part of this research, R&D
progress on agents that were designed against the key targets of the entry process was
summarized and discussed.

Figure 1. Development stages of HIV entry inhibitors in pipelines

3. Entry Inhibitors in R&D
3.1 Profile of Drug Development
Given the search principle described above, there are 78 means that can be used to prevent HIV virions from entering human cells. Each one experienced different development
phases, from discovery to the marketing stage, as seen in Figure 1. Nearly half (45%) of the
projects are in the preclinical phase, an early phase in drug development that takes place
before a drug is tested on people. 16 projects were discontinued, 20% of all the entry inhibitors in the study. The number of projects in the discovery, preclinical, and discontinued
stages makes up more than three-quarters of all the studied entry inhibitors, suggesting
that huge amounts of effort and remarkable risks are present in the activities required to
develop effective drugs. There are also 16 agents in clinical phases, or, to be more precise,
there are 8 in clinical phase I, 5 in phase II, and 3 in phase III. Only two entry inhibitors have
been approved for marketing by the US FDA. The first is enfuvirtid, and the other is maraviroc, both of which will be discussed in the following sections.
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Since the actions of the anti-HIV entry process are divided into four types, the action distribution of the R&D projects was illustrated in Figure 2, accompanying information on the
drugs’ targets. What should be noted is that the projects in the discovery phase have been
excluded because those programs, as defined by the database, have no lead compounds
identified. Therefore, 69 projects with specific lead compounds were analyzed in the subsequent discussion. As shown in Figure 2, half of the HIV entry inhibitor projects with lead
compounds are co-receptor inhibitors, which mainly target CCR5 and CXCR4. Among
them, 27 projects are CCR5 inhibitors. The other three actions, attachment inhibitors, fusion inhibitors, and others, are less frequently developed, almost equally splitting the other half of the projects among themselves. The developed attachment inhibitors include 8
drugs that target gp120 and 4 agents targeting CD4. All 11 of the fusion inhibitors target
Env gp41, though via different strategies. The category of “others” contains drug actions
that could not be associated with specific HIV entry phases, like glycosphingolipid compounds. Thus, this kind of inhibitor is not included in the scope of the following analysis.
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Figure 2. Target distribution of HIV entry inhibitors in different actions
Figure 3 synthesizes information from diverse perspectives to offer an integrated drug
development profile of entry inhibitors with those in preclinical stages in the outer layer,
those in clinical development in the middle, and marketed drugs in the center. The capacity for inhibitors shrinks from layer to layer as the clinical process moves on. The two
FDA-approved drugs, enfuvirtid and maraviroc, function as a fusion inhibitor and CCR5
co-receptor inhibitor respectively. There is an attachment inhibitor (ibalizumab), a CCR5
inhibitor (PRO-140), and a fusion inhibitor (albuvirtide) currently in phase III clinical testing,
whereas CXCR4 co-receptor inhibitors are still in early phases of studies. Only one agent
of a CXCR4 inhibitor, AMD-070, has been pushed into phase II development; others have
either been discontinued or are still under preclinical study.

Figure 3. Therapeutic agents against distinct targets of HIV entry process in
each clinical phase

Anti-HIV entry agents are mostly developed as small molecules or peptide/protein-based
inhibitors administered orally or via injection, whereas agents like 5P12 RANTES, a CLL5
analogue, are vaginally administered in early-phase testing. Some entry inhibitors are formulated as fixed-dose combinations and exhibit synergistic effects when combined with
other anti-AIDS drugs.
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3.2 Attachment Inhibitors
The initial step in viral entry is binding the HIV Env gp120 to the primary receptor CD4 on
the surface of T-helper lymphocytes or macrophages, making it an attractive target for virus inhibition. Attachment inhibitors involve agents that interact with the gp120 subunits
or CD4 on the target cell to inhibit Env-receptor functions. A total of 12 drugs are being
developed as gp120-CD4 inhibitors (Table 1).
Table 1. Attachment inhibitors in pipelines

Potential targets of drugs aimed at gp120 include the CD4 binding site, the chemokine
receptor interactive sites, and the V3 loop, all of which are conserved motifs in gp120. Bristol-Myers Squibb is developing the small molecule BMS 488043 for the treatment of HIV-1
infection. The agent is a lead from a series of molecules that block viral entry by binding to
a specific region within in the CD4 binding site of Env gp120 and preventing the gp120CD4 interaction. The safety, tolerability, and pharmacokinetics of BMS 488043 have been
evaluated in two placebo-controlled studies involving healthy adults6. The HIV-1 infected
adults without a medical indication for antiretroviral therapy were given either 800 or 1800
mg BMS 488043 or placebo twice-daily administration for seven days. The results showed
that BMS 488043 produced a greater than 0.7 log10 copies/ml decrease in plasma HIV1 RNA levels within acceptable performance and safety parameters. This evidenced that
this class of attachment inhibitor is not only effective, but can also promise safety and
tolerability without serious adverse effects. The pharmacokinetic results implied that the
exposures to BMS 488043 were kind of dose-related but less dose-proportional, relying on
administration with a high-fat meal which caused absorption rate-limited pharmacokinetics. Further optimization of this drug is needed to improve bioavailability and reduce its
associated dietary limitations.
The other small molecule attachment inhibitor, FP 21399, was developed by Fujifilm and
Lexigen. It interacts with the V3 loop of the viral envelope to prevent viral infections, and
exhibits less toxicity than the other available reverse transcriptase inhibitors. Besides the
two small molecules, other attachment inhibitors, such as peptide- or antibody-based
agents, have been developed. In early attempts at HIV entry inhibitors, some of these
agents, PRO 542 for example, were designed as recombinant soluble CD4 molecules that
lacked the transmembrane and cytoplasmic parts of CD4, but retained the capability to
connect to Env gp120 subunits. Moreover, several agents were isolated and identified as
inhibitors with binding activities to specific residues on the glycoprotein gp120. These
agents include MVL and griffithsin, both of which are in preclinical development.
Ibalizumab, a humanized immunoglobulin G subclass 4 (IgG4) mAb to CD4, has undergone
extensive clinical tests for safety, resistance, and antiviral activity in terms of its potent capacity for binding to the second domain of CD4. Phase I studies of intravenous ibalizumab
showed a dose-related reduction in plasma HIV-1 RNA levels and an increase of CD4+ T cell
counts in HIV-infected subjects within 24 hours of dosing7. A phase Ib multi-dose study of
the safety, pharmacokinetics, and antiviral activity of ibalizumab was conducted in highly
treatment-experienced patients and demonstrated a greater reduction in HIV-1 RNA levels
(1.7 log10 at maximum) without serious drug-related adverse effects8. Subsequently, a 24week phase IIb randomized, double-blind study was conducted with dosing at either 800
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mg every 2 weeks or 2000mg every 4 weeks, which were well tolerated and resulted in significant viral load reductions over 24 weeks9. All data supports the continued development
of ibalizumab as a potent method to combat HIV infection. Recently, ibalizumab’s developer has entered a 12-year collaboration with Theratechnologies to co-develop, market, and
distribute ibalizumab in the US and Canada, which should accelerate the remaining clinical
studies and encourage effective application of the drug.

Table 2. CCR5 co-receptor inhibitors in different development stages

3.3 Co-receptor Inhibitors
Following the virus’ attachment to the host cell surface by CD4 binding, Env interacts with
a co-receptor to mediate HIV infections. Inhibitors of co-receptor interactions are a broad
category of HIV entry inhibitors, which use proteins, small molecules, and monoclonal antibodies to obstruct functional Env-co-receptor interactions. HIV-1 isolates can be distinguished, based on their chemokine co-receptor usage, into three classes: R5 viruses using
CCR5, X4 viruses using CXCR4, and R5/X4 strains using both CCR5 and CXCR4. R5 strains
predominate in the early development HIV and are mainly responsible for viral transmission between HIV-infected patients, while X4 and R5/X4 are rare in early stages of the disease and evolve in later stages. The R5 strains ultimately evolve into X4 or R5/X4 isolates in
nearly 50% of HIV-1 positive individuals, leading to faster disease progression10.
3.3.1 CCR5 Co-Receptor Inhibitors
CCR5 is considered an appealing target in ccr5 32 homozygote individuals (32 base pair
deletion in both copies of ccr5 gene) without being effectively CCR5-negative. There are 26
agents that have been developed as CCR5 co-receptor inhibitors in various clinical phases (Table 2). The approaches used include CCR5 small molecule antagonists, CCR5 monoclonal antibodies, and covalently modified natural CCR5 ligands. Among them, only a
small-molecule CCR5 antagonist, maraviroc, is currently approved for clinical use. Several
orally available compounds, cenicriviroc, ancriviroc, TBR 220, and INCB 15050, are currently
undergoing phase I or III clinical trials. A few agents have been discontinued after progressing into the late clinical phases, such as aplaviroc (discontinued in phase III), vicriviroc
(discontinued in phase III), and INCB 9471 (discontinued for licensing in phase IIa). These
achievements on small molecule CCR5 antagonists demonstrate their promise as therapeutic antiviral drugs
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Maraviroc, developed by ViiV Healthcare, a company set up by combining HIV/AIDS therapy businesses of GlxoSmithKline and Pfizer, is an orally bioavailable CCR5 antagonist with
potent in vitro and in vivo anti-HIV-1 activity against R5 viruses in low nanomolar concentrations11. The antiviral efficacy of maraviroc was determined in a pair of phase III randomized, placebo-controlled trials (MOTIVATE 1 and 2) 11, 12. The US FDA approved maraviroc
under the brand name Selzentry for treating treatment-experienced adults infected with
CCR5-tropic HIV-1 in combination with other antiretroviral agents.
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Cenicriviroc, developed by Tobira, can effectively target both CCR2 and CCR5 simultaneously by performing antiretroviral and anti-inflammatory activities. It is dosed once daily
and has a longer half-life than maraviroc. The phase I and phase IIa studies of cenicriviroc
identified a significant reduction in plasma HIV-1 RNA levels (up to 1.8 log10) without serious adverse events13, 14. A 48-week randomized phase IIb study has recently been completed. Cenicriviroc showed efficacy and favorable safety performance in treatment-naive
HIV-1-infected adults with the R5 virus, results which support the subsequent phase III
studies15.

Table 3. CXCR4 co-receptor inhibitors in different development stages

Orally bioavailable small molecules might have the most therapeutic potential as co-receptor inhibitors given their application convenience and advantage in production cost as
compared to monoclonal antibodies (mAb) and chemokine derivatives. However, broad
and potent neutralizing monoclonal antibodies to HIV-1 entry targets are identified at an
accelerated rate for their effective and long-lasting anti-virus performance.
PRO 140 is a humanized IgG4 mAb directed to a complex epitope comprising multiple extracellular domains on CCR5. A phase I study in HIV-1 infected individuals demonstrated a
1.7 log10 mean reduction in plasma HIV-1 RNA levels at doses of under 5mg/kg with no serious adverse events16. A phase IIa study was subsequently initiated to assess the antiviral
activity, tolerability, and pharmacokinetics of weekly or biweekly doses of PRO 140, which
showed that this agent demonstrated potent and prolonged antiretroviral activity and was
generally well tolerated without serious drug-related adverse effects17. Additionally, PRO
140 proved active against HIV strains resistant to small-molecule CCR5 co-receptor inhibitors such as maraviroc18. In August 2015, the developer CytoDyn initiated an open-enrollment 25-week phase III study of PRO 140 for treating HIV-1 infection.
One of the significant concerns in CCR5 antagonist therapy is the potential of drug immune modulation resulting in the promotion of emergence of X4 virus strains, which
would advance the progression of the disease. R5 viruses could adapt to use CXCR4 to escape inhibitors that hinder CCR5 binding19. For example, the virus’ failure to maraviroc was
related to the increased prevalence of X4 strains in 57% of tested individuals as a repeat
tropism test at the time of failure12. Furthermore, individuals with R5/X4 strains at baseline
who were dosed maraviroc achieved a lower virologic response and smaller CD4 increase
as compared to CCR5-usage individuals12. Careful monitoring of co-receptor tropism is certainly required in the evaluation of the clinical efficacy of CCR5 inhibitors.
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3.3.2 CXCR4 Co-Receptor Inhibitors
CXCR4 is also a potential co-receptor target for antiretroviral intervention with a distinct
development profile from CCR5 inhibitors. Table 3 lists the agents of CXCR4 antagonists in
different pipeline stages; all 7 of the agents were developed as small molecules.
AMD 070, an orally bioavailable AMD 3100 derivative developed by AnorMED (now Genzyme), is under clinical study due to its potent anti-HIV activities. Results from an open- label, dose-escalation phase I trial of 30 healthy volunteers demonstrated that AMD 070 was
a safe, well-tolerated drug20. A phase Ib/IIa XACT (X4 Antagonist Concept Trial) trial of AMD
070 in subjects with HIV infection has since been initiated. Before the study on AMD 070,
AMD 3100 was a bicyclam compound first shown inhibition on T-cell-tropic HIV strains, but
its development for HIV therapy had been halted because of its adverse effects and lack
of oral absorption21. There are several analogs to AMD 3100 that were developed as active
CXCR4 antagonists still in preclinical studies, such as AMD 3465 and AMD 8664.
There are fewer relevant development studies on CXCR4 inhibitors than on CCR5 inhibitors
due to the unavoidable challenges that exist in CXCR4 antagonist development. Considering the essential functions of CXCR4 and its ligand SDF-1 in normal development in mice,
CXCR4 inhibitors may interfere with this relationship and cause adverse consequences in
humans. It is difficult to develop a CXCR4 antagonist that blocks HIV entry without disturbing any other CXCR4 down-stream signaling. On the other hand, X4 viruses usually emerge
as co-receptor switches from R5 strains and exist as mixtures together with R5 viruses, so
inhibiting just the X4 virus population may lead to disappointing therapeutic results. The
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combination of CCR5 and CXCR4 inhibitors could prove effective, although it is possible for
viruses to adapt to use other alternate co-receptors. However, the development of CXCR4
inhibitors is still delayed in the early clinical phases.
Table 4. Fusion inhibitors (gp41 inhibitors) in different development stages

3.4 Fusion Inhibitors
Env gp41 plays a critical role in HIV entry by changing its conformation as a reaction to
gp120 binding to CD4 and a co-receptor, which makes it an attractive target to prevent
HIV entry. Peptides derived from the N-heptad repeats (NHRs) or C heptad repeats (CHRs)
of the gp41 extracellular region have demonstrated potent HIV inhibitory activities by interacting with their counterpart regions in gp41. They are likely made by peptide synthesis
or produced as recombinant peptides or proteins, depending on the length and stability
in vivo. 9 out of 12 fusion inhibitors in pipelines are developed based on peptides (Table 4).
One of these peptides, enfuvirtide (T-20), became the first and the only accredited success
in this class of anti-HIV agents, approved by the US FDA in 2003.
Enfuvirtide, developed by Trimeris and Roche, is a 36-mer synthetic oligopeptide the sequence of which is derived from residues 638–673 of the CHR region of the gp41 subunit.
It blocks HIV-1 entry by impeding the interaction between CHR and NHR, thus resulting in
the inhibition of a broad spectrum of HIV-1 isolates and suppression of viral replication in
HIV-1 infected patients.
As viruses grew more resistant to enfivirtide, new generations of peptide fusion inhibitors and engineered T-20 sequences, have been developed to increase in vivo stability and
NHR binding affinity and to overcome T-20 resistance. Tifuvirtide (T1249) was designed
by Trimeris’ researchers as a second-generation HIV-1 fusion inhibitor following T-20. Tifuvirtide includes all the T-20 and C-34 binding domains and shows enhanced anti-HIV-1
activity against enfuvirtide-resistant viruses. It was studied in phase II clinical testing, but
its development was terminated because of its side effects. Afterwards, Trimeris designed
a third-generation peptide fusion inhibitor which was based on the C-38 sequence. An example of this kind of inhibitor is TRI-1144, which is expected to possess enhanced efficacy
and a greater resistance profile than its predecessors. The development of TRI-114 is in a
phase I clinical study.
Albuvirtide, chemically related to enfuvirtide, is a new peptide-based and the first long-acting HIV fusion inhibitor, and is being developed in phase III clinical study by Frontier Biotech. Its early clinical testing showed that albuvirtide had a potent and broad anti-HIV-1
activity with a much longer half-life than enfuvirtide22. Also, it was evaluated clinically
when administrated under combination therapy with other antiretroviral agents (lopinavir/ritonavir). The preliminary results showed the co-administration had little effect on albuvirtide exposure, which provided basis for further evaluation23.
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The primary limitations of peptide-based fusion inhibitors are their lack of oral bioavailability, the inconvenience of frequent administration by injection, and their high cost of
production. Advances in fusion inhibitors are committed to overcoming these limitations.
One of the most promising approaches is the design of effective small molecule inhibitors
targeting gp41. Many efforts have been made to develop small molecule fusion inhibitors
via molecular docking to design and synthesize agents or screen natural products and
microbicide candidates, but there has been no significant improvement in their anti-HIV-1
potency. As exhibited in Table 4, only 3 small molecule fusion inhibitors are being developed under preclinical studies. The challenge to find cheaper and effective drugs to overcome the limitations of existing peptide fusion inhibitors persists.

4. China’s Role in the Drug Development against HIV Entry
As the most populous country in the world, China faces a severe challenge in the prevalence of HIV/AIDS despite a relatively low per capita infection rate. In 2013, there were
more than 800,000 people living with HIV in China, and 28,000 people died of AIDS-related
causes. Remarkable progress has been made in enhancing HIV prevention and improving
treatment care and support in China in recent years24. As early as 2004, China established
a unified, web-based HIV/AIDS information system, unique in the global society. China is
an enormous market for antiretroviral drugs simply because of its huge population, a fact
which gains it a great deal of attention from the global pharmaceutical industry. It also provides the potential to improve China’s engagement in new HIV/AIDS drug development.

The Chinese government has set grants for the research and development of treatments
for HIV infections from Chinese Traditional Medicines. Through this research, herb medicines may provide a fresh strategy to develop new entry inhibitors.

5. Conclusions
Although there are a variety of entry inhibitors with different targets being developed in
pipelines, only two drugs, maraviroc and enfuvirtide, have been approved for clinical application. Resistance to these drugs is emerging, and there have been no new entry inhibitors introduced to the market for nearly ten years. The success of entry inhibitors relies
on a complete understanding of the biological basis of the HIV entry process, including
the R5-to-X4 switch of tropism and the key protein structure of gp41. Currently, there are
several potential entry inhibitors in clinical phases that have already achieved fine clinical
results. These promising developments may provide new concepts in the management
and prophylaxis of HIV infection in the coming years.

However, China exhibits a relatively low rate of adoption of entry inhibitors as compared
to other classes of antiretroviral drugs or vaccines. There are two HIV entry inhibitor agents
in pipelines based upon Chinese firms’ involvement: a CCR5 co-receptor inhibitor and a
fusion inhibitor. The study of the CCR5 inhibitor, co-developed by TargetDrug (China) and
Avexa (Australia), was discontinued. The fusion inhibitor albuvirtide, developed by Frontier
Biotech (China), is under phase III evaluation in China. In addition, a phase III drug, ibalizumab, is being developed by TaiMed’s manufacturing partner, the Shanghai-based WuXi
PharmaTech (China). If approved, ibalizumab would be the first biologic product manufactured in China to be launched in the US market.
It is worth noting that medicinal herbs are being used in the treatment of HIV positive subjects and AIDS patients and being investigated intensely as sources of drug compounds in
China. These practices seem like reasonable and effective means for HIV inhibition via different actions, including hindering HIV entry process, as demonstrated in some studies25.
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Abstract
Monoclonal Antibodies (mAbs) have become a major class of biopharmaceutics for the
treatment of major human diseases including cancers and autoimmune diseases. Consequently, the market for mAbs is the fastest-growing sector of the biopharmaceutical industry. Cross-institutional and cross-country collaboration is increasingly important in the
R&D (research and development) of therapeutic mAbs. We analyzed collaboration patterns
by capturing collaborative relationships in mAb R&D. To this end, the network analysis,
a promising method for defining and assessing complex collaborative relationships as
shown previously by other investigators, has been employed. More specifically, our study
aims 1) to visualize the overall institutional collaboration network; 2) to identify the key
firms and the behavioral characteristics expressed in the network; 3) to investigate special
collaboration patterns among the firms in the network; and 4) to detect the evolving patterns of R&D collaboration from a country-based perspective and understand the changing positions of specific countries throughout the development period. The results of our
analysis may help the stakeholders of mAb R&D to make decisions in seeking collaboration
partners.
Keywords: Monoclonal antibodies; Research and development; Network analysis; Institutional collaboration network; Country-based collaboration network

1. Introduction
Monoclonal antibodies (mAbs) are identical antibodies produced by a single clone of immune cells and attack only specific target antigens. The first mAb for human therapeutic
use (Orthoclone OKT3) was approved in 1986 by the U.S. Food and Drug Administration
(FDA) for the treatment of acute kidney transplant rejection1. MAbs have become a major
class of biopharmaceutical products for the treatment of cancers, autoimmune diseases,
infectious diseases, transplantation, asthma, and etc. The market for mAbs is the fastest-growing sector of the biopharmaceutical industry2, 3. In 2013, six of the top 10 best-selling drugs were mAbs. The tremendous commercial potential drives the considerable
worldwide research and development (R&D) activities on mAb clinical applications, and
the traditional pharmaceutical industry, in addition to the young biotechnology sector,
has shown much interest4.
With the rapid development of science and technology, the growing complexity of the
drug discovery process, higher uncertainty surrounding R&D as well as the escalating costs
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of innovation, conducting R&D of new drugs that relies completely on in-house efforts is
becoming more difficult for firms. Scientific and technological breakthroughs are the result
of the integration of contributions from multiple actors or sources5, 6. These partnerships
are reflected in the “open innovation” model that describes innovative firms as increasingly
utilizing ideas and knowledge provided by not only internal R&D but also a broad range
of external sources and actors, including those located in foreign countries7. Thus, collaboration, especially cross-institutional and cross-country collaboration, helps to access the
required resources.
Figure 1 shows the annual rate of collaboration in mAb R&D and illustrates that the level
of collaboration in R&D has been rising for the past 30 years, especially the last five years.
Collaborative partnerships are playing an increasingly important part in the R&D process
of mAbs and receiving more attention from developers. However, although many studies
have reviewed the R&D of mAbs from the technology or market perspective2, 8, 9, few studies have investigated the collaboration patterns of mAb R&D, which would be beneficial
for understanding the R&D process and further help to accelerate the pace of innovation.
Thus, we analyzed collaboration patterns by capturing collaborative relationships in mAb
R&D. Network analysis, a promising method for disclosing and assessing complex collaborative relationships, has been successfully employed in numerous studies10-12. In general,
constructing and analyzing collaboration networks may provide an overall picture of the
collaboration patterns in mAb R&D.
The current study differs from previous studies by shifting attention to the collaboration
patterns in mAb R&D. The objectives of this study were as follows: first, to visualize the
overall institutional collaboration network; second, to identify the key participants and
the behavioral characteristics expressed in the network; third, to investigate special collaboration patterns among the institutions in the network; and fourth, to detect the evolving patterns of R&D collaboration from a country-based perspective and understand the
changing positions of specific countries throughout the development period.

2. Methods
R&D collaboration has been empirically investigated by using various measurable indicators such as co-patents, co-publications, and R&D projects13-15. In this study, R&D projects
were used to measure the collaboration in mAb R&D in terms of the importance of projects
that reflect R&D collaboration, especially in the dramatically evolving technology fields.

137

IMS R&D Focus is a comprehensive, well-structured, and project-based database that monitors the progress of new active substances through the R&D pipeline, from the discovery
phase to the marketing phase. A total of 2,441 pipeline projects on mAbs were retrieved
by searching with the criteria “mechanism of action: monoclonal antibody” in the IMS R&D
Focus database. The data is refined in institutional collaboration projects, which involve
more than two institutions disclosed in the IMS R&D Focus database. The collaboration
relationships in these projects are broad and varied, such as technology transfer, technology licensing, technology alliance, and joint R&D. In addition, information on institutions
involved in the sampled collaborative projects and their geographic location was also collected.

A full counting procedure was followed, that is, a project developed by n institutions produced n*(n – 1)/2 links that can be counted16. For instance, for a project involving three
institutions, three links were counted: between institution a and institution b, between
institution b and institution c, and between institution a and institution c. The strengths
of the institutional and accordingly country-based collaboration were calculated based
on the accumulated project collaboration links. The data set in this study comprised 843
institutional collaboration projects launched from 1985 through 2013, involving 879 links
between 530 institutions in 38 countries.
The network analytic perspective was employed in this study to describe patterns of R&D
collaboration. Social network analysis (SNA) is the mapping and measuring of relationships
and flows between connected actors; it views relationships in terms of network theory
consisting of nodes (also called vertices, points, or actors) and ties (also called edges, links,
or connections). SNA enables us to identify and describe the general picture of collaboration in mAb R&D and to capture the role and position of a single institution and country
in the network.
The set of relations within and between institutions, as measured with R&D partnerships
in all pipeline mAb projects in the data sample, is a network in which nodes represent institutions interconnected by edges that represent the collaborations within and between
them. Similarly, an institutional collaboration network can be condensed into a country-based collaboration network according to the geographic location of the institutions,
where nodes represent countries and edges international partnerships based on institutional projects.

Figure 1. Illustration of the annual rate of collaboration in mAb R&D
from 1985 to 2013.

Note:

All projects in this study were gathered from IMS R&D Focus. For details, see the Methods section. The annual rate of collaboration was calculated with the following formula:
(the number of collaboration projects launched in year x / the total number of projects
launched in year x) / (2014-x); x refers to a specific year between 1985 and 2013.
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Within graph theory and network analysis, many indicators analyze the structural and topological characteristics of the network, as well as the roles of specific nodes. The centrality
index has been widely adopted in studies of networks17; the index examines the prominence of a particular node, thus representing the extent to which a node is located at the
center of the entire network. Various measures determine the centrality of a vertex, each
of which has its own unique characteristics. This study focuses on four types of centrality
measures: degree, weighted degree, betweenness, and eigenvector centrality. First, degree
centrality is defined as the total number of edges connected to a node, and is interpreted
as the extent or level of prestige a node in the network with regard to the number of connections the node has. However, weighted degree is used more often to understand the
actual performance of a node as this measure counts not only the number of connections
of a node but also the frequency of those connections. Second, the betweenness centrality of a node is the fraction of geodesic paths between any pair of vertices on which this

139

vertex lies. It can be measured by the frequency of one node positioned on the shortest
path between other groups of nodes arranged in pairs. Those nodes, which are located on
the shortest paths between many nodes, therefore hold a key position for controlling the
flow of information within the network (gatekeeper function). Third, the eigenvector centrality accords each vertex a centrality that depends on the number and the quality of the
vertex’s connections by examining all vertices in parallel and assigning centrality weights
that correspond to the average centrality of all neighbors. A high eigenvector centrality
indicates that the node is connected to other nodes that also show many connections, as
opposed to peripheral nodes.

3. Results
3.1 Collaboration Network for mAb R&D
The overall institutional collaboration network () of mAb R&D projects is visualized in Fig.
2; the network contains 530 nodes and 879 weighted edges. The top 25 players with the
highest weighted degree centrality are labeled as such due to their influential roles in the
network, and most are big pharmaceutical firms. Their central positions in the collaboration network in terms of layout strategy indicate broad and strong connections with other
participants. In Table 1, the top 25 players in terms of degree, weighted degree, betweenness, and eigenvector centrality are extracted to understand their varied topological importance.
Some of the biggest pharmaceutical firms, such as Bristol-Myers Squibb, AstraZeneca,
Roche, Sanofi, and GlaxoSmithKline, have the highest centrality values for all four centrality
measures. These firms not only have the most extensive and intensive collaboration with
their partners but are also prominent gatekeepers in the mAb R&D network and are linked
to other central nodes. Some firms, such as Affitech and Peregrine, appear within the top
rankings for only one centrality measure, a meaningful gatekeeper role via high betweenness centrality. Firms in the United States (US) and Europe are the dominant players and
occupy the most important positions in degree, weighted degree, betweenness, and eigenvector centrality due to their long history and strong background in drug research and
development. Interestingly, in addition to US and European firms, Japanese firms exhibit a
significant performance in the entire collaboration network of mAb R&D (e.g., Takeda, Daiichi Sankyo, Kyowa Hakko Kirin, and Eisai), which is attributed to their broad partnership
with leading nodes, such as Amgen, Roche, and Bristol-Myers Squibb.

Figure 2. Institutional collaboration network for mAb R&D
Note:

The nodes represent the institutions involved in collaboration projects. Edges represent
the collaboration relations and are weighted by the frequency of co-projects between
these participants. A node is surrounded by a loop if self-cooperation exists. Node size
is relative to the weighted degree centrality of an institution. The top 25 actors with the
highest weighted degree centrality are labeled in the network. Among them, four key
actors, AstraZeneca, Bristol-Myers Squibb, Roche, and Amgen, are colored. This network
was generated by Gephi, and the layout was determined with the Fruchterman–Reingold
algorithm. Thus, influential nodes are generally positioned at the center while nodes with
weaker connections are found on the periphery of the network18.
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Table 1. Top 25 institutions based on various centrality measures in the
collaboration network for mAb R&D
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3.2 Key Participants
Due to the diverse dominant positions and widest influence, cooperative partnerships
among the leading institutions form the backbone of the collaboration network involved
in mAb research and development. Therefore, the four remarkable performers, AstraZeneca, Bristol-Myers Squibb, Roche, and Amgen, are key participants in the collaboration network. Their partnership profiles are shown in Fig. 3, and the relevant collaborative behavior
is discussed.
Among the four key participants, Bristol-Myers Squibb collaborates with the highest number of entities (highest degree, 57 partners), followed by AstraZeneca (53 partners), Roche
(40 partners), and Amgen (37 partners). All have unique advantages as large firms in R&D
collaboration since forming partnerships usually requires substantial administrative, organizational, and monitoring support19.
The high betweenness centrality for Bristol-Myers Squibb and AstraZeneca (Table 1) suggests their superior gatekeeper roles in the overall collaboration network by essentially
influencing the information flow and sharing of mAb R&D. The firms’ high eigenvector
centrality denotes meaningful links with central nodes; in addition, these two firms are
involved in important connections with peripheral participants (Fig. 3). Roche and Amgen
have comparably low betweenness and eigenvector centrality, but a substantial difference
in determining collaborative partners remains: Roche seems more connected to peripheral institutions than to central ones, while Amgen, a big biopharmaceutical firm, is more
willing to choose large firms as partners.

3.3 Collaboration Patterns among Institutions
A collaboration network consists of diverse collaborative relations among different types of
participants. Thus, in order to conduct a preliminary and representative analysis of the collaboration patterns in mAb R&D, we categorized the institutions in the network into three
types: type 1 is big pharmaceutical firms; type 2 is small or young (biotechnology) firms,
which refers to firms that specialize in biotechnology that are typically small or young and
excludes big biopharmaceutical firms such as Amgen; and type 3 is research institutions,
including universities and non-university public research institutions. Big pharmaceutical
and biotechnology firms are the principal players in the collaboration network for mAb
R&D for the development of applications for products.
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Studies of alliances in the biopharmaceutical industry have shown that strategic collaboration between big pharmaceutical firms and small or young biotechnology firms is the
most common type of collaboration20, and collaboration in mAb R&D is no exception. Almost all of the big pharmaceutical firms involved in the collaboration network for mAb
R&D maintain partnerships with biotechnology firms. These firms generally have dedicated efforts to novel scientific technologies, whereas big pharmaceutical firms possess the
complementary assets to promote and commercialize the product development of a mAb.
Understanding the specific characteristics of biotechnology firms and big pharmaceutical
firms could provide distinct sets of resources along the value chain to accelerate the R&D
of mAbs.
In the collaboration network, research institutions (type 3) are involved in less than onefifth of all collaborative partnerships and are mostly located in peripheral positions, since
these research institutions have fewer connections to the central big pharmaceutical firms
but construct close collaboration with type 2 institutions. Collaboration involving universities or other public research institutions always brings upstream scientific discoveries from
research institutions directly to downstream strategic partners, including big pharmaceutical firms and biotechnology firms, which attempt to advance the discoveries. Meanwhile,
firms provide research funding for relevant institutions’ research.
There is broad and close collaboration among big pharmaceutical firms, which normally
are big rivals, including the four key participants. A strategy of simultaneous cooperation
and competition, referred to as co-opetition, exists between big pharmaceutical firms,
such as the collaboration between Roche and AstraZeneca, AstraZeneca and GlaxoSmithKline, Bristol-Myers Squibb and GlaxoSmithKline, Sanofi and AstraZeneca, and Merck & Co
and Johnson & Johnson. Most of these big pharmaceutical firms reside in the critical central positions of the overall collaboration network (Fig. 2). Collaboration with competitors
may help firms address major technological challenges in the emerging high-tech field,
create proportionately larger benefits for each other, and push advances in technological
innovations, as these competing firms have relevant resources and face similar problems
in developing mAbs21.
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3.4 Country-Based Collaboration Network
The country-based collaboration network (Fig. 4), transformed by the geographic identification of firms and institutions involved in institutional collaboration networks, represents
the global landscape of co-project partnerships in mAb R&D at the national level. There
are 38 countries and 111 weighted links between the countries. The US occupies the central position and dominates global co-project partnerships, including within and between
countries, followed by the United Kingdom (UK), Japan, Germany, Switzerland, and France,
all of which have significant interactions with the US.

Figure 3. Four key participants and their partners in the collaboration
network for mAb R&D

Figure 4. Country-based collaboration network for mAb R&D
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As the complexity of new drug development and the global strategic market grow, the
internationalization of R&D in the pharmaceutical sector has increased22, 23. To understand
the country-based collaboration and the implications of the internationalization of mAb
R&D, we visualized the collaboration network via three periods (Fig. 5): 1985–1993, 1994–
2003, and 2004–2013.
The complexity of country-based collaboration networks increased dramatically, especially from the 1985–1993 period to the 1994–2003 period. The intricacy was generally pictured as early as the second period (1994–2003). The number of countries involved in the
collaboration networks increased from 15 in 1985–1993 to 27 in 1994–2003, and reached
33 in the latest period; the links increased from 31 to 95 and, recently, to 111. There was no
separate component in the networks during the two later periods; all collaboration participants were connected in 1994–2003 and 2004–2013. This suggests that country-based
collaboration is becoming more active and complicated, and the trends may continue in
the next development period.
Moreover, collaboration between US, British, and Japanese institutions formed a clear collaborative triangle during the 1994–2003 period. However, in the more recent period, US
institutions formed strong partnerships with French and Swiss entities. Meanwhile, instead
of the UK, Japan became the US’s biggest partner again. In addition, since the second period, institutions in developing countries have entered collaboration networks, indicating
that the R&D partnering of mAbs is no longer a “game” monopolized by developed economies.

Figure 5. The evolution of global collaboration networks for mAb R&D
Note: a 1985-1993; b 1994-2003; c 2004-2013
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3.5 Changing Positions of Specific Countries

Note:

a percentage of weighted degree centrality; b percentage of betweenness centrality; c percentage of eigenvector centrality. A country’s centrality percentage is defined as the ratio

The US was the dominant country in each period (Fig. 5), but the country’s dominant position is influenced by more noticeable interactions across European and other emerging
countries. The expanding and diversifying process raises the question of whether we can
identify the position change of specific countries in collaboration networks over time. We
employed centrality percentages for three centrality measures instead of absolute numbers in Fig. 6 to clearly illustrate the changing positions of specific countries or groups of
countries in the networks in shorter time spans.

of the centrality of the country to the total centrality of all countries in the network.

Generally, the global patterns in R&D collaboration concerning centrality percentages
changed considerably over the studied time period, 1985–2013. For all three centrality
measures, although the US still maintains its dominant role in absolute terms in the collaboration networks for mAb R&D, the country’s influence on whole networks seems to
be decreasing. This process might have been induced by the continuous cutting of public
R&D budgets in the US due to the fiscal cliff in recent years and indirectly influenced by the
increasing integration of Europe as well as emerging economies24-26.
An interesting point of collaboration network development in mAb R&D is that European
countries (here defined as the EU-28 member states) and the group of the “Rest of the
World” (RoW) seem to have evolved in opposite directions. The ascendance of the RoW
has taken place at the expense of the US and European countries. Although the RoW is far
from the center of the collaboration network (Fig. 5), the group is expected to reach a more
important position as long as the trend continues, which can be realized by extended new
participants and broader and more intensive collaboration with the leading participants.

4. Discussion
The promising future of mAb applications has ignited enthusiasm for relevant R&D activities worldwide, and collaboration across institutions and even countries is encouraged to
improve R&D efficiency and productivity27, 28. This study investigated the comprehensive
collaboration patterns of mAb R&D from a network analytic perspective constructed by
screening co-project partnerships.

Figure 6. Evolution of the centrality percentages of specific countries or groups of
countries over time
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The collaboration network for mAb R&D consists of diverse players: big pharmaceutical
firms, small or young biotechnology firms, and research institutions. The partnerships
among these players are also varied, including big firms joining forces, small firms collaborating with each other, small biotechnology firms partnering with big pharmaceutical
firms, small and big firms forming alliances with universities or research institutions, or
three-party relationships involving the combination of big firms, small firms, and research
institutions. The diversity of an institution’s partnerships has been described as promoting
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access to a variety of sources to facilitate product innovation5; thus, a diversified collaborative relationship assembled in the network in mAb R&D should also be helpful for a high
degree of innovation.
The classical collaboration is between biotechnology firms and big pharmaceutical firms,
which was the most common type of relationship in the overall collaboration network for
mAb R&D. In this type of collaboration, biotechnology firms, as important technological
originators, need strategic partnerships with big pharmaceutical firms to bring technologies to the marketplace. Another important collaboration is the contact between biotechnology firms and research institutions that provides timely access to specific knowledge, new ideas, and initial discoveries29. Thus, biotechnology firms are more likely to act
as intermediaries in the network by connecting upstream-oriented alliances with research
institutions and downstream-focused transactions with established big entities20, 29. In this
position, small biotechnology firms may lack the expertise to effectively monitor their upstream partners’ R&D activities, leaving the firms vulnerable to the risks of opportunism.
On the other side, when collaborating with big pharmaceutical firms, small technology
firms may have low bargaining power and then put themselves at high risk of having proprietary technologies expropriated by their giant partners, losing operation control and
relevant product ownership rights20, 29. Small or young biotechnology firms should be vigilant regarding situations that threaten effective collaborations in order to set up a robust
collaboration network.
The US has been dominant in the global collaboration network throughout the entire mAb
research and development period. The country’s scale has been much bigger than any
other participants since the initial collaboration in clinical mAb development in 1980s. This
may be attributed to early policy incentives in the pharmaceutical and biopharmaceutical
sectors as well as unceasing encouragement of cooperation and innovation30, 31. However,
the dominance of the US is now threatened by the increasing collaboration activities in
mAb R&D of European countries, such as the UK, Germany, France, and Switzerland, and
emerging players in the RoW, including developing countries. Emerging economies, such
as China, Cuba, and India, are forming a force that cannot be neglected by their more intensive global collaboration and more active performance in new drug development. For
instance, Cuba has launched joint venture projects with developed and developing countries, which has helped the country successfully establish a position in the collaboration
network for R&D32, 33. Many developing countries prioritize collaboration with developed
countries in the R&D of biosimilar versions of mAbs instead of developing novel mAbs
separately due to the strong desire to lower drug costs. In one example, in the sample data,
the largest biopharmaceutical firm in India, Biocon, partnered with a generics firm in the
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US, Mylan, to develop biosimilar versions of adalimumab, bevacizumab, and trastuzumab.
With respect to the innovation system on mAbs in China, it relies on the government’s
guidance for the industrial direction at beginning, then alters to government-supported entrepreneurship and technology development and diffusion34. Since 2006, China
has made a series of policies to support and accelerate enterprises’ innovation on gene
drugs and antibody R&D (from three main perspectives: market, enterprises, and academies), which were recognized as the first time to certify the long-term development of
mAbs34. Moreover, a state-level scientific research system has also been established, and
substantial efforts has extended to international collaboration with developed countries.
This definitely contributes to the promotion of China in the global collaboration network,
especially interacting with central countries.
Finally, we provide recommendations for collaboration for stakeholders involved in mAb
development. From the perspective of investors or managers, it should be beneficial for
firms to seek favorable R&D partnerships. Collaborations between giants, external links
with small biotechnology firms, and partnerships with academic research institutions are
effective methods for big pharmaceutical firms to improve resource integration and to facilitate the R&D process. Small firms should have a more intelligent understanding of partnerships with research institutions and big pharmaceutical firms. Universities and other
research institutions should actively collaborate with firms in the private sector to transfer
the research results to commercialization efforts, and a more durable partnership is more
likely to result in high-quality outcomes. As far as policymakers are concerned, governments could provide incentives to enhance partnerships among diverse participants.
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Abstract
Despite the existence of available therapies, the Hepatitis B virus infection continues to be
one of the most serious threats to human health, especially in developing countries such as
China and India. To shed light on the improvement of current therapies and development
of novel anti-HBV drugs, we thoroughly investigated 212 US patents of anti-HBV drugs and
analyzed the technology flow in research and development of anti-HBV drugs based on
data from IMS LifeCycle databases. Moreover, utilizing the patent citation method, which is
an effective indicator of technology flow, we constructed patent citation network models
and performed network analysis in order to reveal the features of different technology
clusters. As a result, we identified the stagnant status of anti-HBV drug development and
pointed the way for development of domestic pharmaceuticals in developing countries.
We also discussed therapeutic vaccines as the potential next generation therapy for HBV
infection. Lastly, we depicted the cooperation between entities and found that novel
forms of cooperation added diversity to the conventional form of cooperation within the
pharmaceutical industry. In summary, our study provides inspiring insights for investors,
policy makers, researchers, and other readers interested in anti-HBV drug development.
Key words: hepatitis B virus, patent citation network, research and development, technology flow, HBV drugs.

1. Introduction
The hepatitis B virus (HBV) is the cause of one of the most common viral infections in the
world1. HBV spreads primarily through transcutaneous or mucosal exposure to blood
or other body fluids from infected hosts2. A number of studies have shown that active
HBV replication leads to liver injury and disease progression3. Patients with chronic HBV
infection suffer from risks of liver fibrosis, cirrhosis, and hepatocellular carcinoma (HCC)
and may eventually die from liver failure or other complications4. According to the World
Health Organization (WHO), two billion people have been infected with HBV so far and
240 million people worldwide were chronic carriers of HBV surface antigen (HBsAg) by the
end of 20141. Though prophylactic vaccines for HBV have been available for over 30 years
thanks to universal hepatitis B immunization programs, these preventive vaccines are not
enough to protect the infected population from HBV-related deaths, especially those who
have been infected prior to the launch of the program1. As a result, around 650,000 people
die each year from the complications of chronic hepatitis B (CHB) 1, 5.
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Currently, available treatments for chronic hepatitis B depend primarily on nucleoside analogs (NAs), which effectively inhibit virus replication but fail to eliminate the virus. Consequently, NAs merely prolong survival by preventing hepatic decompensation and slowing
progression to cirrhosis or HCC6. In addition, adopting lifelong therapies is typically not
an option for patients in developing countries where the infected populations are larger7,
8
. Thus, current treatments against HBV infection are far from satisfactory, and there is an
emerging call to develop new therapies that not only improve efficacy and tolerability but
also decrease side effects and shorten treatment periods.
Nevertheless, developing new drugs is a difficult and complex project. Fortunately, an
overview of the evolution process of pharmaceutical technologies can provide both guidance for and insights into drug development, including anti-HBV drug development. Cox
et al. reviewed the treatments of chronic HBV infection by analyzing the latest safety and
efficacy data on existing and emerging agents9, while our study sheds light on the evolution process of pharmaceutical technologies from a different perspective and approach,
i.e., analysis of patent citation networks. Patent citation has been considered an effective
representation of knowledge diffusion and has been used to drive innovation10. It is important for drug discovery, including new anti-HBV drugs, because all drugs are developed
step-by-step through pharmaceutical technology processes11-13. The basic principle of patent citation analysis is based on the theory that citing patents adopt knowledge elements
from the patents cited, allowing the evolution process of technological innovations to be
modeled as networks10. Thus, we are able to use patent citation network analysis to obtain
valuable insights into the technological development of anti-HBV drugs and the flow of
that technology.
So far, to our knowledge, there has not been any report about patent citation network
analysis of anti-HBV drugs. In order to fill this gap in the research, we performed a patent
citation network analysis of US patents issued for HBV drug development to identify both
core and emerging technologies. The purposes of this study is three-fold: first, to illustrate
the technology flows of anti-HBV drug research and development (R&D) through patent
citation network; second, to characterize the technology communities via cluster comparison in the network models; and third, to provide further insights and advice for investors,
pharmaceutical companies, policymakers in governmental organizations, and researchers
interested in anti-HBV drug development.
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2. Methodology

2.2 Data

2.1 Research Framework

This study collected data from the IMS LifeCycle databases, which is a collection of
multi-functional databases about pharmaceutical. IMS R&D Focus covers facets of global
drug development, from the discovery phase to availability on the market. IMS Patent Focus is a database providing information on the most significant pharmaceutical patents.
Information including estimated patent granted and expiry dates, patent extension information, patent numbers, and originators of marketed compounds, both pharmaceutical
and biotechnological, can be found in the databases.

The research framework of this study generally followed a pipeline of database survey (IMS
LifeCycle), patent information analysis, and patent citation network analysis, as shown in
Figure 1.

The original patents were identified through a hepatitis B query against IMS databases
and listed according to their country of origin. All of the patents were transformed into
the corresponding US patent format via the patent family system of the European Patent
Office (EPO) because analyzing and comparing patent data using one single patent system
results in more standard, comparable, and unified patent citation information. Finally, 212
US patents were retrieved and their citations and related information were collected from
the IMS databases and the United States Patent and Trademark Office (USPTO) database.
We also provided the relevant patent data for public access. They could be found in Supporting Information file(s).

2.3 Descriptive Analysis on Marketed Drugs and Patents

Figure 1. The research framework of this study.

Note:

Data were collected from IMS LifeCycle databases and processed for statistical analysis, network modeling, and network analysis.

We initially performed a systematic database survey across IMS LifeCycle databases, followed by filtering, transform, and integration of patent information. Upon retrieval of the
unified data in US patent formats, statistical analysis was performed and network models
were built. Finally, we analyzed the data in detail and summarized the conclusions of our
study.
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In this research, we initially collected patent information about marketed HBV drugs from
the IMS Patent Focus database. Patents obtained were divided into three categories, i.e.,
nucleoside analogue, interferon, and vaccine, according to different actions of drugs. For
example, the inhibitor of viral DNA polymerase for NAs, immunomodulator for IFN. We
measured the core development period of those drugs by calculating the median year
of drug’s patent granted. By analyzing the patentees, we identified the main contributors
for each kind of drug and the changes of their patentee from the first year to the last one
(Table 1).
A series of diagrams were also produced to display the results of patent distributions. Patent were sorted into different R&D phases including discovery, preclinical, phaseⅠto Ⅲ, and
so on (Fig. 2). Patents were also classified into years so as to show the temporal changes.
Bars with different colors indicate the percentage of each kind of treatment and the orange
curve reflects the patent count changes by year (Fig. 3). Lastly, patents were assigned to
their patentees to compare the amount and treatment types of patents held by different
patentees (Fig. 4).
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2.4 Patent Citation Network Analysis
Patent analyses have been utilized in many studies attempting to identify current technology structures and predict technological trends14 because patents provide detailed
technological information and descriptions of the patented innovation15, 16. Thus, patents
are considered a good proxy for the exchange of and links between technological knowledge, as well as a powerful indicator of the diffusion of technology and the process of
improvement. They offer a historical record of the evolution of knowledge and provide a
continuous view to view the interactions of technology12. Thus, we can trace the genealogy
of technological knowledge through patent citations.
As technology systems are highly connected and interdependent, technological structures
and linkages are often represented and analyzed in the form of networks. Many studies
have integrated patent citations and social networks17-19; one recent examples is Stuart et
al., who used patents and patent citations to represent a technological network20. In other
words, patent citation networks can be viewed as a combination of social network theory
and bibliometric methods.

the out-degree on patents. The high SI of a patentee is associated with increased domination in the technology cluster to which they belong.
2.5 Clustering Analysis
In network analysis, cluster is also called community or module, and a network community
is a sub-network whose nodes are more strongly connected to one another than to the
rest of the network22. In this study, in order to identify the highly inter-connected nodes
in networks, modularity of the partition is used to measure the quality of the partitions
and decomposing the networks into sub-units or communities. By running the modularity
algorithm integrated into Gephi23, which is also the tool for visualizing our network model,
we obtained multiple resulted clusters for further analysis.

Based on the idea that patent citations can show the relationships between technologies
and form specific clusters, we employed social network analysis (SNA) to visualize the technology structures behind the patents and citation information, with the aim of enhancing
the identification of both core and emerging technologies in HBV drug development.
In general, a network consists of nodes and links. Alternatively, in social network analysis,
they are usually called actors and relationships, respectively. In this study, each node represents a patent and each link with arrow represents the citation. In network analysis, the
degree of a node is defined as the number of links or the sum of values of links incident
to the node. The in-degree is the number of incoming links to a given node, and it measures technology input and indicates importance in the sense of technological impact.
The out-degree represents the citations received by a patent and indicates the importance
of the patent in terms of the fundamentality of an invention. Density is a measure of the
compactness of networks, defined as the proportion of pairs in a network relative to the
total number of pairs possible21.
The core period of drug evolution in each cluster is reflected by median of the years in
which the patents were granted. Moreover, the major patentees of technology input and
output in each cluster are determined by their share of in-degree (SI) and out-degree (SO)
links. SI is equal to the number of in-degree patents by a patentee divided by the sum of
the in-degree patents within a cluster. SO is calculated in the same way using the data of
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3. Results
Consistent with the design of our research framework, we divided the results into three
parts and interpreted them following an order of drug information, patent data analysis,
and network analysis in order to illustrate the technology flows of patent citation networks
for HBV drugs.
3.1 Marketed Drugs Information
In order to identify the process of technology evolution for HBV drugs and further investigate the related patents of the drugs, we initially collected patent information about marketed HBV drugs from the IMS Patent Focus database and divided the resulting patents
into three categories, i.e., nucleoside analogue, interferon, and vaccine. A total of seven
anti-HBV therapies are available, as listed in Table 1.

Table 1. Patent information of marketed HBV drugs. a

Lamivudine, adefovir, entecavir, telbivudine, and tenofovir are five types of oral NAs that
share similar mechanisms by inhibiting viral DNA polymerase and replication. The interferon (IFN) alpha-based therapies include two subtypes of immunomodulators, i.e., IFN-α2b and PEGylated IFN-α-2a. They trigger immune responses and activate antiviral proteins
in the human immune system to fight against HBV; therefore, they can be used either as
monotherapy or in combination treatments10.
Dating back to 1991, IFN-α-2b was the first agent approved for the treatment of HBV infection and its median year of granted patents is 2004. This suggests a long period of 13 years
for evaluating IFN. The situation for NAs is quite similar to that of IFN.
In terms of the patent holder, the patentee of Entecavir and Tenofovir remains the same
after long time and their patents are still held by Bristol-Myers Squibb and Gilead Sciences,
respectively. Oppositely, the owner of patents of lamivudine begins with IAF BioChem and
ends up with Emory University. As a well-known and widely used product from GSK, patents of lamivudine seems to be interested by multiple companies. A glance at the country
of patentee shows that, except for lamivudine, patents related to adefovir, entecavir, telbivudine, and tenofovir are mostly held by American companies or institutions.

Marketed HBV drugs contain 3 classes. i.e., nucleoside analogue, interferon,
and vaccine. Nucleoside analogs acting as inhibitors of viral DNA polymerase
are the main options for current treatment, but none of the drug classes completely eliminates HBV.

a
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3.2 Descriptive Statistical Analysis
Before the analyses of patent citation data, we initially investigated the distribution of patent data as a view of the distribution of different R&D phases can help us understand the
status of drug development. As shown in Fig. 2, most patents are in the marketed phase.
The data in Fig. 2, on one hand, indicate that drug development for HBV infection is approaching a mature stage. On the other hand, it may indicate that new anti-HBV drug development is reaching a bottleneck, which would be worrisome. Patents on IFN cannot
be found in any phase but the marketed phase. This suggests the development of IFN has
stopped or stagnated. On the contrary, vaccines and NAs seem to have gained more attention from drug developers as they are widely distributed in different development phases.

Figure 3. Illustration of distribution of patents by year granted.
Note:

a reversed U-shaped curve with fluctuations showed the 1995–2004 bloom period of anti-HBV drug development.

Fig. 3 shows the temporal changes in patent counts. An inverted U-shape with long tails
and a peak value in 1998–2000 was captured. There was a sharp increase in patent counts
in 1995, with this bloom indicating diversification. Considered the increases in numbers
and types of patents, we identified 1995 to 2004 as the bloom period, a golden age of
importance for anti-HBV drug development.

Figure 2. Illustration of distribution of patents by development phase.

Note: Most patents are in the marketed phase, indicating stagnancy of R&D of anti-HBV drugs.
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The patent counts peak in 2000 when monoclonal antibodies were patented. Since 2004,
NAs and vaccines have become the main types of patents, and they now play a dominant
role.
Last but not the least, we identified the bloom period of HBV drug development was year
1995-2004 from Fig. 3. During this bloom period, the count and diversity of patents increased. Various technology clusters emerged and further increased the patent count. All
the median years of clusters are in this bloom period. As close to 65% of patents in this
study are at the marketing phase and the median years of granting of patent for marketed
drugs are in this bloom period, we can see a prosperous period for both R&D and commercialization of HBV drugs. In addition, 1978 to 1995 can be viewed as a pre-bloom period
and 2005 to 2014 is post-bloom.

169

3.3 Patent Citation Network
3.3.1 Overall Profile
To identify the technological flow of HBV drugs, a patent citation network was generated
based on the citation information from the 212 patents recorded in the USPTO database;
nodes and arrows represent patents and citations, respectively, and are colored based on
different types of treatments (Fig. 5).

Figure 4. Illustration of distribution of patents by patentee.

Note:

patentees are listed in descending order from left to right. A portion of the patents are
shared by multiple institutions.

In Fig. 4, patentees are represented by patenting institution and their patents were counted as long as the institution is associated with a patent, regardless of whether the institution is the only holder of a patent or it shares a patent with other institutions. Obviously,
there is an asymmetric distribution of patent counts. GlaxoSmithKline (GSK), a giant pharmaceutical company headquartered in London, leads in patent counts and has investigated many different kinds of therapies.
From the perspective of technology diversity, patentees can be divided into two classes.
The first class includes GSK, Sanofi, and Roche. They make up a technologically diversified
class because they possess multiple technologies for HBV infection treatments. The second
class of patentee focuses on a single technology, such as Emory University, IAF BioChem,
and Yale University.

Figure 5. Patent citation network.
Note:

Network model is divided into different clusters and patents worth noticing are annotated
with their US patent numbers (the prefix “US” is removed and only the numbers are shown
for users to search in the USPTO’s online database).
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As shown in the patent citation network (Fig. 5), there are 122 nodes representing patents
and 146 edges representing citations. Ninety nodes were removed as they were not linked
with any other nodes. The average degree of the whole network is 1.197, calculated by dividing the sum of all node degrees by the total count of nodes in the network. The degree
of a node can be calculated as the number of links that a given node has to other nodes.
The patent citation network is a directed network, i.e., the direction of a link is determined
by the citation relationship: citing or cited24. Thus, the in-degree and out-degree are defined as different degrees. The in-degree represents the number of times a patent cites
other patents. This reflects the adoption of technology from former patents by a newer
patent and therefore can be used to measure technology input. The out-degree represents
the number of times a patent is cited by other patents, which measures the technology
output13.

about clinical efficacy and safety.

Table 2. Information of the main technology clusters in the patent citation network.

3.3.2 Comparison Among Clusters
To analyze the technology flow and community, the network has been divided into several
clusters through the fast unfolding modularity algorithm as described in the methodology
section22. Furthermore, the R&D statuses, patentees, and network topological features of
resulted 11 clusters were further analyzed and are summarized in Table 2. Specifically, the
average degree of a cluster can be defined as the average number of links between nodes,
which can be used to identify the tightness of the interactive relation within a cluster. For
example, cluster 1 dominated by NAs shows a much higher average degree than the other
clusters. Based on this attribute, NAs show a more interconnected structure and closer
interaction in technology flows.

a

b
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SI: Share of in-degree. SI is equal to the number of in-degree patents by a patentee divided by the

sum of the in-degree patents within a cluster.
c

A general look at Fig. 5 tells that cluster 1 is the biggest cluster in the overall network
and is highly interactive, indicating an on-going development of NAs. The interconnecting
clusters 1, 3, 4, and 5 can be further combined into a big component including the technologies of NAs, interferon, and vaccines. Similarly, clusters 2, 6, 8, and 9 also display nodes
with different colors and technology combinations through patent citations. The rest of
the clusters, i.e., clusters 7, 10, and 11, are dominated by only a single type of treatment
and can be viewed as technologically concentrated community. Cluster 11 is dominated
by merely the single technology of monoclonal antibodies. From the perspective of network, the technology of monoclonal antibody has few connections with other technologies and therefore cluster 11 belongs to the type of technologically concentrated community. The same situation can be found in cluster 10 as well. Interestingly, cluster 11 is the
only cluster about monoclonal antibody treatment, and it consists of four patents all held
by PDL BioPharma only (Table 2). While a point to notice is that, the therapy of monoclonal
antibody is still under investigation and thus many work is to be done to address issues

Clusters representing different technology communities, their topological parameters in the net-

work model, and related patent information are listed.

SO: Share of out-degree. SO is equal to the number of out-degree patents by a patentee divided by

the sum of the out-degree patents within a cluster.

Moreover, it has been observed in Fig. 5 that, within cluster 1 to 6, vaccine patents lie in
the end or terminal points of technology flows, and vaccines always appear together with
other technologies in clusters. This is an important discovery indicating vaccines may play
a role of technological synthesizer in anti-HBV drug development. This provides researchers with insights for future R&D on anti-HBV drugs. Take cluster 5 as an example, patent
US6013264 located at the end of the technology flow is a vaccine composition technology
comprising of HBV surface antigens. Similarly, according to the patent claim, US5972346 at
the end of cluster 6 is a kind of therapeutic vaccine used in medical treatment for on-going
hepatitis viral infections.
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4. Discussion
Patent citations have been used to represent technology transfer or technology spillover
in many studies25, and it has been regarded as a good measurement of technology flows
among different industries and fields of technology26. In this study, we carried out systematic analyses of patent data on anti-HBV drugs in order to identify its technology flow.
We presented the results of patent distribution, network analysis, and cluster comparison
analysis in order to gain a deeper understanding of the technological knowledge flows in
the development of anti-HBV drugs. We selected network analysis as our core method for
patent citation analysis because citations can be modeled using arrows to measure the
direction of technology flow in HBV drug development.
The reported results consist of three parts, each of which emphasized a unique aspect of
anti-HBV drug patents. Firstly, analyses of marketed anti-HBV drugs from IMS databases
identified the United Statesas one of the countries enjoying technological advantages in
anti-HBV drug development. Amongst drugs available on the market, entecavir and tenofovir outperform their competitors because of their relatively high potency and low resistance profile27,28.
Secondly, a diagram of patent distribution (Fig. 2) shows that patents of NAs have the advantage of other drugs regarding patent count. In addition to the large quantity, they have
the characteristics of high interactions and continual development in the technological
community (Fig. 5). Likewise, NAs administered orally are more suitable for patients owing to its potent antiviral activity along with fewer side effects28. Further, in consideration
of the efficacy and safety of drugs, NAs have been positioned as the current mainstream
treatment of HBV infection29. Whilst Fig. 2, illustrating the distribution of the development
phase, showed that most patents are located in marketed drugs, suggesting stagnancy of
the research and development of anti-HBV drugs. This conclusion also is supported by Fig.
5, and the phenomenon is quite different from our previous reports of patent studies of
anti-Alzheimer’s drugs, therapeutic monoclonal antibodies, and dendritic cells13, 30, 31. In our
previous reports, the patents were mainly distributed in the earlier phases of clinical trials;
such distribution patterns indicate the on-going processes of R&D.
What is more, we found the increased diversity of the cooperation form between entities,
which affects the R&D of anti-HBV drugs. Conventionally, university–industry collaborations in biotech industry have been common32. For instance, through careful examination
on patent documents, we identified university-industry cooperation cases amongst the
top 10 anti-HBV drug patentees in Fig. 4, (Here, we consider that, cooperation exists among
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patentees if a patent is held by two or more patentees from different institutions.), i.e., Emory University, Yale University, University of Georgia, and seven pharmaceuticals33.
Whilst the conventional university-industry cooperation is the predominant form, the
Bayh–Dole Act passed in 1980 has increased the diversity of cooperation forms. The Act in
fact benefits both the industrial corporations and the public research institutions. It not
only greatly facilitated the technology transfer by industrial corporations, but also stimulated the cooperation mode by encouraging universities to commercialize the federally
funded research projects33, 34. The Bayh-Dole Act boosted the university–university cooperation as it allows the patentee identity of universities in the patenting system. For the
academic institutions, the Bayh-Dole Act facilitated the growth of university patenting and
licensing of technologies33. Specifically, in 2008, American universities have owned licensing revenues of $3.4 billion, as opposed to $7.3 million in 198135. Moreover, revenue from
the commercialization of technology becomes an increasingly important and substantial
source of financial support for universities in the United States, with combined revenues
from licensing and industry-supported research in all fields reaching well over $6 billion
per year34.
Here, we take Emory University as the typical example for illustrating the diversity of cooperation relationship. According to our analysis, Emory University possesses 21 (38.1% of
the total 55 patents held by two or more institutions) patents shared with other patentees.
Emory University shares these patents with both academic and industrial partners such
as GSK, University of Georgia, Gilead Sciences, Japan Tobacco, and etc. Another example
of university–university collaboration is the University of Georgia, holding 13 patents in
nucleoside analogues as co-owner with Emory University (4/13) and Yale University (9/13).
These cases show that university-university cooperation is a novel type of patentee form in
addition to the conventional university–industry cooperation.
Inspired by cases above, we suggest policymakers should act on policies to encourage
diverse forms of cooperation in the R&D community. For domestic pharmaceutical companies in developing countries, which are facing severe HBV infection threats, we suggest
building cooperative relationships with large pharmaceutical companies possessing advanced anti-HBV technologies, since the health of its population is a vital issue to a country.
It is also possible and beneficial for local governments to play a coordinating role in such
international forms of cooperation.
Thirdly, through the patent citation network and cluster analysis, we identified technology
flow and technology-based R&D communities. One of our most interesting discoveries is
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that the overall network model of ours shows high dispersion and most of clusters are
completely separated and have little contact with each other (Fig. 5). As mentioned previously, patent citations represent a technological connection. Therefore, this indicates that
the technologies of HBV drugs have less interaction with each other than technologies
investigated in our previous reports13, 30, 31, where network models were highly connected
and exhibited patterns of continuous growth and expansion. Hence, we conclude that the
features of the network model of anti-HBV drugs display less potential in further growth
and expansion. This is graphically consistent with what we found in the patent distribution
(Fig. 2), i.e., anti-HBV drug development has reached a bottleneck.

Table 3. Partial list of current clinical trials evaluating various vaccine therapies for
HBV a, b

Another interesting discovery is the multi-technological concentricity of vaccines (Fig. 5).
The technology flow of anti-HBV drug development identified by our network analysis
suggests that vaccine technologies adopt the knowledge from patents of NAs and INF
drugs, and hence the vaccine technologies are the potential next generation therapy for
HBV infection treatment.
A study showed that the combination of vaccines with immunotherapy or classical antiviral treatments may be a more effective treatment strategy due to additive or synergistic
efficacy, and this kind of vaccines can be viewed as therapeutic vaccines36. Inspired by this,
we searched and listed a part of clinical trials for therapeutic vaccines and immunomodulatory agents against HBV infection in Table 3. In order to access the safety of the novel
technologies, we further investigated the safety reports of these trials. To our disappointment, few information of side effect and adverse drug reaction is available so far. Amongst
the trials, HB-110 from Genexine, Inc., a kind of novel therapeutic DNA vaccine against
chronic hepatitis B, is currently in phase I and a study from Yoon et al. indicated that HB-110
is potentially safe and tolerable in CHB patients37. This is also supported by data from IMS
R&D Focus database and other clinical trials, with similar safety comment for DV-601 and
ppdpSC18 in Table 3.

a

List of clinical trials of potential novel drugs for HBV infection treatment. 			
Data are from www.clinicaltirals.gov.

b
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Safety comments data are from IMS R&D Focus and www.clinicaltirals.gov.
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In terms of currently available therapies for HBV infection, there are some points to be
improved. One example is the failure to completely eliminate HBV and the other is the
poor availability of drugs due to high expense, especially for developing countries whose
infected populations are quite large. China, estimated to have an infected population of
93 million and with one of the highest rates of HBV infection in the world, should actively
engage with other developing countries in the fight against HBV infection9. In China, the
HBV vaccination was integrated into an expanded program of immunization vaccines by
the government in 2001, but the service fee for the vaccination procedure was still charged
to those families. It was not until 2005 that the Chinese government adopted a completely
free HBV vaccination program for all neonates. However, this means those older than 10
years may not be protected by the vaccination program. So a large part of the population,
which also serves as the primary labor force in China’s economy, remains unprotected and
open to infection. Thus, developing effective drugs for this large segment of the population is an urgent mission.

therapy and therefore is one of the potential ways for researchers and investors to go. In
fact, vaccine products have been undergoing a revolution in recent years, i.e., newly developed vaccines are gaining therapeutic effects besides their traditional roles in preventive medicine. Therefore, therapeutic vaccines are considered a better therapeutic strategy
than those traditional chemical drugs failing to cure diseases such as cancer. Although
the development of therapeutic vaccines remains in a primary stage, a group of Chinese
researchers from Fudan University is working hard and enthusiastically developing a novel
therapeutic vaccine for HBV infection. The vaccine is currently in clinical trial phase III. In
fact, therapeutic vaccines not only possess the potential to overcome the bottlenecks in
current HBV infection treatments to achieve the complete elimination of HBsAg, it is also of
great hope that it can effectively cure other complex and incurable diseases, e.g., cancers.
For researchers and pharmaceuticals, giving priority to the development of therapeutic
vaccines rather than mature technologies may be the way to go. The development of a
therapeutic vaccine may also be of interest to investors.

Next, from the perspective of drug development, there is a great demand for new drug development because limitations, such as failure of elimination of HBV and long-term treatment, still exist in current therapies30. As explained in the previous section, current drugs
mainly act as inhibitors by targeting HBV replication, while they are unable to eliminate
HBsAg. The following two points may account for this technological bottleneck. Firstly,
pharmaceutical companies may have decreasing interest in anti-HBV drug development
due to the high risk of failure and the opportunity cost, i.e., the huge investments and
lengthy periods required for drug development. Secondly, pharmaceutical companies
have become less interested in developing novel anti-HBV treatments due to the lower
prevalence of HBV infection in developed countries, as well as the fact that from an investment standpoint, new drugs that might cure people from HBV infection may not bring as
much profit as current drugs that require long-term therapy.

Generally speaking, the combat against HBV infection now is still far from being satisfied
and greater efforts are required, especially for China. Despite these negative circumstances, there is still hope of fighting against HBV infection if we are willing to undertake challenges.

Dr. Zhang Lianshanis the president of Global R&D of Jiangsu Hengrui Medicine Co., Ltd.
and a delegate from the Chinese domestic pharmaceuticals in a drug R&D forum of Chinese-American pharmaceuticals. Dr. Zhang suggested that, “Domestic pharmaceutical
companies should give priority to R&D on drugs for diseases that are not only with a high
local incidence rate, but also less interesting to foreign pharmaceuticals.” This comment
significantly supports our viewpoint.

On the other hand, we are concerned about whether the higher priority is given to the development of anti-HBV drugs in drug innovation projects in China. In fact, the government
of China is now fully aware of the importance of drug innovation and is investing large
amount of capital into it. As a result, several enormous drug innovation projects led by the
Chinese Academy of Science have been initialized in the recent decade. Here, we strongly
suggest that drug innovation for HBV infection should be given a high priority to cater to
the urgent needs of HBV infection treatments.

Although there is a great demand for new anti-HBV drugs in China, we fully understand
the difficulties of developing a novel therapy with better efficacy and cheaper price. Fortunately, our technology flow analysis indicates that vaccine may be the next generation
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On one hand, we are glad to see the active motivation and efforts from both the Chinese
government and research communities to accelerate the battle against HBV infection. A
recent good news is that, the government of China successfully negotiated with pharmaceuticals about lowering the price of several effective marketed anti-HBV drugs. For example, the price of Tenofovir made by GSK will be largely reduced by 67%. Another exciting
scientific breakthrough is that a novel gene targeting the HBVs has been discovered by a
group of researchers in China.

Going back to the patents and their citation relations, we see that they offer strategic hints
for anti-HBV drug development in China. Take the SI and SO of clusters, which were intro-
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duced in previous sections, as the example. Theoretically, the out-degree indicating novel
technological innovation presents the competitive strength and is more important than
the in-degree of patent nodes representing the adoption or absorption of existed technologies in drug innovation. Unfortunately, the current pipeline for hepatitis B drug development is drying up, and therefore it is difficult to achieve such out-degree breakthrough
or innovation. This is also true in China, and the in-degree way is now the majority of hepatitis B drug development in China. Based on the analyses above, we have two points of
suggestions facilitating the anti-HBV drug innovation in China. For one thing, to achieve
the out-degree innovation, more and more investments and resources should be given to
fundamental research instead of applied research. For another, the institutions with the
larger SI can be viewed as potential partners if cooperation is sought for.
Despite our encouragement of the international cooperation, China should ultimately
construct an integrative system or environment of its own to facilitate the development
of pharmaceutical technologies. The US is a good example to follow and has been doing
this very well. The effective communication and smooth cooperation among academic researchers, industries, and governmental organizations in the US give it a leading role in
R&D in the global pharmaceutical market. In summary, novel drug development is a large
project and good cooperation and coordination among governmental organizations, university researchers, and pharmaceutical companies are of vital importance to the development and success of new drugs.

obtained in this study do not contain information for telling the preventive and therapeutic vaccine apart. Thus, we are not able to further specify the type of vaccine in this study.
Initially, in this study, we investigated the marketed anti-HBV drugs and analyzed their
technologies. With descriptive statistical analysis on their corresponding patent data, we
identified the stagnant status of anti-HBV drug development and pointed the way for development of domestic pharmaceuticals in developing countries. Next, our analysis on
patentee data discovered that, the novel cooperation forms added diversity to the conventional form of cooperation within the biotech and pharmaceutical industry. Last but
not the least, we depicted an overall network model so as to visualize and then analyze the
whole technology community of anti-HBV drug development, in which we also discussed
about therapeutic vaccines as the potential next generation therapy for HBV infection. Our
work thoroughly provides inspiring insights for investors, policy makers, researchers, and
other readers interested in anti-HBV drug development.
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Last but not the least, our study has space for improvement as well. As every coin has
two sides, in terms of our core methodology, i.e., the patent citation network analysis,
which heavily relies on patents and their citation information, has the following potential
drawbacks. One is that it is difficult to guarantee and expect all technological innovations
can be found in the patent pools, as applying for patents is quite a subjective, time- and
resource-consuming process. More straightforward, small and middle-sized enterprises
(SMEs) with less resources may not be so active as giant corporations in patent filing. The
next point is that patents may not contain R&Ds carried out by some public sectors, especially those who are not targeting the translational researches. Generally speaking, these
sectors lack incentives and external stimulations for patent filing. In such aspect, patent
citation network may not be able to completely reflect the R&D tracks as well as the technology flow. Another drawback is that we could not provide more details about the safety
information of the aforementioned clinical trials, which prevents the deeper evaluation of
technologies involved. The last point is that we also tried to differentiate the therapeutic
vaccine-related patents from the preventive vaccine-related patents, as these two kinds
of vaccine are in different purposes for use. However, most of the relevant patent claims
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Abstract
Depression is threatening the large population of worldwide patients severely. The current situation is that therapies available so far are less effective, which imposes an urgent
call for better therapeutic solutions for fighting against depression. Our study not only
thoroughly reviewed the past and the latest facts relevant to depression and antidepressants, but also shed light on the future of antidepressants development. In more detail,
by mining the data in IMS databases, we were able to perform statistical analysis to reveal
the up-to-date facts of the marketed antidepressants. We also followed up the latest projects and the progress in R&D of antidepressants in order to identify the current trends of
antidepressants R&D. Subsequently, we employed the network modelling to identify the
antidepressants’ R&D technology flow and community. Last but not the least, we offered
insightful discussion covering depression and its relevant facts as well as the latest R&D
circumstances in China specifically, hoping that our study will inspire researchers and policymakers for the development of the better next generation antidepressants.

1. Introduction
1.1 Background Information of Depression
As defined by WHO (World Health Organization), depression is a kind of mental disorder,
and it is characterized by sadness, loss of interest or pleasure, feelings of guilt or low selfworth, disturbed sleep or appetite, feelings of tiredness, and poor concentration. What is
worse, depression can be long lasting or recurrent, which substantially impairs individuals’
ability in daily life and work. In the worst case, depression can lead patients to commit
suicide1, 2.
Instead of being a local or regional problem, it is estimated that more than 350 million
people are suffering from depression worldwide, which result in 1 million suicide or deaths
annually. According to the WHO and other reports, depression is the leading cause of
disability worldwide, and unipolar depressive disorders were ranked as the third leading
cause of the global burden of disease in 2004 and will move into the first place by 20302, 3.
In fact, the harm of depression is no less than the top killers of human health, i.e., the cancers, cardiovascular diseases, diabetes, and etc. Therefore, people should be alarmed that
depression is a very severe problem threating the health of large amount of population in
the world.
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Despite of the advancement of the modern medicine, the pathogenic mechanisms of depression are still under investigation. It is of great pity that, so far, there is no objective
diagnostic tests for depression. This is due to, on one hand, the super complexity of the
brain regions and neural circuits which beyond the scope of modern technology. For example, scientists do not even know where the biopsy should be extracted from the patient
due to the heterogeneity of the illness, i.e., different neural regions are involved in different individuals. On the other hand, controversy still exists since different complex factors,
including genetic predisposition, environmental factors, chronic disease and disability,
direct biochemical changes in the brain, and early childhood experiences, are relevant to
depression4.
So far, most of the depression studies focus on the frontal regions of the cerebral cortex
and hippocampus, and it has been reported that, something wrong occurs in the reward
pathways in the brain of depression patients5.
Currently, therapies for depression can be classified into pharmacotherapy, physiotherapy
and psychotherapy. Physiotherapy consists of electroconvulsive therapy, magnetic stimulation therapy, Vagus nerve stimulation therapy, deep brain stimulation therapy, and etc6.
Psychotherapy treats mild depression or alleviate severe depression. The most mature one
of pharmacotherapies is to directly increase the activity of the brain’s serotonergic, noradrenergic or dopaminergic system. Most of patients with severe depression need to be
treated by pharmacotherapy. However, the same mechanism of action shared by drugs
also brings similar deficiencies. Some examples are: it usually takes 3-8 weeks before onset, providing little or even invalid help to 30% - 50% of patients with severe side effects,
and 80% of patients will relapse after withdrawal, which means patients need life-long
medication5, 7.
According to WIPO (World Intellectually Property Organization), more than 90% of the outcomes of the invention are patents. It is widely believed that patent citations are powerful tools showing technology diffusion8. Patents connected via citation relation form the
patent citations work systematically displaying the technology diffusion and transfer processes of a specific domain. Upon further network analysis, trends and future direction of
development in this domain can be predicted9, 10.
Many reports focused on depicting the development process of antidepressants and reviewing the patent status, while our study illustrates various technology flows of antidepressants via patent citation network to provide dynamic insights into its R&D (research
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and development) activities. As a result, we employed the approaches of network visualization and analysis, and demonstrated our hypothesis that, patents connected with citations would show a tight technological relationship and form specific clusters11.
1.2 Mechanisms of Antidepressants
For quite a long period, little of the biochemical basis of brain disorders, especially in the
field of psychiatry, was developed due to the limitation of technology. It was not until the
beginning of the 20th century that a variety of techniques, including electrophysiology and
brain imaging, enabled the research of the regulatory mechanisms of the brain12. Whilst
the pathogenic mechanisms for depression remain unclear, a series of brain imaging studies have shown that, the alteration of neuronal activities in a single brain section may not
lead to depression. Furthermore, emerging evidence shows that, the co-regulations of depressive state involve different brain regions including the hippocampus, amygdala, dorsal
raphe nucleus, prefrontal cortex13.
The monoamine theory, first proposed by Joseph Schildkraut in 1965, is the main biochemical theory describing that the deficit of monoamine neurotransmitters such as noradrenaline and 5-hydroxytryphtamine (5-HT) might be the main causes of depression14.
Monoamine neurotransmitters are responsible for maintaining the neurotransmission of
the monoaminergic signal transductions, which are important for the regulation of cognitive functions including emotion. The monoamine hypothesis is supported by the observations associated with the clinical effects of the known drugs, which might regulate
the monoaminergic transmission in the brain15. The evidence have shown that these drugs
might interfere the symptoms of depression by enhancing or suppressing the monoaminergic transmission in depressed patients. In the past decades, the researchers attempted
to identify and develop drugs, which might correct the imbalance of the neurotransmitters
in of the depression patients16. Based on the monoamine hypothesis, there are three types
of anti-depressant drugs that have been developed. The first one is selective serotonin
reuptake inhibitors (SSRIs), which remain the most successful therapeutic approach to the
depression management. Monoamine such as serotonin might re-enter into the presynaptic neuron by the specific transporter and SSRIs might selectively inhibit the transporters,
increasing the level of serotonin in the synaptic cleft. In addition, the monoamine oxidase
(MAO), which is responsible for the degradation of serotonin, is another target for treating
depression. The MAO inhibitors might increase the synthesis and storage of noradrenaline or serotonin by inhibiting the activity of MAO, compensating the deficit of the neurotransmitters. Monoamine receptor antagonists, e.g., the a2 adrenoceptor antagonists,
can enhance the release of serotonin indirectly. Some studies have also reported that the
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monoamine receptor antagonists might also have weak inhibitory effects on the monoamine reuptake process.
Chronic stress has been demonstrated as one of the major causes of depression. It has
been reported that the decrease in the brain-derived neurotrophic factor (BDNF) is associated with the depressive behaviors17. The lowered level of BDNF could induce the degeneration of neurons in the hippocampus by suppressing the neurogenesis, retracting dendritic growth and leading to neuronal loss18. Many researches have reported the findings that
the size or volume of the hippocampal area might shrink in the depression patients19, 20. On
the other hand, the levels of BDNF were decreased in the blood of the depressed patients.
After the anti-depressant treatment, the levels of BDNF were elevated. These findings suggest that BDNF, as well as its receptor, TrkB, might be closely associated with the pathology
of depression. Recent studies have shown that Kai Xin San, a prescription of traditional
Chinese medicine, might relieve the depression-like symptoms in stressed rats and induces neurogenesis in cultured neurons by promoting the expression of BDNF21. Furthermore,
exposure of chronic stress might lead to the dysregulation of glutamate level, which is also
believed to play an important role for the pathological progress of depression. Glutamate
interacts with ionotropic glutamate receptors and metabotropic glutamate receptors at
the synapses, regulating synaptic signal transmission and plasticity. Glutamate might diffuse out of the synapses and interact with the extrasynaptic glutamate receptors22. Activating the extrasynaptic glutamate receptors might produce neurotoxicity, which might
induce apoptosis in the neurons. Recent studies have shown that these chemicals, which
might enhance the clearance of glutamate, can provide antidepressant effects in the animal with depression symptoms induced by chronic glucocorticoid exposure. Furthermore,
ketamine, the ionotropic glutamate receptor antagonist, might offer the rapid antidepressant effects within hours after the administration23. The rapid anti-depressant effects of
ketamine might involve the rapid activation of the mammalian target of rapamycin (mTOR)
pathway24. The mTOR pathway regulates the synaptic plasticity, which might be the novel
therapeutic target for developing the rapid anti-depressants. These lines of evidences have
suggested the dysregulated glutamate level might greatly contribute to the pathological
progress of depression.
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2. Results

Table 1. Patent information of marketed drugs for depression treatment.

2.1 Marketed Drugs for Depression in the US
Because most drug developers prefer to apply for US patents to protect their core technologies, we focused on studying the US patents in this work. We collected all marketed
antidepressants’ information including action, generic name, average year of patent grant,
patentee and country from the IMS Patent Focus database, as summarized into Table 1. So
far, 25 drugs for depression treatment have been approved by the US FDA (Food and Drug
Administration) (Note that some drugs have more than one dosage form, such as bupropion.), and all of them belong to the category of Action 1, i.e., directly increasing the activity
of the brain’s serotonergic or noradrenergic or dopaminergic system.

a
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Parts of the information of the countries are not available in IMS database.
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2.2 Antidepressants in the R&D Pipeline

Initially, we analyzed the patent data obtained and characterized them. Figure 2 shows
the distribution of all 387 US patents by the aforementioned four types of actions.

Drug development is known for its time-consuming and high risks of failure. In consequence, only a small number of drugs could be successfully launched into the market at
the end. Besides marketed antidepressants, our study also paid attention to the entire R&D
(research and development) process of antidepressants, including statuses and phases of
Discovery, Preclinical, Phase I, Phase II, Phase III, Suspended, Discontinued and Marketed.
IMS R&D Focus, a comprehensive and structured database, monitors the whole progress of
new active substances throughout the R&D pipeline ranging from the discovery phase to
the final marketed phase. Hence, we chose IMS R&D Focus database as the source of data
for our study.
The patents of antidepressant R&D projects were collected through querying ATC (Anatomical Therapeutic Chemical) codes of N6A family, i.e., N6A2, N6A3, N6A4, N6A5 and
N6A9, against the IMS R&D Focus database. Each code represents a type of depression
diseases or syndromes. The resulted 541 patents approved by different countries were further transformed into 387 corresponding US patents by the patent family system of the
International Patent Documentation Center, so as to obtain the standard and comparable
patent citation data. The workflow of data collection and pre-processing were summarized
and shown in Figure 1.

Figure 1. Data collection and pre-processing flow chart
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Figure 2. Illustration of distribution of patents by 2-year cohorts of patent grant.
The curve in Figure 2 reflects the annual fluctuation of the patent number. At the beginning, the number of the annual total patents kept increasing slowly. Then it climbed onto
the peak in year 2006-2007 and finally fell into the low level as it was in the beginning.
Based on the distribution, we divided the time line into 3 stages in general. The first one
is from the beginning to 1995, during which the number of patents grew in a slow speed.
The next stage is from year 1996 to 2007 during which we found the peak of the patent
numbers and therefore considered the climax period of antidepressant patenting. In last
stage, i.e., after the year 2007, the number of patents declines. Moreover, the peak that appeared in years 2006-2007 is partly owing to an R&D project with a large number of patents
granted in the year 2007.
Amongst the 4 types of mechanisms of action, Action 1 established an unshakable position. The percentage of patents of Action 1 occupies over half of the total patents, and
actually accounts for 76% of all (Figure 2). The number of patents of Action 3 increased
only a bit during 1990-2007, and no significant increase is observed. The patent number of
Action 2 remains low. These evidences are consistent with the fact that, the Action 1-based
antidepressants are the predominant antidepressant in the current market, whilst other 3
types of mechanisms of action for antidepressant development still have a long way and
phases to get through in terms of drug development.
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Figure 3. Distribution of patents by mechanisms of action.
Figure. 4 Illustration of distribution of patents by phases of the drug pipeline.

As mentioned above, the mechanisms of action of antidepressants are generally divided
into four categories. And we further categorized these four categories into more detailed
subcategories, as shown in Figure 3. The top four subcategories, i.e., the dopamine antagonist, 5-HT antagonist, SRIs (5-HT reuptake inhibitor) and NDRIs (dopamine reuptake
inhibitor and norepinephrine reuptake inhibitor), all belong to Action 1. Neurokinin antagonist and CRF antagonist belonging to Action 3 also take important positions whereas the
patents of the rest two types of mechanisms of action are less prominent than the former
two’s in the patent count.

Figure 4 tells that drugs in marketed phase have the largest share of patents, and 90% of
these patents belong to Action 1. These facts indicate that the development of antidepressants may be in the mature stage. Note that drugs of marketed phase here are not
only limited to those in the United States market, also include antidepressants marketed
in other countries.
Discontinued phase takes the second largest share of patents, indicating a high failure rate
of antidepressants R&D. Interestingly, besides patents of Action 1, those of Actions 3 and
4 also contribute a considerable proportion in the discontinued phase (Figure 4). Notably,
patents of Action 3 distribute merely in the phases limited to preclinical, phase I, phase II
and discontinued. What is worse, a number of patents of Action 3 is in discontinued phase.
From this observation, we infer that great difficulties exist in R&D projects for antidepressants of Action 3, whose patents have been prevented from proceeding to the marketed
phase.
The Preclinical, Phase I, II and III stages consist of other kind(s) of patent in addition to
Action 1, suggesting the on-going researches for other mechanisms of antidepressants.
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Figure 5. Illustration of distribution of patents by actions and phases of the drug
pipeline.
Note:

Note that the preclinical phase and clinical phase I, II and III are integrated into the legend
“Preclinical & Clinical” in blue.

For each type of mechanism of action, the four pie charts in Figure 5 display the patent
distribution by different phases. Patents of marketed drugs account for over half of all patents in the pie chart of Action 1. The rest of two integrated phases, i.e., Preclinical & Clinical
and Discontinued and Suspended, occupies 19% and 22%, respectively. Unlike Action 1,
patents in Preclinical and Clinical stage account for over 80% in the pie chart of Action 2.
While in the pie chart of Action 3, patents in Discontinued and Suspended stage account
for nearly 67%. To summarize, the development of antidepressants of Action 1 is approaching to the mature status, and the antidepressants of Action 2 seem to be in the infancy,
whereas the outlook of R&D of antidepressants of Action 3 is less optimistic.
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Figure 6. Distribution of patents by patentees. (Only included patentees holding
more than or equal to 5 patents).

Top five patentees are Alexza Molecular Delivery, Sanofi, GlaxoSmithKline, Eil Lilly and Merck, as seen in Figure 6. However, all the 74 patents of Alexza Molecular Delivery belong to
the same project. This project is ADASUVE® (loxapine), a marketed dopamine antagonist
drug treatment for depression.
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Ranked via the number of patents, the top 5 countries in antidepressants R&D patenting
are identified, and they are the USA, France, Japan, Germany and Sweden in the descending order (Figure 8).

2.3 Patent Citation Network
Visible patent citation network can show a historical record of the flow of knowledge as
well as offer a successional angle to view the cross-mechanism of technology25.

Figure 7. Distribution of patents by pharmaceutical company.
Patents are also counted by company, which displays a different pattern of distribution
compared with Figure 6 (Figure 7).

Figure 9. Seven clusters are identified in the antidepressants patent citation
network (Nodes with no citation relations have been removed out of the citation
network).

Figure 8. Distribution of patents by countries.
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387 patents in total have been identified in the database of the USPTO. However, patents
without citation relation do not make sense in the technology flows and thus were removed from the network as they are isolated nodes. As a result, 164 patent nodes were
removed, and the rest of the 223 patent nodes and their corresponding 1,852 internal citation edges identified formed the antidepressant patent citation network. Figure 9 shows
the technology flow in the antidepressants patent citation network. Nodes with different
colors represent patents of different mechanisms of action, and edges represent citations
between patents. The average degree of the overall citation network is 8.305, reflecting the
high connection number of the entire network.
From Figure 9, we figured out that technology flows between different mechanisms of
action are rare. In the other words, antidepressant technology flows mostly occur within same mechanism of action, e.g., the cluster 1 to 5. Interestingly, all the 74 patents in
cluster 1 come from one single R&D project, and these patents only quote patents of the
same project but do not quote patents from other R&D projects. It seemed that such case
is common except for the cluster 6, which is the only cluster displaying the technology
flow amongst different mechanisms of action. Though dominated by patents of Action
1, a patent of Action 1 in cluster 6, related to a 5-HT antagonist, cited a patent of Action 2
(glutamate and GABA agonist) and a patent of Action 3 (sigma agonist).

3. Discussion/Implications for China
As mentioned in previous section, a large portion of both the mental and physical health of
the world population is severely threatened by depression. Despite the constant development and advancement in anti-depressive treatments, approximately 40% of depressive
patients are still suffering from treatment-resistant symptoms coupled with severe decline
of physical health, suicidal thoughts and quality of life. Unfortunately, this is also true for
depression patients in China. The circumstance in China is perhaps far worse than any other country. An epidemiological survey carried out during year 2001 to 2005 reported the
incidence rate of depression in China reached an extremely high level of 6.1%, which is
double the global average incident rate of 3.1%. In other words, a large population of Chinese people of as many as about 90 million are suffering from depression as well. Yet, this
figure is just a conservative estimation not including those potential patients not identified. Furthermore, the incidence rate of depression in China seems to increase.
Depression can cause great harm on different levels, i.e., individual level and group level,
and even the national level. On an individual level, depression is the inheritable disease,
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meaning that the children of the patients will be in greater risk of being the patients as
well. Similar to patients in other countries, depression patients in China tend to commit
suicide, too. It is reported that, depression patients are with the suicide risk of 19%, i.e., one
of every 5 depression patients commit suicide. In China, suicide results an annual death toll
of 278,000, and amongst which, 63% are with mental problems and 40% are with depression, according to estimation. Reports also revealed that people in the highly urbanized
metropolitans such as Shanghai, Beijing, and Guangzhou are bearing greater financial and
survival stresses due to the intense workload, and hence possess higher risk of depression.
Depression not only harms the health and life of people, it also causes economic loss on
group and national level by lowering the working efficiencies and productivities of the
labor forces. Moreover, the resulted medical cost is also a heavy burden of the whole country. It is estimated that depression results in an annual economic loss of over 100 Billion US
Dollar in Asia, and by 2020, it will become the disease with the second heaviest healthcare
burden in the world according to WHO. In terms of China, depression is estimated to cause
an annual loss of 51.37 Billion RMB, in which 5.62 Billion is for medical care.
Bearing in mind the huge economic loss caused by the depression, the urgent need for depression treatment should be taken seriously. Meanwhile, there is further bad news about
the treatment coverage. Merely less than half of the global 350 million patients receive
therapy. In China, the figure is even lower and estimated to be only 5%. Reasons account
for this figure vary; some patients do not consider depression as disease and hence are not
aware of the need for treatments, whilst others fear the side effects of current antidepressants in the market and therefore refuse to take the pills.
Unfortunately, new evidences rationalized the worry of the latter. A recent study from Australian scientists claims that, treated with current antidepressants in the adolescence, side
effects on children and teenagers may last forever, for instance, the headache, tiredness,
and even the emergence of suicidal thoughts. Consequently, this increases the risk of depression in their adulthood. Furthermore, results from recent meta-analysis unveiled that
most of the antidepressants are ineffective on children and teenagers.
Altogether, so many evidences demonstrated that undeniable side effects exist in current
pharmacotherapy, despite the fact that pharmacotherapy is the most effective treatment
so far. Therefore, it should be borne in mind that the unsatisfying efficacy of current antidepressants cannot support the enormous demand in China, and novel antidepressants
with better efficacy and fewer side effects must be developed as they are in urgent need.
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Although current marketed antidepressants are all developed by foreign countries, China
should accept the fact that it has been left behind in terms of antidepressant development,
and it is never too late to make efforts to catch up with other countries. Interestingly, a
recent epidemiological survey on 18 countries with different income levels revealed the
US and France were the top 2 countries with the highest incidence rate of depression, followed by Japan and Sweden. The country ranking by patent number in Figure 8 basically
follows the same order. It seems that countries with the higher incidence rate of depression invest more on R&D of antidepressants and thus harvest more.
Actually, current global R&D conditions of antidepressants offer great chance and timing
for China to join the game. As analyzed above, the whole world including China itself is in
great demand of better antidepressants. The current condition is that, amongst 4 different
types of mechanisms of actions for antidepressants, the antidepressants of Action 1 are
dominating the market, while R&D of antidepressants of other mechanisms is still in infancy. Although known defects exist in Action 1 type of antidepressants, pharmaceuticals are
still in favor of improving these old drugs by researching on reducing the side effects and
lowering the frequency of medication, rather than developing new drugs based on other
mechanisms. For example, selective norepinephrine reuptake inhibitor (SNRIs) have the
same efficacy with TCAs and SSRIs, but fewer adverse reactions. The preference of pharmaceuticals is due to, on one hand, as mentioned in previous section, developing new drugs
is by no means easy and it is with high risks of failure. On the other hand, the higher abundance and accessibility of existing knowledge about Action 1 keeps pharmaceuticals in the
comfort zone, and thus made them stick to research on Action 1 based antidepressants.

Meanwhile, another global marathon started recently that China has to join. More and
more governments in different countries have become highly aware of the urgent needs
for exploring the human brains and researching the neuroscience to acquire knowledge of
the brain and nervous system and fight against the relevant diseases such as depression
and Alzheimer’s disease. As a result, countries around the world initialized their own brain
and neuroscience research plan one by one and started the huge investments of resources
into the related research projects. Pioneered by the USA’s “BRAIN Initiative” in 2013, European Union and Japan, too, started their “big brain projects” soon thereafter. These actions
will surely facilitate the antidepressant innovation in their respective countries.
Fortunately, China is catching up with these countries with its active pace. China initialized its own large research plan about brain sciences in 2015. This suggests that, Chinese
policymakers have realized the necessity of developing neurosciences, which ultimately
will serve as the powerful knowledgebase for therapeutic innovation on neural diseases
including depression.
A latest good news from Chinese pharma industry is that a novel Chinese medicine based
antidepressant jointly developed by Xinjiang Huachun group and Tsinghua University has
passed the phase III of clinical trial, and it is ready for registration. This is an exciting and
successful example of drug innovation in China. We believe there will soon be more research breakthroughs on the human brain and nervous systems brought by these huge
neuroscience plans. We also look forward to the fruitful antidepressant innovation in China
along with the full elucidation of the pathogenic mechanisms of depression.

In summary, our network analysis of patent citation revealed that, antidepressive drugs
based on Action 1 are becoming mature. We question how much space is there to improve
for these old drugs. Nevertheless, development of drugs of other mechanisms remains in
a primary stage as the R&D on them lacks significant breakthrough, e.g., drugs of Action
3 once have had potential to develop while they are discontinued now. As every coin has
two sides, on one hand, we are quite concerned about this worrisome phenomena of antidepressant development. On the other hand, we are glad to find that drug R&D of other
kinds of mechanisms remains in the infancy, and therefore their drug innovations are with
great potential to be research and developed. Hence, it is a great timing for Chinese researchers to take this challenge and study on these mechanisms that have yet to be fully
researched and developed, when competitors are now spending lots of times on the old
drugs.
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Abstract
Patent valuation has long been a serious concern in the research-oriented pharmaceutical industry. Although there exists both technological valuation models for specific drug
patents and the general (non-drug-specific) patent valuation models based on econometrics, direct application of these models to patent valuation in the pharmaceutical industry
encounters tremendous challenges. This article proposes an integrative and systematic
framework for analyzing pharmaceutical patent value, which integrates technological,
commercial and legal indicators. This work is of great significance to pharmaceutical researchers, managers and investors in their decision-making in relation to patents and patent value.

Key words
Pharmaceutical patents, patent value, valuation, technological factors, commercial factors,
legal factors

1. Introduction
In the high-cost and high-risk pharmaceutical industry, patenting is viewed as an important part of intellectual property strategy. As a strong form of protection, a patent generates
market exclusivity, enabling branded pharmaceutical manufacturers to maximize market
revenues from novel drugs, hence driving further innovation1. There are well-known examples linking drug patent protection and the profits of pharmaceutical firms. For instance,
in the case of atorvastatin, sales revenues for the branded product (Lipitor) reached $12.6
billion in 2010, while those of a competitor product called Crestor (rosuvastatin) and a
generic alternative (Lipicor) were only $6.8 billion and $8 million, respectively2. Clearly, patents play a critical role in the research-oriented pharmaceutical industry, especially with
respect to licensing, technology transfer, venture investment and M&A (mergers and acquisitions). As a result, the pharmaceutical industry is interested in developing a reasonable, objective and transparent approach to valuing drug patents.
Although specific drug patents have been evaluated technologically3-6 and general
(non-drug-specific) patent valuation models have been successfully developed by economists7-10, direct application of existing patent valuation approaches to the pharmaceutical
industry is facing significant challenges due to the high-tech characteristics of pharmaceutical industry. In light of this dilemma, the present article proposes a systematic framework
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for analyzing pharmaceutical patent value. Unlike the approaches in previous studies, our
framework integrates technological, commercial and legal indicators. This is of great significance to the decision-making of pharmaceutical researchers, managers and investors in
relation to patenting and patent value, especially in respect of cross licensing, technology
transfer, venture investment and M&A.

2. Existing Patent Valuation Methods
As mentioned above, previous studies on pharmaceutical patent valuation seem to be
separately conducted within the pharmaceuticals and economics communities. While the
former focuses on the technology value of pharmaceutical patents and neglects the implications of patents in a commercial setting, the latter presents a series of econometric
valuation methods with little attention to technological factors. The present study focuses
on the market value of a patent, which can be defined as the difference between discounted future profits accruing to the patent holder during the remaining lifetime of the patent
and their likely profits if the patent were held instead by the strongest competitor in the
field8. On that basis, it becomes necessary to review existed econometric patent valuation
methodology. The classic econometric patent valuation methods can be roughly divided into two categories: market benchmarking methods and non-market benchmarking
methods. Market benchmarking methods generally encompass income method, market
method and cost method11. Income method considers the income-producing capability
of the property rather than the cost of constructing or creating it. The underlying theory
is that the value of a property can be measured by the present value of the net economic
benefit (cash receipts less cash outlays) to be received over the life of that property. Market
method is the most direct and comprehensive appraisal technique. It measures the present value of future benefits by reference to what others in the marketplace would consensually judge that value to be. This method has two pre-requisites: an active, public market
and an exchange of comparable properties. Finally, the cost approach measures the future
benefits of ownership by quantifying the amount of money that would be required to replace the future service capability of the subject property.
Although market benchmarking methods are thorough in capturing market information,
they are highly time- and resource-consuming and reflect only subjective expectations
such as estimated future income. Certain extent of “speculation” is, therefore, inevitable,
as subjectivity and uncertainty are always of issue in adopting benchmarking methods.
When different appraisers apply the same evaluation approach to estimate the value of a
given patent, the results can be entirely different. Additionally, it is very difficult to assess

211

patent portfolios comprising a large number of patent rights by using market benchmarking methods12.
By contrast, non-market benchmarking methods based on statistics of patent citation,
claim and opposition may be more convenient, especially when assessing patent portfolios. These methods usually allow early-stage, high-efficiency and low-cost estimations and
are therefore now more frequently employed12. However, these non-market benchmarking methods have application mainly to general and multi-industry patents, taking little
account of the specific technological factors that would ensure their relevance to various
industries12.

especially in the case of successful blockbuster drugs, which carry an extremely high market value14, 15. Since any technology product has commercial value only when commercialized to the market, commercial considerations based on business logic and rules should
be seen as indispensable in assessing the value of pharmaceutical patents. In addition,
sustainable revenue streams for patented products in a competitive market will depend on
how any exclusive rights covered by claims of patent are protected in the legal system. In
other words, sustainable market value is not generated by products that have technological and commercial advantages but are exposed to competition without adequate legal
protection. It follows that completeness and effectiveness of legal protection of exclusive
patent rights are also crucial factors when measuring the market value of patents16.

Apart from the market and non-market benchmarking methods, another patent valuation
method has been studied in detail in recent decades. Briefly, this alternative method identifies indicators from patent statistics according to relevant theories and empirical results.
It selects appropriate dependent variables reflecting patent value before finally validating
the correlation between indicators and patent value to establish a patent valuation model.
Reitzig’s review offers a useful account of the core steps entailed by this approach9.
The pharmaceutical industry is a research-driven, high-tech environment, in which technologies play a key role. For that reason, none of the methods mentioned above is appropriate for patent valuation in this sector, as they fail to take account of technology factors
such as chemical process, dosage form and clinical indication. To date, there has been little
economic studies on patent valuation specific to therapeutic pharmaceutical agents with
due or comprehensive consideration of technological factors. The present research bridges the gap between pharmaceuticals and economics by developing a comprehensive
analytical framework for pharmaceutical patent valuation encompassing technological,
commercial and legal factors.

3. An Analytical Framework Based on Technological, Commercial and
Legal Factors
Any such proposed framework should reflect technological importance, therapeutic attributes, sophistication, advancement and contribution to pharmaceutical patents in order
to fundamentally determine the value of drug patents13. At the same time, technological
success must not be wholly equated with commercial success, as it is not unusual to find
products of high technological value that are not well recognized by the market. Commercial factors represent another set of key determinants. While there exists a commercial logic and rules that are generally obeyed, additional commercial factors may come into play,
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Figure 1. Analytical framework based on technological, commercial
and legal factors
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causes the therapeutic effect relative to the amount that causes death (in animal studies)
or toxicity (in human studies) (TI = LD50/ED50), in which a higher therapeutic index is preferable to a lower one. On the other hand, the number of drug targets is also considered
as a proxy indicator of drug efficacy in terms of the effectiveness of multi-target therapy19.

Figure 1 presents the proposed comprehensive analytical framework for assessing pharmaceutical patent value on the basis of technological, commercial and legal factors. The
yellow-shaded area refers to the latent variables or value drivers that determine pharmaceutical patent value but are not directly accessible to empirical observation or measurement. The grey-shaded area denotes measurable indicators. This comprehensive framework ensures that the analysis acknowledges the overall relationship among technology,
commercial and legal factors. Based on a review of the literature, relevant latent variables
and indicators of pharmaceutical patent value have also been identified and integrated in
the analytical framework. These are further elaborated below.

Finally, phases of drug development comprehensively reflect the safety and efficacy of
drugs or drug candidates and are therefore considered relevant to patent value. There are
four phases in the high-risk pharmaceutical lifecycle: discovery, preclinical study, clinical
test (Phase I, II and III) and marketed stage.

3.1 Technological Factors

3.2 Commercial Factors

The principal technological factors of relevance to drug patent valuation include technology evolution, types of technology and drug safety and efficacy. The first of these (technology evolution) is captured by backward and forward citations. Patent citations are widely
seen as powerful tools for representing technology diffusion and evolution8, as inventors
must cite all related patents in their submission, while patent examiners are responsible for
ensuring that all appropriate patents have been cited. In this context, prior patents cited
in a patent application are called “backward” citations, while “forward” citations refer to all
subsequent patents citing a given patent in their own application. In some studies, patent citations have been used to identify valuable patents by reference to the “big picture”
of technology evolution17. Backward citations reflect the technological distance between
patents and the state of the art; forward citations demonstrate technological expansion
and development in the subsequent period. Patent citations indicate the position or value
of a patented technology in the overall evolution of a technology. For present purposes,
patent citations are regarded as technological factors although they were originally considered to be legal in nature.

Business logic and rules dictate that market capacity, competition intensity and commercialization feasibility are necessarily involved in pharmaceutical patent valuation. First,
market capacity as measured by therapeutic areas, market share and market growth rate
directly reflects the size and trend of the target market. For example, patents relevant to
prevalent and chronic diseases have higher economic value because of their huge and
robust patient pool as compared to “orphan” drugs15.

Second, because drug patents can be divided into several technological categories (including new chemical entity (NCE), new dosage form, new indication and etc.), some empirical studies have suggested that certain types of technology are drivers of patent value
or significantly associated with patent value. For example, NCE patents have a higher market value by comparison with other types of patents12, 18.
Additionally, pharmaceutical patents are usually embedded in specific pharmaceutical
products or drug candidates. Basic pharmaceutical features of drugs or drug candidates,
such as safety and efficacy, directly affect the value of pharmaceutical patents. Therapeutic
index (TI) is one indicator of drug safety, defined as the amount of a therapeutic agent that
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Market competition intensity, as captured by the number of competing products and
companies, is also a crucial commercial factor in assessing the value of a drug patent. It is
assumed that a greater number of homogeneous or alternative products and companies
in the same target market will attract higher market competition, leading to less market
share for each individual product and company, where all other commercial factors are
constant18.
Commercialization feasibility is also a key factor in estimating a patent’s economic value. In
general, complementary resources involving technology, assets and materials are needed
to commercialize a patent-protected invention, and availability of these complementary
resources is also taken as a measure of commercialization feasibility9.
3.3 Legal Factors
With regard to legal factors, this framework for pharmaceutical patent valuation must take
account of the scope of patent protection and the difficulty of inventing around, as well as
relevant procedural issues.
Scope of patent protection refers to the territory or area of technological exclusivity. Num-
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ber of claims and family size are employed as indicators to measure the scope of patent
protection. Claim is indicative of protection breadth, which exerts a positive effect in
blocking competitors. Family size, computed as the number of countries or patent offices in which patent protection has been sought for the same invention, is associated with
preliminary market coverage18, 20. For these reasons, these two indicators have a positive
influence on pharmaceutical patent value.
The difficulty in inventing around variable describes the blocking power inhibiting competitors seeking to circumnavigate the patent-protected invention with a new technology.
Theoretically, this variable is reflected by a patent portfolio derived from a series of patent
applications, which are combined to protect a specific technology20. A patent portfolio
stresses the dimensionality of patents, in that only promising drugs warrant so much endeavor in constructing a huge patent network. A larger patent portfolio indicates more
effort and input from the patent holder in protecting the product’s exclusivity or delaying
the entry to market of generic products.

effectiveness, early predictability and easy accessibility in the analysis of pharmaceutical
patent valuation.
In view of the importance of pharmaceutical patent value, subsequent studies might usefully extend this framework to other areas of concern, perhaps inspiring a series of promising applications to cross licensing, technology transfer, venture investment and M&A in
the context of patent value. In addition to the key indicators integrated in the framework,
there remain in practice other indicators that affect drug patent value but have not as yet
been fully explored.

The procedural issues variable encompasses patent age, legal disputes, patent cooperation treaty (PCT) applications and accelerated examination requests. Numerous empirical
studies have suggested that these indicators to some extent denote the importance of
patent-protected invention and are significantly correlated with drug patent value16. For
example, one such study found that patents were more likely to be legally “attacked” in an
opposition procedure as patent value increased16.

4. Concluding Remarks
This work has proposed an analytical framework for patent valuation that integrates technological, commercial and legal factors. Technological factors are fundamental to pharmaceutical patent value; commercial factors are prerequisite elements in the process of
commercializing technology outputs; and legal factors are the best shield in sustaining
the high economic value of innovation in a competitive environment. This comprehensive
analytical framework ensures that the analysis of patent value will be conducted with due
regard to the overall relationship among technology, commercial and legal factors.
It is worth mentioning that all of the indicators incorporated in this framework have been
directly or indirectly tested in prior empirical studies. Most of the relevant data are available early in the lifetime of a patent or from publicly available information which can be
acquired and processed at low cost. The proposed framework has the advantages of high
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Abstract

1. Introduction

Background: Cross-regional technology transfer has been increasingly implemented in
China, and it is playing a more and more important role in Chinese drug innovation performance. However, few attempts have been made to identify determinants of cross-regional
pharmaceutical technology transfer in China. This study hence aims to identify the influence of different factors in cross-regional pharmaceutical technology transfer in China and
propose policy recommendations.
Methods: We employ spatial interaction model in this study to identify different kinds of
factors that influence pharmaceutical technology transfer in different spatial entities. The
research sample is composed of 2,076 cases of pharmaceutical patent licensing from external domain to firms in SIPO (State Intellectual Property Office of China), geographically
covering 31 province-level regions in China.
Results and Discussion: R&D (research and development) input and output in the origin
region and technological demand in the destination region have positive associations with
the cross-regional pharmaceutical technology transfer in China. Spatial distance shows a
negative regression coefficient, which reveals that pharmaceutical technology transfer is
significantly affected by geographical proximity. Fully opposed spatial spillover effects are
observed between R&D input and output. This difference further implies synergistic and
antagonistic relationships between regions. Accordingly, some relevant strategies have
been proposed to stimulate pharmaceutical technology transfer.
Conclusions: This article sheds light on main determinants on cross-regional pharmaceutical technology transfer in China based on spatial interaction model. Through empirical
test, we confirmed some influence factors. Based on results, some relevant strategies have
been proposed to stimulate pharmaceutical technology transfer. This study can provide
some references for policy makers, technology agencies, R&D managers.

In the current age of knowledge-based economies, cross-regional technology transfer has
received much attention in both academia and industry. Accumulating evidences indicate
that the movement of knowledge and technology can drive the pace of innovation and
trigger economic development1. In the case of high-tech and high-risk pharmaceutical industry, drug development process includes crucial disciplines such as chemical development, drug metabolism, pharmaceutical formulation, clinical trial and regulatory science2.
To integrate external knowledge sources into their own innovation process, more and
more pharmaceutical companies break through geographical restraint to share specific
strength and decrease cost3-5.

Key words

As an emerging economy, China has been achieving dramatic development. The Chinese
pharmaceutical industry is a prominent example, and it is predicted to become the second-largest pharmaceutical market in the world by 20156, 7. In recent years, high priority
has been devoted to the development of new medicines in China. However, China’s wide
territory has caused essential resources for pharmaceutical development such as technologies, talents, capitals, infrastructures, and policies, to be scattered geographically. In this
context, cross-regional technology transfer has been increasingly implemented and it is
playing the more important role in contributing to Chinese drug innovation performance8,
9
.
The theory of regional innovation believes that geographic boundary have a significant
impact on the trajectory and performance of industrial innovation due to the spatial heterogeneity of regional innovation system such as economic base, source endowment, industrial performance and policy environment10, 11. Since the beginning of the 1980s, the
regional dimension has been a crucial component of Chinese policy. China’s size and geography naturally contribute to an emphasis on the role of the regions (or provinces)4. As a
consequence, it is necessary to analyze cross-regional pharmaceutical technology transfer
in Chinese province level.

Cross region; Pharmaceutical technology transfer; Influence factors; China.
In previous literatures, some scholars have addressed spatial distribution of technology
transfer in China. They investigated the patterns of knowledge transfer and technology
exchange at Chinese province level. The results demonstrated that innovative actions exhibit strong local and specific characteristics shaped by regional institutions12. One of the
most prominent features of technology transfer in China is the disequilibrium between
different regions8. However, these previous studies only map the patterns of cross-regional
technology exchange, few attempts have been made at what determines cross-regional

222

223

technology transfer in China. The influence factors, including the specific country, specific
time period, and specific industry, have never been tested by any empirical study. We believe this is an increasingly vital question to comprehensively understand pharmaceutical
technology transfer in China. It can provide references for policymakers to stimulate technology transfer and pharmaceutical innovation in China. To fill this gap, this study aims
to investigate technology transfer in pharmaceutical industry of China, and identify the
influence of different factors into cross-regional technology transfer by employing a spatial interaction modeling approach. Furthermore, based on the results, we propose some
policy recommendations for pharmaceutical technology diffusion in China.
The remainder of this paper is organized as follows. Section 2 presents theoretical review
of relevant influence factors on technology transfer. The next section introduces the data
sources and methods used in this study. In section 4, the results of the empirical analysis
are presented. Finally, the paper ends with a discussion on the implications for policies and
innovation theories in addition to concluding remarks.

2. Literature Review
Overall, influence factors of technology transfer can be summarized in five aspects, including supplier-side factors, receipt-side factors, transfer platform factors, technological
factors, and environmental factors13-17. Up to now, no consensus yet has been reached on
what determines technology transfer. Based on resource-based theory, some previous
studies empirically tested the relationship between R&D source and technology transfer18-19. For example, using panel data from 1980 to 2001, O’Shea et al. found that the size
and nature of financial resources allocated to universities influence academic entrepreneurship20. Especially, the size of federal science grants demonstrated positive orientation
on technology commercialization of university research in life sciences. According to Gregorio and Shane, patenting activity has a significantly positive effect on technology transfer21. However, not all evidences demonstrate that R&D funding have positive impact on
technology transfer activity. To illustrate, Powers indicated that federal R&D funding has
positive correlation with technology transfer, while the institutional R&D and state R&D
have a strong influence on patenting activity but no measurable effect on technology
transfer22, 23. Wu and Dong investigated 36 Chinese universities in the period 2003-2007,
and the results show that R&D funding has no significant impact on technology transfer in
these universities in China24.
In addition, demand-side characteristics also affect technology transfer activity25. From
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a ‘knowledge-based’ perspective, some previous studies have investigated the link between absorptive capacity of recipient-side and technology transfer. Martin and Salomon
addressed the role of tacit knowledge in constraining a firm’s ability to do international technology transfer and examined the impacts of knowledge transfer capacity26. They
found the effectiveness of technology transfer will reach the peak when absorptive capacity of recipient-side simultaneously matched transfer capacity of the organization that
develops knowledge (source transfer capacity). Based on firm data, Arvanitis et al. explored
determinants of knowledge and technology transfer activities between firms and science
institutions in Switzerland27. They found that ability to absorb new knowledge and the
existence of R&D activities is an important precondition for technology transfer activities.
Though many studies emphasized that the demand-side factors of the technology market
should be considered, there are some distinguished conclusions. By using a novel firm-level dataset that combines a Japanese Patent Office survey and the licensing activity survey,
Kani et al. estimated the influence factors of technology licensing28. The results show that
potential demand for the technology measured by forward-citations is not statistically significant in influencing patent licensing.
Moreover, some researches propose that the analyses of technology transfer have to
consider the impact of regional environment. Utilizing spatial dimension, the scholars
addressed the analysis of geographic distance pertaining to technology transfer. For instance, Coccia and Rolfo used the spatial barycenter as a tool, and showed that the technology transfer intensity is spatially concentrated within circular areas with radii from 86.8
km (min) to 417.9 km (max) 29. That is to say the technology transfer has spatial proximity
effect. With technology transfer, there are various types of spillovers such as knowledge
spillovers, market spillovers and network spillovers30; the spillover effect is a driving force in
technological development and through different channels the technology diffuses across
regions. Friedman and Silberman suggested that R&D and other knowledge source not
only generate externalities, but the evidence also suggests that such knowledge spillovers
tend to be geographically bounded within the region where the new economic knowledge was created31. Bottazzi and Peri estimated the effect of research externalities in generating innovation. They use R&D and patent data for European regions during the period
of 1977-1995, and confirmed spillovers are localized and exist only within a distance of 300
km32.
In summary, existing literatures estimate influence factor of technology transfer from various perspective. However, factors determining cross-regional technology transfer has not
reached an agreement, especially in the rapidly developing Chinese pharmaceutical industry.
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3. Methods
3.1 Empirical Model
Spatial interaction models, originally used in Economics, in particular Economic Geography, are powerful instruments to model interaction across geographic units33, 34. Considering the focus on cross-regional issues, we employ spatial interaction model in this study to
identify different kinds of factors that influence the interaction between different spatial
entities.

This study mainly discusses three kinds of factors which are technological origin regions,
destination regions and interactive associations between them, respectively. The variables
considered in this model include R&D input, scientific output, interactive associations between them, and relevant spatial and temporal effects from the angle of licensing-out regions35. In addition, it is necessary to consider the geographical distance between regions,
as well as the R&D scale of the regions as control variables. These influence factors have
never been tested in such specific framework, though they seem to be fully consistent with
common theoretical and experienced hypotheses. It is still necessary to examine them by
empirical approaches in the specific country, specific time period, and specific industry.
The empirical model to be estimated in this study is given by:

where i and j represent indexes for the origin region and destination region of the technology transfer, respectively. Tij denotes the frequency of technology transfer from region i to
region j. Ii and Oi imply R&D input and output in region i, respectively, while IiOi represents
interactive associations between the R&D input and output. Ii* refers to the spillover received by region i from the R&D input in the surrounding regions j, which is calculated by

Similarly, Oi* represents the R&D output spillover of all external regions to region i, which
is estimated by

Figure 1. Spatial interaction models of cross-regional pharmaceutical
technology transfer

Notes:

Mj refers to the technological demand in region j, while Dij is the spatial distance between
region i and region j. Ai and Bj are employed as control variables, which show the R&D
scale of region i and j, and α and β are relevant parameters, while C is constant and is a
stochastic error term36.

Ovals represent regions, between which technologies flow, while underlined words refer
to potential influential factors to cross-regional pharmaceutical technology transfer that
are tested and controlled in this study.

226

227

3.2 Data and Variable Measurement
As a representative type of technology transfer, the patent license has been widely used to
measure the transfer of technology37. SIPO of China officially published the data of the patent licenses in China. According to the Regulation on Filing Management of Patent Licensing
Contracts released by SIPO, interested parties are encouraged to file for patent licensing
within three months after the patent license contracts come into effect. In practice, the official filing of patent licensing contracts is, however, basically generated by patent licensers
or licensees on a voluntary basis. Thus, there are few records of past patent licenses in
the official database of the SIPO. It is worth noting that the official filing system of patent
licenses has contained more and more records during the past five years, with the government’s encouragement and increasing legal consciousness of the public37.
In this context, the research sample is composed of all pharmaceutical patent licensing
from external domain to firms in SIPO between January 1, 2009 and December 31, 2012,
which (in total) includes 2,076 cases, geographically covering 31 province-level regions
in China, except for Hong Kong, Macau, and Taiwan. This sample is transformed into 961
observations (i.e. regional pairs combined by 31 regions) for estimation of the model at
the regional level. The actual number of observations in regression models decreases due
to possible missing values of observations in some variables. The province-level location
information of the patent licensors and licensees is retrieved in the CPRS (Chinese Patent
Retrieval System). Thus, Tij is measured by the accumulated count of the patent licenses
from region i to j during the observed period.

The data on the above factors have been collected from the China Statistics Yearbook on
High Technology Industry published by the China Statistics Press. It is noteworthy that we
measure the information on the influential factors in earlier years (for example, 2004 and
2008) to analyze the technology transfer during 2009-2012, in order to reflect the time
lagging effects of different factors on technology transfer. Especially, we observe a longer
time lag of R&D input and separately measure the effects of R&D input in different years
in order to feed the unfixed R&D pipeline from input to output and test the robustness of
models.

3.3 Estimation Method
In order to approximate a proportionate change, natural logarithmic form is employed to
all variables in the model, while ordinary least squares (OLS) estimation procedures are
used as a method of statistical model estimation.

Note:

1

fer, respectively. Dependent variable Tij denotes the frequency of technology transfer
from region i to region j. Ai and Bj are employed as control variables; Ii and Oi imply R&D
input and output in region i, respectively. Ii* refers to the geographic spillover received
by region i from the R&D input in the external regions. Similarly, Oi* represents the R&D

More data on the influential factors of pharmaceutical technology transfer in China are
elaborated as follows:
•
•.
•

•
•
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Ii is measured by the total R&D expenditures of region i in 2004, 2005, 2006,
2007, and 2008, respectively.
Oi is operationally captured by the number of granted patents in region i in
2008
Mj is the gross output value of the pharmaceutical industry in region j in
2008, given that high industrial output means strong technological demand.
Dij is measured in terms of the great circle distance between the capital
cities of the regions.
Ai and Bj are calculated by the full-time equivalent of the R&D personnel of
pharmaceutical product manufacturing in 2008 in regional i and j, respectively.

The i and j represent the original region and destination region of the technology trans-

output spillover of all external regions to region i. Mj refers to the technological demand
in region j. Dij is the spatial distance between region i and region j. IiOi represents interactive associations between the R&D input and output.
2

Different estimation results caused by Ii measured in different years, from 2004 to 2008,
are individually shown in the above table, in order to observe time lagging effects of
R&D input in specific years and test the robustness of models.

3

Standard errors (SE) are in parentheses.

4

*Significance at 10% level (two-tailed tests). **Significance at 5% level (two-tailed tests).
***Significance at 1% level (two-tailed tests).
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4. Results

Table 1. Empirical model of pharmaceutical technology transfer

The estimation results of the empirical model are shown in Table 1. Table 1 shows that
all independent variables considered in the model significantly affect the cross-regional
pharmaceutical technology transfer in China, while the different factors have different
(even opposed) effects. In general, the estimation results are basically consistent with our
experienced assumptions. Moreover, the empirical models are roughly robust in terms of
different R&D input measured in different years. The slight changes in the model in 2006
may be caused by the relatively smaller size of observations.
First, R&D input and output in the origin region have positive associations with the
cross-regional pharmaceutical technology transfer in China. This means that increasing
R&D input and output significantly improves the technological supply capability, and may
further imply that R&D input, as well as output, accounted for by approved patents in the
pharmaceutical industry, have been positively commercialized to transform into concrete
industrial achievements in China.
Though R&D output spillover shows the significant effect only in the model in 2008, fully
opposed spatial spillover effects are observed between R&D input and output,. This difference further implies synergistic and antagonistic relationships between regions. As a kind
of early-stage resource prior to technology transfer, R&D input can be well-shared between
neighboring regions. R&D funding gained by one region can relatively freely circulate to
adjacent regions, while this kind of spatial spillover decays with the increasing distance. In
other words, neighbors of rich regions with sufficient R&D input can win synergistic benefits, compared to remote regions. However, neighboring regions competitively provide
patents as R&D output for further technology transfer. Neighbors of developed regions
with strong innovation achievements have relatively small opportunities to transfer technologies to external regions; therefore, the slightly negative spatial effect is shown in R&D
output. Moreover, the interaction term between R&D input and output has a negative influence on pharmaceutical technology transfer. This reflects that increasing R&D input in
one region makes a big difference when R&D output of this region is low, but makes much
less of a difference when the R&D output is large. In this sense, increasing the share of
undeveloped regions in the allocation of overall R&D input should be an optimal policy to
stimulate pharmaceutical technology transfer in China.
Technological demand in the destination region has a positive association with pharmaceutical technology transfer, which further demonstrates that regions with strong technological demand, reflected by high gross industrial output value, have a higher chance of
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receiving technology transfer from external regions28. In addition, it is notable that spatial
distance shows a negative regression coefficient, which reveals that pharmaceutical technology transfer is significantly affected by geographical proximity. Long-distance technology transfer is, relatively, more difficult in the Chinese pharmaceutical industry. Finally, the
significant coefficient of the scale control variable shows that the potential bias caused by
the regional scale is effectively avoided in this model.

5. Discussion
This study provides evidence for understanding determinants of cross-regional pharmaceutical technology transfer in China by empirical study based on spatial interactive model. The results clearly show that cross-regional pharmaceutical technology transfer in China
is significantly influenced by R&D inputs and outputs of origin regions, technological demand of destination regions as well as geographical distance between them. Though they
seem to be fully consistent with common theoretical and experienced hypotheses, these
influence factors are examined for the first time by advanced empirical approaches in such
a framework. In addition to these, spillovers of R&D input and output and interaction associations between R&D input and output have significant impact on pharmaceutical technology transfer in China. Accordingly, our findings also have implications for policy makers.
Some relevant policy recommendations can be proposed to stimulate cross-regional pharmaceutical technology transfer in China.
First of all, increasing R&D investment in the technological origin region can be viewed as
a positive strategy to promote cross-regional pharmaceutical technology transfer in China.
The pharmaceutical industry is a research-driven, high-tech environment, in which R&D
investment play a key role to spur innovative output. China’s R&D expenditure exhibited
the most dramatic R&D input growth pattern in recent years, at an average annual rate of
29.1% since 2008 (National science and technology statistical report 2012). In the pharmaceutical sector, as the second largest R&D performer, the Chinese government has increased the R&D funding to create an innovation-oriented environment, reflected by the
launch of the project ‘‘Key Drug Innovation’’ in 200738. More importantly, it is worth noting
that major pharmaceutical technology origin regions such as Beijing, Shanghai, Zhejiang
and Sichuan should receive more concern because these regions are highly centralized in
R&D resources including outstanding researchers and excellent infrastructure. To some
extent, they imply stronger innovation capability, i.e., the power to generate new technologies. The increasing R&D investment in the above mentioned regions will trigger more
R&D output. Thus, it helps promote more technology outflowing.
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Secondly, improving quality of R&D output represented by granted patents may be a feasible pattern to promote pharmaceutical technology transfer in China. Though China’s R&D
output keeps rising tremendously, along with R&D investment expansion, from “catching
up” to becoming “world leading” with a great number of patent applications, the quality of
patents is a great concern. For example, the numbers of Chinese patent applications have
broken through 2 million in 2012, about 33% patents have been granted, of which the proportion of invention patent only accounted for 12.4%39. In fact, short life and low-quality
patent have provoked a great deal of controversy with Chinese researchers. In recent years,
more and more scholars have criticized the numerous “sleeping” patents in China which
obviously fail to be commercialized to real innovative drugs well-recognized by end-consumers40. Therefore, improving quality of R&D output is a precondition of cross-regional
pharmaceutical technology transfer in China.
Thirdly, pharmaceutical industry concentration in China should be enhanced. The study
demonstrates that technology absorption capability seems to be essentially determined
by pharmaceutical industry scale of recipient side. As of 2012, there are around 4,500 domestic pharmaceutical manufacturers and 14,000 domestic pharmaceutical distributors
in China, of which more than 70% are small-scale enterprises (employees less than 300,
operating revenue less than 3 million USD) 41. Due to the lack of R&D resource related
to drug discovery and development, most of small-scale firms were engaged mainly in
low-value-added activities such as manufacturing, formulating, packaging and distributing generic productions rather than innovation activities. As a result, they have a relatively
limited technology demand. In this sense, enhancing pharmaceutical industry scale and
concentration in technology inflow region such as Jiangsu, Guangdong and Shandong
may be conducive to promote pharmaceutical technology transfer37.
In addition, we suggest that efficiency of cross-regional pharmaceutical technology transfer in China should be enhanced by development traffic and communication infrastructure. Though technology transfer has spatial proximity effect, a large amount of literature
on regional studies has demonstrated that the negative effect of geographical distance on
innovation is intermediated by transportation infrastructure and information communication. Moreover, the impact of geographical restraint is decreasing with the development
of transportation and information technology42. The spatial distances could be extremely
shortened with the rapid development of transportation and information technology in
China. For example, the Yangtze River Delta Economic Zone has formed a ‘one-hour economic circle’, where it only takes 20 minutes to get from Shanghai to Suzhou by high-speed
rail. There are most frequent technology flows between Jiangsu and Shanghai37. In this
context, development traffic and communication infrastructure should be recommended
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as a positive strategy for pharmaceutical technology transfer.

6. Conclusions

Finally, region balance development and cross-regional cooperation, especially developed
regions and undeveloped regions, should be an optimal policy to stimulate pharmaceutical
technology transfer in China. Over the past three decades, China was undergoing a period
of rapid economic development via the performance of reform and opening-up policies.
However, the imbalance of regional development is increasingly prominent between the
eastern coastal area and the western regions43. When it comes to economic development
and resource distribution, regional inequality exists in pharmaceutical technology transfer.
The economically developed regions play active roles in technology transfer, whereas for
economically underdeveloped regions, especially in Ningxia, Xizang, and Gansu, pharmaceutical technology transfer is quite rare8, 37. Our examination demonstrates fully opposed
spatial spillover effects imply synergistic and antagonistic relationships between regions,
which have significant impact on pharmaceutical technology transfer in China. In this
sense, in order to bridge the gap of cross-regional technology transfer, it is necessary to
increase the share of undeveloped regions in the allocation of overall R&D input, and accelerate cross-regional cooperation by breaking through the geographic boundary.

This article sheds light on main determinants on cross-regional pharmaceutical technology transfer in China based on spatial interaction model. By empirical test, we confirmed
some influence factors including R&D investment, granted patent, pharmaceutical industry scale, geographical distance and spillover effect. Based on results, some relevant strategies have been proposed to stimulate pharmaceutical technology transfer. This study
can provide references for policy makers, technology agencies, and R&D managers. On
the background of global open innovation, cross-regional technology transfer is playing
an increasing important role in drug development not only in China but in the world. Integrating worldwide resource such as technologies, talents, capitals, infrastructures, and
policies will be conducive to break through the bottleneck of drug development and promote worldwide pharmaceutical innovation.
Some limitations of this research must be mentioned. There are more influence factors
on pharmaceutical technology transfer in the real world have not been elaborated in this
study. For example, regional technology transfer policy, regional economic level as well as
regional technology transfer platform and capability could perhaps significantly influence
regional technology transfer. In addition, patterns, efficiency and performance of pharmaceutical technology transfer in specific regions should be further clarified and analyzed. All
of these issues are on top of the research agenda for future studies.

List of abbreviations
R&D: research and development; SIPO: The State Intellectual Property Office; km (kilometer); OLS: ordinary least squares; CPRS: Chinese Patent Retrieval System.
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Abstract
In recent decades, the Chinese pharmaceutical industry has developed at an accelerating
pace, and the drug registration and approval system in China has undergone a series of
dramatic changes and reforms. As current provisions became incompatible with sector
development, the China Food and Drug Administration (CFDA), the supreme drug regulatory authority in China, has updated the current regulation system of drug registration and
approval. This article describes the current state of regulation, comprehensively discloses
the proposed new rules, and concludes with the potential implications for the future.

1. Current Status
The current version of the Drug Registration Regulation (DRR) was issued on July 10, 2007,
which has led to the implementation of an entirely new registration and approval system
for pharmaceutical and biological products1. Dramatically, on the same day the DRR was
issued, the former head of the State Food and Drug Administration (SFDA, predecessor of
CFDA) was executed for accepting bribes from drug companies in exchange for marketing
authorizations. Perhaps this is not a coincidence or the only case. Since then, the Chinese
pharmaceutical regulatory system has been undergoing a series of tough reforms. With
the rapid development of both the regulatory system and the pharmaceutical industry
in recent years, the DRR now appears to be incompatible and outdated in a number of
respects.
Under this context, the CFDA realized the necessity of change and reform, and this was accomplished over the past three years. Initially, the CFDA issued a draft amendment to the
DRR in November 2013, as well as its Drafting Explanation for comments from pharmaceutical manufacturers, R&D institutes, other organizations, and individuals. Three months later, the Legislative Affairs Office of China’s State Council published a further revised version
of the DRR, with all public comments due by March 23, 2014. Afterwards, the Department
of Drug and Cosmetics Registration of CFDA drafted a notice in September 2014, with the
purpose of rearranging the internal operating procedures of drug registration. Moreover,
the National Working Conference on Drug Registration held in April 2015 released some
reform measures and also exposed the future direction to the public. The next month, China’s Ministry of Finance (MOF) and National Development and Reform Commission (NDRC)
jointly released the Provisions for Registration Charging Standards of Drug and Medical
Device, which aimed to promote the healthy development of registration work and to
establish a new charging standard for pharmaceutical products. Then, in July 2015, the
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CFDA released a notice for self-inspection and scrutiny of clinical trial data, which greatly
lightened the CFDA’s burden of review and approval. One month later, the State Council issued the No. 44[2015] (State Council Issued [2015] No. 44) document to reform the drug and
medical device review and approval process to improve the review and approval quality, to
solve the problem of registration lag, and to leverage generic drug quality along with other
reforms. As a response to this document, in December 2015, the CFDA issued its No. 257
document of 2015 for the filing management of chemical drug’s bioequivalence (BE) trials.
The year 2016, which is destined to be extraordinary and one year before the tenth anniversary of the DRR issued in 2007, the State Council No. 44[2015] document continued to
play an important role in the drug registration and approval system. In February 2016, the
Department of Drug and Cosmetics Registration of the CFDA drafted a document for public comments regarding the operating procedures of inspecting drugs’ clinical trial data.
Half a year later, the CFDA opened a draft for public comments on the settlement of drugs’
clinical trial data inspection. As its own response to the No. 44[2015] document, in March
2016, the State Council Office issued the No. 8[2016] (State Council Office Issued [2016] No. 8)
document to evaluate quality consistency evaluations for generic drugs. Then, from March
2016 to September 2016, the CFDA drafted a series of regulatory documents regarding the
assessment of quality consistency evaluations for generic drugs for public comments. The
latest one opened on September 14, 2016, which focused on the general consideration of
clinical efficacy. The government’s determination to improve generic drugs had dramatic impacts on China’s registration rules, and the content will be described in more detail
hereinafter. On March 4, 2016, the CFDA issued a notice to implement the Reform Plan for
Chemical Drug Registration Classification from the issuance date forward2. On July 25, 2016,
the CFDA published a draft amendment to the DRR, with any public comments due by
August 26, 2016. Thus far, the revisions of the drug registration and approval system have
not been finalized; however, in the near future, a formally amended DRR will be released,
and a better registration system will be established.
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2. Proposed Changes
Based on the relevant draft amendments, official notices, national conferences, and other
newly implemented provisions, the main proposed changes of China’s pharmaceutical registration rules can be highlighted and analyzed in terms of the following eight elements3-7.

2.1 Adjustments to Registration Procedures
In this round of reform, the CFDA applied certain modifications to the New Drug Application (NDA), Abbreviated New Drug Application (ANDA), and import drug application procedures. Firstly, under the current NDA process, an applicant must first apply for a clinical
trial and then apply for marketing approval only after completion; however, certain drug
categories, including normal and specific immunoglobulins for intramuscular administration, human albumins, multiple electrolytes injections, and blood volume expanders, are
currently exempted from clinical trial applications, and applicants can directly apply for
marketing approval.
Secondly, under the current ANDA procedures, after the acceptance of an application, Provincial Food and Drug Administrations (PFDAs) will conduct on-site inspections of drug
R&D conditions and raw data as well as production site inspections of the manufacturing
processes and quality specifications provided by the applicant. Once the inspections are
passed, applicants can initiate a bioequivalence study. The draft amendment to the DRR
in 2013 modified the procedures for ANDA. Briefly, production site inspections of manufacturing processes and quality specifications will be postponed to be conducted upon
completion of the bioequivalence study. The Drafting Explanation pointed out that the
long-standing practice of conducting production site inspections too early led to several
problems, including resource waste and low-quality checks, and it was also detached from
technical review and GMP inspection. In fact, manufacturing processes need to be optimized to be in line with the results of the bioequivalence study; thus, it is more practical
and reasonable to delay the inspection of a production site.
Thirdly, under the current import drug application procedures, when a foreign manufacturer submits a clinical trial application for a class I chemical drug (new drugs never marketed in any country), a certificate of pharmaceutical product (CPP) issued by the exporting country must be supplied to the CFDA; however, such requirements were considered
unreasonable and led to complaints among foreign manufacturers. As it stands, the CFDA
has deferred the submission of marketing authorization until the day of application for
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marketing approval. In the latest draft amendment to the DRR issued in 2016, an imported
drug is considered a domestic drug and does not have a specific provision in the DRR.
2.2 Changes in Clinical Trial Processes
Under the current DRR, there are no procedures that accommodate changes requested
by applicants in ongoing clinical trials; such as formulae, manufacturing processes, or production sites. Consequently, an applicant may have to withdraw an application and file
an entirely new one. The draft amendment to the DRR issued in 2016 permitted supplemental applications on clinical trials, and Article 50 , a new provision allows supplemental
applications, was added to the DRR instead of the obsolete provision. Applicants could file
pharmacy changes after evaluating the influence on safety, efficacy, and quality control
with relevant technology guidelines. If pharmacy changes influence the clinical protocol,
applicants could submit the changes for review with a follow-up clinical protocol or other
major changing ways.
Secondly, under the current rules, only drugs already marketed in other countries, or at
least entered in a phase II clinical trial, are eligible for multi-center clinical trials in China.
According to a 2015 national conference, the CFDA planned to permit drugs never marketed before to be used in synchronized clinical trials in Chinese institutions, and the data
obtained would be permitted to be used in import drug applications if the requirements
were met.
Thirdly, the CFDA implemented changes regarding bioequivalence studies. The current
DRR stipulates that applicants must have their clinical trial applications approved before
beginning bioequivalence studies. However, as per CFDA’s No. 257 document of 2015 issued in December 2015, based on the original review and approval process, applicants
whose chemical drug registration applications were accepted before the issue day could
continue to conduct BE studies or withdraw the original registration voluntarily. They
could then complete it based on this new notice (CFDA’s No. 257 document of 2015) instead. After December 1, 2015, the scope included the items listed below and was applied
to the BE filling management system:
1)
2)
3)

Generic drug of which the active ingredient, delivery system, dosage form, and
specification is compliant with the reference listed drugs.
Marketed drugs approved domestically but that require changes based on a BE
study.
Marketed drugs approved domestically, but quality consistency evaluations for
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generic drugs with the reference listed drugs must be conducted, which should
include off-patent products or internationally recognized drugs, using a BE study.
2.3 Improvement of Special Review and Fast Track Mechanism
The CFDA recently added several circumstances that allow for special reviews and fast
track procedures. First, there are mainly too many newly added drug categories for special
review, which contain “Key R&D Project” drugs, import innovative drugs, and import pediatric drugs that are to be produced in China instead of an exporting country. Secondly, the
CFDA established a fast track review for generic drugs and gave priority to certain categories: 1) fill an unmet medical need; 2) affect public availability and affordability; and 3) first
copy for a pioneer drug.
2.4 Increase in Drug Registration Fees
The current registration charging standard was set by China’s Ministry of Finance in
19959. Among all registration categories, the NDA registration fee is the most expensive,
but the cost is only around 7,300 USD. Apparently, the standard charges established in
1995 are no longer suitable for current prices and salary levels. Moreover, the drug registration fee in China is also quite low in contrast to developed countries. For example, the NDA
registration fee is 35 thousand CNY in China compared with 0.98 million CNY in Australia,
1.76 million CNY in Canada, and 12.07 million CNY in USA7.
Under this context, China’s authorities began to establish the new charging standards for
drug registration in China. On April 21, China’s Ministry of Finance and National Development and Reform Commission jointly issued the Provisions for Registration Charging
Standards of Drug and Medical Device7, and then the CFDA released the detailed charging
plan on its official website one month later. Table 1 shows the new charging standards for
drug registration.

1 USD= 6.2047 CNY

According to the CFDA, the new charging standards were established under the principle
of cost compensation and were measured by a third-party accounting firm. Compared with
the previous charging standards, the amount of the new standards greatly increased for all
four registration items, and drug manufacturers will incur additional financial expenses for
drug registration and supplementary applications. In addition, it is worth noting that the
import drug registration fee is much higher than the domestic drug registration fee, as it
is calculated as the sum of the domestic drug registration fee as well as the transportation
expenses and accommodation expenses accrued by CFDA inspectors.
On the other hand, the new charging standards in China are still much lower than that
in developed countries. For instance, the newly adjusted NDA registration fee in China is
equal to that of 64% in Australia, 35.5% in Canada, and 5.2% in the US7.
2.5 Changes on Market Protection Policies of Drugs
Currently, there are two primary market protection policies for drugs in China. The first
protects drugs already patented under China’s patent laws and regulations, and the second protects drugs recognized as new drugs by the CFDA based on the DRR, which is more
likely to be a type of administrative protection, such as a new drug observation period.
However, in this round of reform, the CFDA made adjustments to both market protection
policies.
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2.5.1 Patent Protection Policy

control. Patent disputes that arise among applicants are also settled directly by the courts.

The current 2007 version of the DRR contains two provisions regarding patent protection for drugs during the registration process. Pursuant to Article 18, when an applicant
submits a registration request, patent information and its ownership situations shall be
provided to the CFDA, including the drug applied for registration and its formulae, manufacturing processes, and/or uses. Non-infringement statements must also be submitted. If
patent disputes arise during the registration process, they must be settled by referring to
relevant patent laws and regulations. Moreover, Article 19 stipulates that generic manufacturers cannot submit registration requests until two years prior to the expiry date of corresponding drug patents. Once generic drug applications are approved, the Drug Approval
Number and other certificates will be issued after the expiry date and will be effective
immediately.

2.5.2 Administrative Protection Policy

In the most recent draft amendment, the corresponding provisions have been modified.
At first, the phrase “during the registration process” in Article 18 was deleted, and this revised article was moved to Article 130 of the draft amendment to the DRR issued in 2016.
Then, the two-year limit was deleted from Article 19. In addition, authorization procedures
were changed: once applications are approved according to the requirements of the draft
amendment to the DRR issued in 2016, Drug Approval certificates are issued immediately.
Revised Article 19 was moved to Article 129 of the draft amendment to the DRR issued in
2016.
According to the Drafting Explanation3, the purpose of these modifications is to eliminate
contradictions between the DRR and China’s Patent Law. For instance, China’s Patent Law
was revised in 2008, adding a new exemption to patent infringements regarding drug patents, which is similar to the “Bolar Exemption” that is widely used to encourage drug R&D.
Patent Law stipulates that the use of drug, apparatus, and instrument patents is permitted
for the purpose of providing necessary information for administrative approval10. Thus,
patent disputes in the registration process described in Article 18 have been exempted
in the new Patent Law. Another issue involves the two-year time limit for generic drug
applications set by the CFDA on the basis of the evaluation and approval schedule that
was commonly applied in the past; however, the current approval time for generic drugs is
much longer than two years. Such constraints deprive generic manufacturers of the rights
to market on time as well as actually extend the patent life of patented drugs.

In the DRR, an observation period during which the CFDA shall not accept registration
requests from other manufacturers to produce, change dosage forms, or import drugs
was established for any new drug approved for production. Manufacturers are required
to investigate the drugs during this period and to report annually to drug regulatory departments. The length of the observation period is determined by the type of drug, up to
a maximum of five years.
Under the current DRR, from the date a new drug enters the observation period, any manufacturer with an already approved clinical trial application for that drug will be exempted
from the constraints of an observation period. If the requirements are met, they will be
permitted to proceed, and marketing authorization can still be issued. Applications for the
same drug that have already been accepted but not yet approved will be returned.
The CFDA has also made adjustments to the applicability of the observation period. When
a new drug enters the observation period, applications already accepted but not yet approved will no longer be returned and are permitted to proceed. In addition, when an import drug gains marketing authorization for the first time, applications for the same drug
already accepted but not yet approved can proceed, or applicants can opt to withdraw
their accepted applications and submit generic drug applications instead.
According to the Drafting Explanation, the aforementioned adjustments are intended to
resolve the controversies regarding “registration application returning” and to further encourage drug R&D3. In fact, drug manufacturers regarded the observation period as another type of market exclusivity protection. To avoid being shut out of the market, their clinical
trial applications had to be approved before the first applicant could gain the approval of
its NDA. Inevitably, this is likely to arouse hostile competition and big losses for out-ofgame manufacturers. Decreasing the length of the observation period exclusivity provides
more opportunities for applicants and helps create a more suitable environment for drug
R&D.

2.6 Exploration for a New Drug Regulatory Mechanism
Revisions to provisions related to patents actually liberates the CFDA from patent administration, which allows the CFDA to primarily focus on drug safety, efficacy, and quality
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The National Working Conference on Drug Registration held in April 2015 indicated that
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several new mechanisms are being explored to improve the drug regulatory environmentFirst, to address the drug lag problem, the CFDA proposed outsourcing part of the drug review by purchasing external review resources, such as provincial counterparts, universities,
and R&D institutes. In this way, the CFDA hopes to solve the heavy backlog of drug applications and to accomplish drug review normalization by 2018. Second, the CFDA planned
to explore the China’s Marketing Authorization Holder (MAH) system of innovative drugs
to eliminate the negative effect of the current authorization mode and to further motivate
the initiatives of drug R&D institutions. Third, the CFDA planned to extend its power in
controlling drug applications of pharmaceutical firms by publishing drug registration information regularly, such as the list of preferred drug categories and the list of excessively
imitated drug categories, to suppress the over-imitated drug applications and to alleviate
the pressure of regulatory authority.
2.7 Review & Approval Duration and Self-inspection & Scrutiny of Clinical Trial Data
To better understand the DRR and its draft amendment, it is necessary to review data of
Chinese drug registration applications. The statistics presented in this section were retrieved from the Annual Report on Drug Registration and Approval in China11-13, published
by the CFDA, and the China Drug Review Annual Report14-17, published by the Center for
Drug Evaluation (CDE).

According to Figure 1, at least 6000 drug registration applications were accepted from
2009 to 2014; however, the annual number of completed applications was 5,300 during
this period. In addition, despite the current version of the DRR using a chapter to express
provisions, the CFDA must complete drug registration within the fixed time, and the number of finished applications has changed significantly. Figure 1 shows that the CFDA remains unstable in drug review and approval work. The DRR provided the CDE with 90 days
to review and approve an investigational new drug application (IND) in the first paragraph
of Article 105 of chapter 12. The CDE cannot finish the review and approval work on time,
and the reasons are as follows.
First, compared to the workload, the CDE is noticeably shorthanded for drug review and
approval work. Second, even if applicants submit a defective application report, they accrue lower regulatory costs, so applicants submitted application reports even though the
reports were not completely in conformity with the regulations. The third reason is that
the drug registration fee is lower, which has been mentioned in part 4. Indeed, the time
limit system in the DRR for registration is not satisfactory; however, under the latest draft
amendment to the DRR in July 2016, the related time limit system for drug registration was
abolished.
It is worth noting that in 2015, the number of completed applications was higher than
accepted applications. What caused the change? For the pharmaceutical registration and
approval system, 2015 and 2016 have been years of revolution. To review and approve the
huge backlog of registration work that had accumulated from 2009 to 2014, the CFDA issued new regulations on drug review and approval. The second reason that the CDE could
not finish the review and approval work was also eliminated during this period. Previously,
applicants only needed to pay small regulatory costs to submit a defective application
report, but after receiving the notice “CFDA: Self-inspection and Scrutiny of Clinical Trials
Data for Drugs” (CFDA [2015] No. 117) and the notice “CFDA: Policy Suggestions on the
quick settlement of pending drug registration applications” (CFDA [2015] No. 140). Both
notices provide that if the clinical trial data from applicants has authenticity issues, their
applications will not be accepted for three consecutive years. In addition, the CFDA [2015]
No. 140 also provides that the authority will not accept research materials from clinical trial
organizations or contract research organizations before the completion of rectification if
they collectively falsify the clinical trial data in the study. Moreover, if clinical trial data is
falsified, the authority will not accept research materials from the people in charge of the
organization for ten consecutive years.

Figure 1. Drug registration applications accepted and completed by the CFDA
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As of December 14, 2015, 727 applicants voluntarily withdrew their application reports18.
This means their reports had one or more of the following problems: (1) Lack of research
data; (2) A need to complete the unfinished experiment; (3) Lack of comprehensive comparability studies; (4) Lack of a comprehensive evaluation on impurities and toxic substances;
and (5) A need to complete the test of prescription technic and so on.
To further standardize drug clinical trial activities, the CFDA has released drafts to the public for comments. These drafts are based on current regulations to further cement the creation and imposition of administrative penalties and the applicable legal circumstances of
sentencing in judicial practices. The contents primarily involve the following aspects:
(1) Discuss the division and manner of responsibility of applicants, clinical trial institutions, and contract research organizations.
(2) Define the clinical trial data inventing and its application in a specific situation.
(3) The details of administrative punishments.
(4) A “blacklist” system for illegal behaviors will be established.
(5) Provide legal applications for aggravation, mitigation, and exemption from punishment.

Class 3: Generic drugs of domestic applicants produced based on originators sold in
overseas markets but not yet listed in the domestic market. The quality and efficacy of such drugs shall be consistent with that of off-patent drugs.
Class 4: Generic drugs of domestic applicants produced based on off-patent drugs sold
in the domestic market. The quality and efficacy of such drugs shall be consistent
with that of off-patent drugs.
Class 5: The drugs marketed overseas under application for being listed in China.
Compared to the original classification, the reform plan is formulated to encourage new
drug development, improve drug quality, and stimulate industry upgrading. From a policy
orientation, the government is demonstrating a strong resolution to encourage innovative drug development, to emphasize the clinical advantage of these new products, and
to focus on the consistency in quality and efficacy between the generic drugs and their
originators.

2.9 Evaluation of Generic Drugs’ Quality and Efficacy Consistency
2.8 Reform Plan for Chemical Drug Registration Classification
As mentioned, current provisions have become incompatible in several sectors, and therefore it is urgent to update and reform registration classification. The CFDA issued Reform
Plan for Chemical Drug Registration Classification ([2016] No. 51), which was approved by
the State Council and was put into effect on March 4, 2016.
The most significant reform in this plan is the adjustment of the five categories of registration classifications of chemical drugs, which are as follows:
Class 1: Innovative drugs never sold in domestic and overseas markets, which refer to those
containing new chemical compounds with clear structures and pharmacological effects
and with clinical value.
Class 2: Improved new drugs, sold neither domestically nor overseas, which refer to those
with their structures, dosage forms, formulations and technologies, administration routes, and indications optimized based on known active ingredients and
with significant clinical advantages.
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For a long period of time, the quality and efficacy of drugs approved to market domestically were not required to be the same as the original drug, so some marketed drugs had a
certain gap compared with the original drug. To address this gap, the State Council office
issued the No. 8 [2016] document in March 2016, and soon after, in April 2016, the CFDA
asked for public comments on the implementation of the State Council’s No. 8 [2016] document. All generic drugs approved before the implementation of the new classifications
of chemical drugs must undergo a consistency evaluation. OSDF (oral solid dosage form)
chemical generic drugs listed in the National Essential Medicine List (2012) and approved
before October 1, 2007, should complete the consistency evaluation before 2018. If manufacturers of other OSDF chemical generic drugs first pass the consistency evaluation, the
same generic drug manufacturer will be exempt from consistency evaluations for three
years.
The reference drug used in a consistency evaluation must be the original drug, but the
internationally recognized generic drug may also be chosen to serve as a reference drug.
Pharmaceutical manufacturers may select the reference drug and then report to the CFDA.
If the CFDA does not reject it within a specific time limit, then the manufacturers can begin
their studies. Pharmaceutical manufacturers shall in principle use in vivo bioequivalence
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tests to carry out consistency evaluations. For those that meet the principle of exemption
from bioequivalence tests, pharmaceutical manufacturers are allowed to use in vitro dissolution tests to carry out consistency evaluations. It is clear that pharmaceutical manufacturers are the subjects of consistency evaluations and therefore have greater responsibility. Thus, they shall act in a more initiative way to select the reference drug and evaluation
method to demonstrate the safety and efficacy of the generic drugs.
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Though the changes have not yet been finalized in this round of reform, the information
provided by China’s drug regulatory authority is of great significance. It is no exaggeration
to assert that this recent reform is unprecedented in strength and scale, and there is no
doubt that the latent impacts will greatly affect pharmaceutical manufacturers, especially
pharmaceutical multinationals.
First and foremost, it is clear that the CFDA recognized the serious consequences of drug
lag and was eager to seek solutions, and a more efficient registration system is likely to
be established in the future. Pharmaceutical multinational companies may have the opportunity to decrease the new product approval period in China. Second, the proposed
changes in import drug application procedures may enable foreign drug manufacturers
to conduct international multi-center clinical trials in earlier stages, which will make marketing new products in China more convenient. Third, the restoration of the patent linkage
system may lead to fiercer competition between pioneer drugs and generic drugs. Domestic drug manufacturers get closer to the marketing authorization of the first copy drug;
therefore, pharmaceutical multinationals may encounter a more complex situation caused
by the “patent cliff.” Fourth, by publishing the new charging standards for drug registration,
pharmaceutical multinationals will encounter rising financial costs in NDA, import drug
applications, and supplementary applications. Fifth, the implementation of self-inspection
and scrutiny of clinical trial data will prevent many unqualified drug manufacturers from
obtaining registration and will relieve the CFDA’s review and approval burden, while the
draft amendment to the DRR issued in 2016 blurs the CFDA’s review and approval timeline. Finally, the State Council’s issuance of No. 44 [2015] and No. 8 [2016] are indicators of
China’s determination to improve generic drugs in the domestic market, and the CFDA’s
successive draft documents will become a challenge for generic drug manufacturers.

254

1.

China Food and Drug Administration. Provisions for Drug Registration (SFDA Order
No.28). http://eng.sfda.gov.cn/WS03/CL0768/61645.html.

2.

China Food and Drug Administration. Notice on issuing the Reform Plan for Chemical
Drug Registration Classification.
http://www.sda.gov.cn/WS01/CL0051/146140.html.
China Food and Drug Administration. Notice on seeking opinions for draft amendment to Drug Registration Regulation [in Chinese]. http://www.sda.gov.cn/ WS01/
CL0778/94158.html.

4.

Legislative Affairs Office of the State Council. Notice on further seeking opinions
for draft amendment to Drug Registration Regulation [in Chinese]. http:// www.chinalaw.gov.cn/article/cazjgg/201402/20140200394953.shtml.

5.

Securities Times. CFDA plans to improve the work of drug registration [in Chinese].
http://www.stcn.com/2014/0919/11728943.shtml.

6.

Chemdrug.com. Highlights of 2015 National Conference on Drug Registration [in
Chinese]. http://www.chemdrug.com/news/230/9/41980.html.

7.

China Food and Drug Administration. Provisions for Registration Charging Standards
of Drug and Medical Device [in Chinese]. Available at: http://www.sda.gov.cn/ WS01/
CL0050/120200.html.

8.

China Food and Drug Administration. Complementary Provisions for TCM Registration [in Chinese]. http://www.sda.gov.cn/WS01/CL0055/27432.html.

9.

China Food and Drug Administration. Notice on Adjustments of Drug Approval and
Testing Fees [in Chinese]. http://www.sda.gov.cn/WS01/CL0056/107 56.html.

10.

State Intellectual Property Office of China. Patent Law of People’s Republic of China.
http://english.sipo.gov.cn/laws/lawsregulations/201101/t20110119_566 244.html.

11.

China Food and Drug Administration. 2009 Annual Report on Drug Registration and
Approval in China. http://www.sda.gov.cn/WS01/CL0027/54135. html.

12.

China Food and Drug Administration. 2010 Annual Report on Drug Registration and
Approval in China. http://www.sda.gov.cn/WS01/CL0236/65856. html.

255

13.

China Food and Drug Administration. 2011 Annual Report on Drug Registration and
Approval in China. http://www.sda. gov.cn/WS01/CL0236/75250. Html.

14.

Center for Drug Evaluation. 2012 China Drug Review Annual Report. Available at:
http://www.cde.org.cn/ news.do? method=viewInfoCommon&id=313135.

15.

Center for Drug Evaluation. 2013 China Drug Review Annual Report [in Chinese].
http://www.cde.org.cn/news.do?method=largeInfo&id=313280.

16.

Center for Drug Evaluation. 2014 China Drug Review Annual Report. http://www.
cde.org.cn/news.do?method=largeInfo&id=313425.

17.

Center for Drug Evaluation. 2015 China Drug Review Annual Report. http://www.
cde.org.cn/news.do?method=largeInfo&id=313528.

18.

From the source to ensure drug safety and effectiveness. http://www.sda.gov.cn/
WS01/CL1033/140266.html.

256

257

Chapter 13
PHARMACEUTICAL INNOVATION NETWORK :
GLOBAL PATTERNS AND THE ROLE OF CHINA
Pengpeng Li, Huiheng Lin, Yuanjia Hu*

State Key Laboratory of Quality Research in Chinese Medicine, Institute of Chinese
Medical Sciences, University of Macau, Macau SAR, China
* Corresponding author: yuanjiahu@umac.mo

258

259

Abstract
In recent decades, the increasing R&D investment in the pharmaceutical sector of emerging economies has been shaping the novel global pharmaceutical innovation network.
This study aims to investigate the dynamics of the innovation landscape in the pharmaceutical sector and identify the changing role of different countries via (1) collaborative innovation network composed of co-inventorship on new drug patents as well as (2) evaluating
the role of China within the global network. The Social Network Analysis approach was
utilized to analyze the information of inventors in USTPO-granted patents of new drugs
and model the structure of pharmaceutical collaborative innovation network. The findings
show that R&D collaborations have gained substantial momentum in pharmaceutical innovation, especially during 2011-2015. During four of the “five-year” development plans
set and implemented by China government, a remarkable increase has been identified
in the international collaborative innovation activities and a large shift of the innovation
network landscape took place, particularly during year 2006-2010 and 2011-2015. The
United States, United Kingdom and Germany collectively form a dominant cluster in the
network, which was demonstrated by various network centrality measures. Additionally,
the dominance of the United States was weakened during 2006-2015. Instead, the European countries were rising in pharmaceutical co-innovation, partly due to reinforcement
of intra-European countries. Meanwhile, the young member China, with skyrocketing R&D
investment, failed to seize the chance to cut a figure. Last but not least, we propose that
friendly policy environment is also needed for enhancing pharmaceutical innovation.

Key words
Pharmaceutical innovation; drug patents; network analysis.

1. Introduction
Many countries pursue pharmaceutical innovation, but it is a process full of difficulties and
complexities1. Over the past decades, pharmaceuticals attached due significance and effort to drug innovation2, as they could gain large amount of profits if they could successfully discover and launch new drugs3. To this end, cutting-edge knowledge and technologies,
complicated clinical trials, as well as sufficient investments are required. However, only 1
of the 10,000 drug candidates might be able to pass the screenings of the authorities after surviving the lengthy R&D (Research and Development) processes which could last as
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long as 10-15 years1, 4. Standing from the viewpoint of a pharmaceutical company, it has to
prioritize the innovation due to the fierce competition in the industry and its rapid growth
in R&D costs.
Given that innovation always becomes more and more difficult and complicated to achieve
as time goes by, to stay innovatively productive, R&D-focused pharmaceuticals seek new
knowledge not only from the internal environment, but also from the external environment. Thanks to globalization, all giant pharmaceuticals such as GSK, Pfizer and Roche
have been internationalized instead of staying local. In fact, they are interconnected in the
co-innovation network, owing to the traditional innovation pattern based on local innovation being too costly and inefficient to keep ahead in the fierce competition. For adaptation, a new collaborative form, i.e., co-innovation, has been strategized to share risks and
explore global market for new drugs5. Recently, collaborative innovation has been largely
reinforced in pharmaceutical sectors, while it remains globally imbalanced6, 7.
This study is mainly based on three points of fact. First, pharmaceuticals is an industry with
features of knowledge-intensive, high R&D expenditure and intensively sales-driven. Second, a variety of disease treatments requires import of distinctive drugs from other countries. Last, pharmaceutical industry is suffering from low productivity with skyrocketing
costs, coupled with the fact of rapid market growth in emerging economies.
Amongst all countries, the United States with the most number of giant pharmaceuticals,
is the leading actor in new drug innovation owing to its advantageous pharmaceutical
technologies, excellent talent pool, and vast research funding9. However, recent findings
show that the US R&D budgets are constantly declining, and it is somewhat because of
economic downturn following the recent global financial crisis9, 10. Hence, the United States
went through slowed-down trends in pharmaceutical R&D activities over the last decades
in terms of relevant literatures published11, and now it urgently looks for more opportunities of collaborative innovation for risk pooling. On the other hand, emerging economies
are accelerating the development of science, technology and pharmaceutical researches,
especially China and India, to make contribution to economic growth. China ranks second
worldwide in research funding and R&D expenditure. In the meantime, it is presumably
the second largest pharmaceutical market, following the US by 201512. In 2007, the Chinese government initiated the “Key Drug Innovation” program, providing research funding up to 1 billion RMB (Chinese Yuan) to boost new drug innovation in pharmaceutical
industry during 2011-2015. Probably, the funding might rise to 4.3 billion RMB by 202013, 14.
Meanwhile, India is also increasingly investing financial resource and intellectual capitals
into pharmaceutical innovation15. Both of them seek to gain competences and innovation
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capability through not only local R&D process but also collaborative activities in the pharmaceutical industry. The geography of the pharmaceutical innovation network will change
if developing countries become more capable in innovation, i.e., developing countries may
play more and more active roles in global innovation network.
Despite the prevalence of pharmaceutical co-innovation around the world, the co-innovation landscape and geographical distribution largely remains uncharted. Recent studies
show the global landscape of pharmaceutical innovation during 2000-2009 by analyzing
location of pharmaceutical patents related to new drug approved16. However, it focuses on
the frequency of patents inventors of each country without considering collaborative innovation across countries. Indeed, collaboration and alignment are regarded as imperative
key factors for innovation in knowledge-intensive industry17, 18. So we perform the network
analysis to explore global patterns of pharmaceutical co-innovation network, in particular
the characteristics of geographical distribution. This novel perspective, originated from
Social Networks Analysis (SNA), is based on structural relations instead of traditional individuality. The structural relations in the context is usually critical for understanding of behavioral observation as well as resulting structures that are attributes of the components19.
To sum up, this research aims to shape the dynamics of the innovation landscape in the
pharmaceutical sector and changing roles of different countries by collaborative innovation network composed of co-inventorship on new drug patents, especially for the role of
China.
To build context, the remaining parts of this paper is structured as follows: section 2 briefly
provides a definition of co-innovation in pharmaceutical industry. Section 3 justifies inventorship of new drug patents from different countries as a reasonable indicator to study
the relationship of pharmaceutical co-innovation. At the same time, SNA is defined specifically as a formal way to depict global pharmaceutical innovation network. Section 4
presents the results of network analysis and main observation from complicated network
made of patents inventorship. In particular, it illustrates dynamics of innovation networks
across different countries and also addresses the role of China within the pharmaceutical
co-innovation network. Section 5, the final section, summarizes the main contributions
and insights for further research.

2. Co-innovation in Pharmaceutical Industry
Innovation in pharmaceutical industry is a broad concept. It may refer to scientific inven-
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tions, patents or technological breakthrough. While in this study, we define innovation in
a relative narrow way, i.e., it simply includes patents related to new drug approved. Co-innovation is based on collaborations within or between pharmaceutical firms, universities,
and research institutions. A decade ago, this new model of open innovation shifting from
closed innovation was for the first time brought into the reality. It combines internal and
external ideas, sources and talents to produce extra value, in comparison to traditional
innovation model20. With regard to pharmaceutical industry, multinational pharmaceutical
companies currently realized that collaborative innovation might be the solution for the
crisis that innovation outputs declined despite the burning of R&D and time cost21. In the
past few years, networked innovation models have widely been accepted in pharmaceutical industry. This is promising because it can extensively highlight fatigue of the current
innovation situation22. For example, in 2007, GSK (GlaxoSmithKline) established the Center
for Excellence for External Drug Discovery. This R&D center focused on seeking external
innovation team that can facilitate drug discovery process. In 2010, Pfizer built the Centers
for Therapeutic Innovation. This program aimed at building innovation partnerships between Pfizer and academic medical centers2.

3. Research Methodology
To better identify the global network of pharmaceutical innovation, we need a proper
geographic indicator to measure the location of innovation. Indicators on an organizational level may be the one of the options as most of new drugs are innovated through collaborations amongst research institutes, universities and multinational pharmaceuticals.
However, data on R&D activities are not fully available. Alternatively, patent is one of the
common indicators to evaluate innovation capability because it can indicate innovation
outputs and commercial value23. Therefore, we exploit sampling strategy to collect inventors’ information of pharmaceutical patents granted by the US Patent and Trademark Office
(USPTO) and all patents are associated with drugs approved by the US Food and Drug
Association (USFDA) during 1996-2015. These pharmaceutical patents listed in the annual
“Orange Book” enable us to exclude noise of insignificant and supplementary innovation.
In this sense, our data can precisely evaluate the mega-trends of pharmaceutical innovation networks by observing the collaboration amongst inventors from different countries.
Before calculation, we labeled patent data with inventor country code. The country-specific patent frequency, reflecting on the co-inventorship linkage between countries, is based
on location of patent inventors applied. In more detail, each inventor pair in the same patent is counted as the value 1 while at least two inventors collectively shared this patent.
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Usually inventors affiliate with different types of institutions, e.g., universities, pharmaceuticals and etc.
Co-inventorship of our patent data can be used to picture the global co-innovation network, where nodes represent inventors’ countries and the edges indicate the number of
inventorship of these countries. Through network analysis, hypotheses regarding structural characteristic and contents of relation among actors are identified, evaluated and measured24. Hence, we exploit network analysis method to illustrate the structure of innovation
network in pharmaceutical sector.
A network contains nodes and edges. Let V be a set of nodes, which represents specific
countries, involving in global pharmaceutical innovation network. E is a set of undirected
edges between a pair of nodes, e.g., vi, vj, indicating the existence of co-inventorships between vi, vj. These two sets form the graph G1= (V, E), for vi, vj, i≠j = 1, n=26, The number
of edges incident on the node i, i=1, n, is called the degree ki. A path is the alternating sequence of nodes and links in the network. Thus, the shortest path or geodesic distance (dij)
between two nodes i and j is defined as the number of nodes going through the shortest
path in the network.
A set of weights (W) are further included into G1 to form G2 = (V, E, W), where W= {w1, w2,
wn} represents weights between two nodes vi and vj denoting the frequency of inventorships between each two countries.
The topology of the network is firstly encoded in the n× n adjacency matrix X with elements

Second, betweenness centrality of a node is defined as the fraction of geodesic paths between any pair of nodes on which this node lies. It reflects on the frequency of one node
positioned on the shortest path between other groups of nodes arranged in pairs, calculated by

Where d_(jk(i)) indicates the shortest path between nodes j and k passing through nodes
i. Nodes embedded in the shortest paths are critical for controlling the flow of information
within the network.
Third, closeness centrality of a node can be defined as the inverse of the mean geodesic
distance from the node to every other node in a connected network, formulated by

Closeness centrality indicates how close a node is to any other nodes in the network based
on network structure, and how fast the nodes can get access to dispersed information in
this system.
Fourth, Eigenvector centrality depends both on the number and the quality of its connections by examining all nodes in parallel and assigning centrality weights that aligned with
the average centrality of all neighbors. It is interpreted as

Where γ is the largest eigenvalue of X. It indicates whether a node is connected to other
highly nodes with many connections or to peripheral nodes.
The centrality describes the role of node in the network. Several types of centrality are
measured for each country. First, degree centrality, simply called degree, is the total number of edges connected to a specific node, and it is mathematically defined by
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With respect to global indicators in SNA, several other parameters are needed to describe
connectedness and cohesion. Density is defined as a ratio of the number of edges (frequency of cross-countries) to the number of possible edges. The average degree is closely
related to density, increasing with the number of nodes having higher number of partners.
Average path length is calculated by the average of the shortest paths between all pairs of
nodes, while cluster coefficient refers to the likelihood that two associates of a country are
associates themselves.
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4. Results
In this section, we will present our findings regarding dynamics of pharmaceutical innovation network step-by-step. Totally, there are 2,799 patents of 1,850 drugs in our dataset
retrieved from USPTO and USFDA, respectively.

4.1 Dynamics of Pharmaceutical Innovation Networks Across Different Countries
In the first place, based on information-theoretic techniques, we construct global pharmaceutical innovation networks using G2 for the time periods 1996-2000 (Figure 1-1),
2001-2005 (Figure 1-2), 2006-2010 (Figure 1-3), and 2011-2015 (Figure 1-4). Meanwhile, the
normalized Laplacian, a standard approach for spectral graph analysis, is implemented to
determine the nodes (countries) position in the network. Therefore, comparatively, nodes
(countries) with higher intensity of co-inventorships are located near to each other.
Figure 1-1. Global pharmaceutical innovation network (1996-2000)

Figure 1-2. Global pharmaceutical innovation network (2001-2005)
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Figure 1-3. Global pharmaceutical innovation network (2006-2010)

Generally, collaboration intensity of pharmaceutical innovation significantly increases over
those four periods. The US, located in the central position in the networks of the first two
periods, 1996-2000 and 2001-2005, maintained the highest collaborative innovation intensity with other countries. In 1996-2000, the US built a strong connection with the other
countries, mainly situated in Europe, leading collaborative innovation trends in pharmaceutical industry around the world. In 2001-2005, in terms of absolute size of nodes (countries), the network looks like a so-called star graph, where one hub in the center connects
tightly to other nodes. In other words, the US kept its way to extensively strengthen dominance in global pharmaceutical innovation network, while the UK established the closest
partnership with the US. However, the remarkable changes in overall structure of innovation network can be observed easily in the third period, 2006-2010. Interaction dynamics
began to disperse across various countries, especially for the countries located near each
other in Europe. The leading position of the US in the network slightly weakened due to
considerable interaction among other countries. In addition, surprisingly, emerging economies are documented in the network this time. It is the first time that China entered into
the innovation network through Japan. At the same time, India joined into the network,
connected to the US. Their intensity of collaborative innovation in this network remains
in low level in comparison to other countries. During the most recent period, 2011-2015,
the pharmaceutical innovation network became more complicated than before. Germany
and the UK almost successfully caught up to the US in terms of absolute value of nodes,
denoting the intensity of collaborative innovation. The US, together with Germany and the
UK, established a distinct cluster of pharmaceutical innovation that is largely integrated
in the network. The new cluster tightly connected to other parts of the network. This is to
say, the US dominance in collaborative innovation has been sharply slashed during recent
five years’ period. In the meantime, we identify that the neighboring countries are likely to
build a collaborative relationship in drug innovation due to closeness in geographical area,
especially in Europe.

Figure 1-4. Global pharmaceutical innovation network (2011-2015)

Note:

Node positions determined using spectral graph analytic methods according to the normalized Laplacian so that countries that are strongly interconnected positioned nearer to
each other. Node size corresponds to the weighted degree centrality of a country that is
defined as the sum of a country’s co-inventorships, the strength of the lines corresponds to
total co-inventorships between two countries.
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Table 1. Centrality percentage of countries in global drug innovation network: Total
new drugs vs. NME drugs (2011-2015)

Obviously, the US is losing its dominance in the global pharmaceutical innovation network
in accordance with all centrality measures produced by NME drugs only. The comparative
results based on different datasets are presented in Table 1. The US only shows a little bit
higher centralities for degree, closeness and eigenvector centrality while only betweeness
centrality is higher than that of Germany and the UK. During 2011-2015, it can be seen
clearly that the US, Germany and UK almost share identical dominances in the network,
developing into a cluster of pharmaceutical innovation. In general, the US is less dominant
neither in the network with total new drugs nor with NME drugs only.

Table 2. The centrality shares of the United States in global drug
innovation networks

Note:

The percentages in the rows of Difference are equal to values of relative NME minus values
of corresponding total new drugs. The differences are used to measure changes of the centrality share of countries from innovation network based on total new drugs to the network
constructed by NME. The percentages in the total new drugs and NME refer to the share of
national or regional centrality in total sum of relative centrality.

In addition, we evaluated whether those trends can also be recorded in different types of
new drugs. Our dataset constituted distinctive types of new drugs, including New Molecular Entity (NME), new dosage form, new active ingredient, new combination and so on.
NME, as original core outputs of pharmaceutical innovation, can be developed to other
diversified derivatives and complementary new drugs25. Thus, to further understand the
global landscape of essential core innovations, it is necessary to determine the roles of
key countries and regions by using dataset including NME drugs only, and compare the
differences within pharmaceutical innovation network.
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Note:

The percentages in the cell refer to the share of the centrality of the United States in total
sum of relative centrality of all countries in global innovation network of specific drug coverage during specific time periods.

Furthermore, we use the network of total new drugs and NME drugs as well as specific
centrality indicator to analyze the evolution of US position in global networks over four
five-year periods. From Table 2, the step-by-step reduction of dominance for the US has
been significantly recorded in the network during the periods 2001-2005, 2006-2010, and
2011-2015. These findings could be found not only in the global network with total new
drug but also with NME drugs, though the US made a sparkling figure in pharmaceutical
innovation network at the first two periods. It is probably because frequent interaction
among each countries diversifies the global network structure.
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Table 3. Indicators for cohesion in the global pharmaceutical networks

Table 4. Centrality of countries in the global pharmaceutical network (2011-2015)

Next, we move to further investigate basic indicator of this network, as shown in Table 3.
The findings in Table 3 indicate that the cohesion of the network in pharmaceutical innovation are relatively low in first two periods, 1996-2000 and 2001-2005. Identically, international collaboration of pharmaceutical innovation is in a rather inactive level. Nevertheless,
for the latest two periods, 2006-2010 and 2011-2015, the number of collaboration increases strikingly, along with the increment in number of edges. This change may mostly be
produced by MNCs. Because those companies seek all opportunities to employ high-end
knowledge from home and abroad7. In addition, increasing mobility of talents can be a key
element in fast change in collaborative innovation. Improvement of research capability in
emerging countries is counted as well. Speaking of density of this network, we find that it
gradually grows due to more interaction among each country around the world and the
involvement of new comers. The mean degree also shares the same trends over four periods, conforming the augmentation of collaboration intensity.

4.2 Pharmaceutical Innovation Landscape in Specific Countries
The previous section demonstrates dynamics of key nodes (countries), such as the US, in
pharmaceutical collaborative innovation process from network perspective. Nevertheless,
the fact that how the position of other countries shifts in network, is less addressed in the
context. Therefore, we employ the centrality analysis to make a comparison on the position of specific countries in the pharmaceutical innovation network.
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We solely consider the collaborative innovation network during 2011-2015, as shown in Table 4. It, according to three centralities, shows the rankings of each countries followed with
centrality value of each countries. The results in Table 4 confirm previous findings on the
United States: it partly indicates highest values on degree and betweeness centrality but
not on eigenvector centrality. Instead, Germany seeks out catch-up opportunity, listing 1st
place on eigenvector centrality. The UK, with a degree centrality 11, eigenvector centrality
0.397, and betweeness 32.75, holds the thirrd place through all three centralities. Those
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three countries collectively share dominance over whole co-innovation network. Switzerland secures fourth place on degree and eigenvector centrality, but does not perform well
on betweeness centrality. That is, it has relatively high number of partner countries, but it
does not play an important role as a gatekeeper.
After that, we try to visualize the evolution of centrality shares of selected countries and
regions from 1996 to 2015 (Figure 2). Overlapping time periods are employed to describe
subtle changes in the graph. Besides, the centrality share of country refers to the portion
between the centrality of specific country and the total centrality of all countries. In Figure
2, the emerging countries, China and India, are grouped into the category of “Rest of the
World” (RoW).

Figure 2. Evolution of centrality shares of selected countries over 1996-2015
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We can probably speculate that the emerging countries, China and India, developed higher
innovation capability with the decline of United States dominance due to substantial R&D
investment in pharmaceutical sector of those emerging economies. However, surprisingly,
while United States dominance has been weakening, Europe, as a group, stole the thunder by achieving considerable improvement on collaborative innovation network (Figure
2.). Europe, by virtue of adjacency of member states, is likely to establish joint innovation
relationship. UK and Germany are the striking examples. RoW contains not only countries
with high R&D inputs, such as China and India, but also countries with less resource, like
Korea. However, less outputs produce in China though high R&D investment is poured into
pharmaceutical industry. It is mainly due to new drugs discovery requiring long period and
experiencing high risk. It is practical to consecutively evaluate specific country in global
innovation landscape of pharmaceutical sector.

4.3 The Role of China in Global Pharmaceutical Innovation Network
As a knowledge-intensive industry, the pharmaceutical sector undoubtedly relies heavily
on drug innovation to improve commercial performance and gain more profit from unique
new products. Therefore, drug innovation becomes increasingly important for pharmaceutical companies themselves. Meanwhile, the government urgently needs the pharmaceutical sector to discover new drugs to overcome emerging diseases as well as reducing health
care expense13. Since the development of new drug innovation is highly influenced by
financial investment and policy environment, national funding strategy and regulation in
China will be prominently analyzed during this study within global pharmaceutical innovation network.
From four “five-year” pharmaceutical collaborative innovation network, it is clear to see
that the newcomer, China, eventually makes a debut during 2006-2010 period. The first
Chinese involved US-patent was found in the pharmaceutical innovation network in 2006.
It means that the first new drug with Chinese innovation involvement unprecedentedly
entered into international market. Totally, there are only 5 Chinese patents documented
in new drugs approved by FDA until 2015. On one hand, the first new drug with Chinese
US-patent approved by FDA in 2006 is Sinecatechins – VEREGEN, dedicated to treat external genital and perianal warts. One of its Chinese US-patent was filed in 1998. This 8-year
time lag partly indicates that new drugs innovation takes great amount of time. On the
other hand, most of those Chinese patents originated from natural botany, such as the
discovery pattern of Traditional Chinese Medicine. However, it is hard to distinguish active
pharmaceutical ingredients from complicated natural compounds. This could be a spiny
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problem lying in the way of new drug discovery.
In recent decades, China has striven to find its place of pharmaceutical innovation in the
international market. All we know is that China, as an emerging giant economy, invested
massive capital and talents into industrial innovation, especially into pharmaceutical innovation. To be more precise, China launched National Programs for Long- and Medium-term
Scientific and Technological Development in 2006 (2006–2020), to encourage enterprises
and scientific researchers to innovate new pharmaceutical products. Furthermore, in 2007,
the Chinese government released a proposal on Pharmaceutical Industry Development,
aiming to strengthen scientific innovation construction as well as speed up transformation from fundamental research to practical products. Still, several subsequent plans were
initiated to boost innovation. Unfortunately, pharmaceutical innovation is highly risky and
unpredictable. The whole process is likely to take about a decade. In comparison with the
US’s ratio of 17.4% of R&D cost to sales, the figure of China remains extremely insufficient,
which is only documented to be 2.7% in the ratio R&D to sales26. This may partly account
for the different productivity of the new drugs between China and US.
Whereas patent legal protection is probably the most influential factor to stop China working out the dilemma of new drug’s scarcity. Before 2009, owing to the giant pressure from
international society, patent laws and amendments came into effect, but it allows a drug to
be patented only if it is novelty in China, and no pharmaceuticals were allowed to be patented in the first patent law. Those ineffective law protections for patents heavily impeded
the development of new drug. In 2009, the third amendment of patent law was launched
to productively prevent imitation from existing drugs even though some pharmaceutical
firms continuously took imitation as principle development strategy14. Consequently, we
barely found new drugs from China in the US market throughout the global pharmaceutical innovation network.
Through the pharmaceutical innovation network, China, however, made no critical impact
on pharmaceutical innovation performance at the first beginning. As Chinese government
initiated a series of strategies improving innovation investment together with comprehensive patent protection system, China is increasingly strengthening its innovation capability. Countless efforts from talents and organizations and long period are equally important
in drug innovation. In the next decades, we expect that, there will be a more profound and
impactful role that China would play in pharmaceutical innovation network.
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5. Conclusions
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